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Preface

This book is the culmination of several years’ research on nonlinear systems.
In contrast to the case of linear systems, where a coherent and well-defined
theory has existed for many years (indeed, in many respects, we may regard
linear systems theory as ‘complete’), nonlinear systems theory has tended to
be a set of disparate results on fairly specific kinds of systems. Of course, there
are coherent theories of nonlinear systems using differential and/or algebraic
geometric methods, but, in many cases, these have very strong conditions
attached which are not satisfied in general. In an attempt to build a theory
which has great generality we have been led to consider systems with the
structure

t = A(z;u)z+B(z;u)u

(possibly also with a measurement equation).

This appears to be quite restrictive, but, as we shall see, almost every sys-
tem can be put in this form, so that the theory is, in fact, almost completely
general. We shall show that systems of this form can be approximated arbi-
trarily closely (on any finite time interval - no matter how large) by a sequence
of linear, time-varying systems. This opens up the prospect of using existing
linear theory in the (global) solution of nonlinear problems and it is this with
which the book is concerned. It is a research monograph, but it could be used
as a graduate-level text; we have tried to keep the notation standard, so that,
for the most part, the mathematical language is well-known. In some parts
of the book, some previous knowledge of Lie algebras, differential geometry
and functional analysis is necessary. Since there are, of course, many excel-
lent (classical) texts on these subjects, we have merely given references to the
requisite mathematical ideas.

Now we outline the detailed contents of the book. In Chapter 1 we intro-
duce the systems with which we shall be interested and show how they are
related to the most general nonlinear systems. Chapter 2 begins the detailed
analysis of these systems, and in particular, we discuss the ‘iteration scheme’
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which is the main technical tool of the approach. Since the method gives rise
to sequences of linear, time-varying systems, Chapter 3 is a detailed analy-
sis of such systems; in particular, we determine some explicit solutions and
study the stability and spectral theory of these systems. In Chapter 4 we
show that much of the linear spectral theory of systems can be generalised to
nonlinear systems and in Chapter 5 we give a main application of the ideas
to the spectral assignment problem in nonlinear systems. Optimal control of
linear systems is a major part of ‘classical’ control theory and in Chapter
6 we show how to use the iteration method to extend the theory to nonlin-
ear systems. We also discuss the optimality via the Hamilton-Jacobi-Bellman
equation. The need for more robust controllers led to the discovery of sliding
controllers, which again are generalised to nonlinear systems (and nonlinear
sliding surfaces) in Chapter 7. In Chapter 8 we show how the method relates
to fixed-point theory and how it can be used inductively to derive certain
conditions on nonlinear systems. The generalisation of the technique to par-
tial differential equations and systems is given in Chapter 9, together with
examples from moving boundary problems and solitons (nonlinear waves).
Lie algebraic methods have significant impact on linear systems theory and
in Chapter 10 we see that it can also give a powerful structure theory for
nonlinear systems. The global theory of nonlinear systems on manifolds is
outlined in Chapter 11 where we show how to piece together a number of
local systems into a global one by use of the theory of connections. Low-
dimensional systems on manifolds are considered in the cases of 2, 3 and 4
dimensions. Finally, in Chapter 12, we speculate on the future possibilities
of the iteration method and show that it is likely to be applicable in many
other circumstances in nonlinear systems theory. The appendices give some
background on linear algebra, Lie algebras, manifold theory and functional
analysis.

Finally, we should acknowledge the influence of many of our students and
colleagues who have been associated with this work over the years and, in
particular, Metin Salamci, Tayfun Cimen, David McCaffrey, Claudia Navarro-
Hernandez, Oscar Hugues-Salas, Zahra Sangelaji, Sherif Fahmy, Yi Song,
Evren Gurkan Covasoglu, Xianhua Zheng, Chunyan Du, Wei Chen, Xu Xu,
Salman Khalid, Serdar Tombul and Mehmet Itik. They have all contributed
in various ways to the evolution of this technique.

Sheffield, London, Maria Tomés-Rodriguez
January 2010 Stephen P. Banks
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Chapter 1
Introduction to Nonlinear Systems

1.1 Overview

In this book we shall present a new way of approaching nonlinear systems by
regarding them as limits of linear, time-varying ones. In order to explain the
method, consider an unforced nonlinear dynamical system defined by the differ-
ential equation

x:f(x,l‘)7x(0):.)60. (1.1)
Suppose that f is differentiable at x = 0, for all 7, and

f(0,7) =0, for all 7.
Then we can write (II)) in the form
x=A(x,1)x,x(0) = xg (1.2)

for some differentiable, matrix-valued function A(x,7). Note that this representation
is not unique; however, if

represent the same system, then
(Al (x7t) —Az(X,t))X =0

so that A and A, differ by a matrix whose kernel contains x for any x € R. Thus,
for example, for the Van der Pol oscillator given by the equations

X1 =X —x?—i—x]

Xy = —X1

M. Tomas-Rodriguez and S.P. Banks: Linear, Time-varying Approximations, LNCIS 400, pp. 1
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2 1 Introduction to Nonlinear Systems

we have

and, for example,
. l—x%—&—xz 1—x
xX= ( 1 0 X.

The matrices of these systems differ by the matrix
L (1-x21 1—x2+x 1—x
B<x)_<—1 0)_( 1o
. —X2 X1
L0 o0
[ —x2 X x1\_ (0
e (575) (1) - (o)

We shall assume that Equation[T-Tlhas global solutions, bounded on all compact time
intervals (although much of what is done here is valid for systems with finite blow-
up times, such as x = x?, provided we restrict attention to a compact subinterval of
the interval on which solutions are defined). The basic idea is then to replace the
system (1.2) by a sequence of linear, time-varying equations of the form

so that

() = A (@), 02, i > 1, £7(0) = xo (1.3)
where x[!1(¢) can be any suitable starting function. In many cases we shall take
(1) = x,

i.e. a constant function with value equal to the initial point. However, the closer
xl1] (¢) is to the true solution, the quicker the convergence will be. Of course, if we
write &(¢,x0) for the solution of (I2) through xq (at time ¢ = 0), then the linear,
time-varying equation

3= A(E(1,x0),1)x, x(0) = xo

has precisely the same solution x(1) = & (¢,xo).

1.2 Existence and Uniqueness

In this section we shall state, without proof, standard results on the existence and
uniqueness of nonlinear differential equations. These can be found, for example, in
[1] or [2].
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Theorem 1.1. The system of equations
%= fxt), x(1) =30
has a unique solution for
(x0,7) € {(x,0) : [t — 7| < a,||x —x0|]| < b,a,b >0} =R
if f is Lipschitz continuous in x and measurable in t. Moreover, if
M = max|f(t,x)]|, (t,x) €R
then the solution exists for times t such that

|t —1] < ¢,

oa=min|a b
- )

where

For the system (.2) we have

A, x)x]| < [[AGx )] - ]
< [|ACe 1) (ol +b)
< K([lxol[ +b)

if A(x,t) is bounded by K on R. Hence, in this case the solutions exist at least for
times satisfying |t — 7| < o, where

. b
oa=min| a, .
< K(IIXo||+b)>

1.3 Logistic Systems

Before getting into the details of general nonlinear systems to be discussed in the
remainder of the book, we shall illustrate the method with a particularly nice class
of systems called logistic systems. These are used to model many types of biolog-
ical problems from predator-prey systems to the growth of cancer cells. The basic
structure of a logistic system is one of the form
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1= filxr, o x0) X1
X = fr(x1,,x0) X2 (1.4)
xn - fn(xla"' axn)'xn

i.e. one in which x; is a factor of the corresponding component of the vector field,
for each 1 <i < n. The reason these are so well adapted to our method is that, when
we write the equations in the form (L.2)), we obtain a diagonal matrix A:

X Jilxt, - ,xn) 0 X1
= L : (1.5)
Xn 0 fn(xla"'axn) Xn
so that, when we iterate, we obtain a separable linear system of time-varying equa-
tions:
'x[lll fl(x[]i_llv"' ,XE_I]) 0 ‘x[lll
| = L . (1.6)

i 0 IR AW
The solutions of these approximating sequences are given by

x[1i] (1) = elofi (e s), ’x'[fil](s))dsxw

Ay = el wasy

where x!1(0) = x, for all i. This representation can be used to prove stability and
periodicity results for logistic systems.

1.4 Control of Nonlinear Systems

Consider a general nonlinear system

x = f(x,u) (L.7)
y = h(x,u).

There are many techniques for controlling such a system, but they are mainly lo-
cal, such as differential geometric (Lie type) methods (see [3]), local linearisations,
Lyapunov-like methods ([4]), etc. To introduce a truly global method, we assume
without loss of generality, that f and % have zeros at (x,u) = (0,0). Then we can
write the system in the form
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X = A(x,u)x~+ B(x,u)u, x(0) = xo (1.8)
y = C(x,u)x+ D(x,u)u

Jlxu)

u

Jlxu)

X

(assuming that lim,_,q exists for all u, lim,,_¢ exists for all x and similar

conditions for £).

Remark 1.1. Given a dynamical system
x= f(x,u)

we can always make it linear in the control at the expense of increasing the dimen-
sion of the state-space by the dimension of the control u. Thus, if we put

u=v

then we have the system

()= (15")+(3)

which is linear in the new control v. This assumes, of course, that u is differentiable.
However, the method will still be valid if u is not differentiable and we are prepared
to consider distributional systems.

Thus, returning to the system (T2), we shall introduce a sequence of controls ! (1)
and states x/ (1), where we can take ull(r) = 0, x!!/(r) = xo, such that

#1(0) = A0, ()0 0+ B ), )l 1)
1(6) = )= 0 (0) + D)= )l ).

Since each of these systems is linear and time-varying, we can apply linear control
techniques to control these systems, and ultimately derive a controller for the non-
linear system. A number of such approaches to nonlinear control will be given later
in the book.

1.5 Vector Fields on Manifolds

We next consider the case of global systems defined on compact differentiable man-
ifolds. Thus, let M denote an n-dimensional compact differentiable (C*) manifold
with tangent bundle 7M and let X be a C™ section of TM, i.e. a smooth vector field.
Cover M with a set {¢;,U;}1<i<k of local coordinate systems and suppose that X
takes the form

i=fi(x),x€ (Ui, 1 <i<K. (1.9)

(For simplicity, we shall assume that each U; is equal to R", as we may do.) Fix in
M a set of K points &1, -, Ex so that & € U; = R". Then the systems (L.9) may be
written in the form
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= filx)+n; (1.10)

where B
Jitx) = fi(x) = fi(&i)
and
ni = fi(&)-

Now each system (I.I0) can be written as

X=A;(x)x+n; (1.11)
where _

filx) = Ai(x)x.
Therefore we may regard a vector field X as equivalent to a section of a bundle 901
of n x n matrices on M together with a specification of K vectors {n;,---,nx} at
the fixed points {&;,---, &k }. We can then obtain a sequence of linear, time-varying
systems

2 (1) = A, R ()M (1) + (1.12)

in each region U; = R”". These systems can be ‘pieced together’ by the transition
functions connecting different overlapping regions U;,U; in an obvious way. On
a compact manifold this will give rise to global solutions given by the limits of
compatible local systems of the form (L.1I).

1.6 Nonlinear Partial Differential Equations

We can also apply the method to nonlinear partial differential (evolution) equations
of certain types. In particular, we shall see that we can effectively reduce systems of
the form

du

ot

(where A(r,x,u) is a linear elliptic operator for each ¢, x,u) to a sequence of linear,
time-varying parabolic systems of the form

=A(t,x,u)u

ou'

Y =A(t,x,u" ).

Much of the apparatus for studying these equations in a variety of Sobolev and
similar type spaces exists (see, for example [5,6]) and so rather than repeat these
theories, which would take us too far from the main ideas of the book, we shall ap-
proach these problems by discretization, thus reducing them to finite-dimensional
problems. Since these approximations are known to converge to the true solution
(under fairly mild conditions) this will not cause any loss of generality. We shall
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illustrate the ideas using two problems which have considerable difficulties from the
classical viewpoint. These are the Stefan problem and the control of solitons. The
Stefan problem is concerned with heat flow in a material which is partially solid and
partially liquid and so there is an unknown moving boundary. The classical (see [7])
can be written in the form

T

‘Zr = oy VT, (x,1) € I} = 2 x (0,7)
T

‘Zr = agV?T, (x,1) € I = Q) x (0,7)

where
Q=0Q,U

is some open region in R", oy, o are the thermal conductivities in the liquid and
solid regions of the material and the phase change takes place at the boundary of €2,
(and €2y):

0Q =09,.

The problem can be solved by replacing the two coupled linear equations by a single
nonlinear equation

T — (VT (1) €T =2 % (0.7).

Because of the unknown boundary this problem is difficult to solve classically. We
shall show that the iteration scheme provides an effective method of solution since
the coupled diffusion equations describing the liquid and solid regions have been
combined into a single nonlinear diffusion equation, which can be easily solved by
our method.

Similarly the nonlinear wave equation for soliton dynamics can be reduced to a
sequence of linear, time-varying wave equations, again leading to a fairly simple
solution to the problem of boundary control of the system. The original approach to
solitary waves derived by an analytical method (see [8]) can be derived in a more
abstract setting in the following way. For a linear wave equation

Ot — C2(Pxx =0

we have a set of solutions of the form

0= ei(wt—kx)7

where the wave number k and frequency @ are related by
o® =2k

In the case of general linear wave equations with higher order derivatives, we may
have a dispersion relation of the form
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2 2
o” = f(k7)
where f may not be linear. For example, the linear wave equation
€
O+ cQr— ) Qurx =0
c

has the dispersion relation

1 ekd

2 ¢’

If the wave speed depends on the amplitude ¢ then the wave equation becomes
nonlinear. If the dependence is linear then we obtain an equation of the form

o =ck+

O+ (c—a)p,=0

and if we include the above dispersion term we get

G+ cOx—aQp, — (S/zc)q)xxx =0.

If we now choose coordinates moving to the right with speed ¢ we get the Korteweg-
de Vries equation

O = 6(P(Px = Qxxx = 0

up to scaling constants, since the ¢y term drops out. Later in the book we shall
consider the more general soliton equation

O+ Qe+ k(@) x4 Priy =0

together with boundary control to stabilise the nonlinear waves.
Of course, it is possible to use the technique on many other nonlinear partial
differential equations, such as nonlinear Schrodinger models:

,81/1_ 1 s
zat——QmAw—ﬂw\w

or the Hamilton-Jacobi equation

S as
ot H <x, 8x> -
1.7 Conclusions and Outline of the Book

We have described above the main ideas associated with the ‘iteration technique’
with which this book is concerned. It will be seen to be a powerful method for
studying general nonlinear systems and, in particular, for obtaining global solutions
to nonlinear control problems.



References 9

The contents of the book will now be outlined for the convenience of the reader.
In Chapter 2 we discuss the general method and prove the basic convergence theo-
rem which underlies the theory of the iteration scheme. As we shall see, it is a very
general method and requires the mildest of conditions on the vector field of the sys-
tem. In fact, we require nothing more than local Lipschitz continuity. (A function
f:R" — R"is Lipschitz if

1F =) < Klx—yll

for all x,y € R”, for some constant K. If K depends on x and y then we say that f
is locally Lipschitz.) Note that Lipschitz continuity is the minimum condition for
uniqueness of solutions of a differential equation, so our condition is indeed very
mild (unlike many differential geometric conditions). In Chapter 3, we shall outline
the theory of linear, time-varying systems, since the whole basis of the method con-
sists of reducing nonlinear systems to linear, time-varying ones and hence their the-
ory is extremely important for us. Thus, we shall determine some explicit solutions,
and consider their spectral theory, including a discussion of Oseledec’s theorem,
the Sacker-Sell spectrum and exponential dichotomies. In the following chapter,
we shall show how to generalize these theorems to nonlinear systems. The systems
theoretical concept of spectral assignability will be discussed in detail in Chapter
5, including a general theory of pole assignment for nonlinear systems. Chapter 6
shows that the method can be used very powerfully to determine (sub-) optimal con-
trollers for general nonlinear systems and forms one of the main applications of the
method. The ideas can, however, be applied to many problems in nonlinear control
theory, including nonlinear sliding mode theory. This is done in Chapter 7 where we
demonstrate that the method gives rise to a convergent sequence of moving, linear
sliding surfaces for the linear, time-varying approximations which converge to an
effective nonlinear sliding surface for the nonlinear system. In Chapter 8 we shall
show how the method is related to fixed-point theories and use it to derive existence
results for periodic solutions of nonlinear systems. The method easily generalizes
to partial differential (and functional differential) equations and in Chapter 9 we
show, largely by the use of two examples, how this is achieved. Finally in Chapter
10 we consider the future prospects for the method and discuss its possible future
applications.
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Chapter 2

Linear Approximations to Nonlinear Dynamical
Systems

2.1 Introduction

In this chapter the iteration approach to nonlinear systems under study is explained
in detail. This technique is based on the replacement of the original nonlinear system
by a sequence of linear time-varying systems, whose solutions will converge to the
solution of the nonlinear problem. The only condition required for its application is
a mild Lipschitz condition which must be satisfied by a matrix associated with the
nonlinear system.

This approach will allow many of the classical results in linear systems theory
to be applied to nonlinear systems. There are many approaches to the study of non-
linear dynamical systems, including local linearisations in phase space [14]], global
linear representations involving the Lie series solution [3,4,5], Lie algebraic meth-
ods [TT1]] and global results based on topological indices [2,14]. Linear systems, on
the other hand, are very well understood and there is, of course, a vast literature on
the subject (see, for example, [7]]). The simplicity of linear mathematics relative to
nonlinear theory is evident and forms the basis of much of classical mathematics
and physics. It is therefore attractive to try to attack nonlinear problems by linear
methods, which are not local in their applicability. We shall study a recently intro-
duced approach to nonlinear dynamical systems based on a representation of the
system as the limit of a sequence of linear, time-varying approximations which con-
verge in the space of continuous functions to the solution of the nonlinear system,
under a very mild local Lipschitz condition. This approach will be seen later to be
useful in optimal control theory [8]], in the theory of nonlinear delay systems [9] and
can also be applied in the theory of chaos [10]. In this chapter we shall prove basic
convergence results and give a number of examples.

M. Tomas-Rodriguez and S.P. Banks: Linear, Time-varying Approximations, LNCIS 400, pp. 11
springerlink.com (© Springer-Verlag Berlin Heidelberg 2010
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2.2 Linear, Time-varying Approximations

The iteration scheme we introduce here is based on the replacement of the original
nonlinear equation by a sequence of linear, time-varying equations whose solutions
converge in the space of continuous functions to the solution of the nonlinear system
under a mild Lipschitz condition [[16]. This technique, in a sense, is an adaptation of
Picard iteration which is used in the theory of general nonlinear differential equa-
tions.

Given a nonlinear system of the form:

x=A(x)x, x(0) =xp € R". (2.1)
if it can be written in the SDC (state dependent coefficient) form:
x=A(x)x, x(0) =xp € R" (2.2)

in which the origin x = 0 is an equilibrium point and assuming that A(x) is locally
Lipschitz — it is the usual minimum assumption for the existence and uniqueness of
solutions — then the nonlinear system (2.2) can be approximated by the following
sequence of linear, time-varying approximations:

() = A" (1), 21(0) = xo 23)
A7) = AT () (0, 271(0) = x (2.4)
il (2) = A ())xl(e), 21(0) = xo 2.5)

for i > 1, where the initial function x[’/ (¢) is usually taken to be the initial conditions
Xo, being possible to generalize and use other functions.

The solutions of this sequence, {x!(¢)};>1, each of which satisfies a linear, time-
varying system, can be found numerically (or exceptionally explicitly) and converge
to the solution of the nonlinear system given in (2.2)), in the sense that

limi oo {x (1)} — x(2)

uniformly for ¢ in any compact interval, [0, 7].

Note that the first approximation, i'! () = A (xo) x[!/(¢), x['1(0) = xo, is a linear
time-invariant system because the replacement of x(¢) by the initial condition x,
produces a constant matrix for this first equation. The remainder of the equations in
the sequence (2.3)) to (Z.3) are linear time-varying systems.

Remark 2.1. The SDC form is an instantaneous parametrisation of the original
nonlinear system, x = f(x) with state dependent coefficients A(x). Infinite numbers
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of such realisations clearly exist. However only those parametrisations for which
A(x) satisfies the above mentioned Lipschitz condition will be considered here.

Remark 2.2. In the case when the origin is not an equilibrium point, this can be
achieved by a suitable change of coordinates.

Remark 2.3. Unless otherwise stated, the initial conditions for each iterated differ-
ential equation, x! (0), are the same as the initial conditions given for the original
nonlinear problem, x(0).

In the following section, we shall first prove a local convergence result for this sys-
tem. This proof appears in a slightly different form in [16]; It has been included here
for the convenience of the reader and to set the notation for the global result.

Lemma 2. 1 Suppose that A : R" — R" is locally Lipschitz. Then the sequence of
functions x) (1) defined by (Z3HZ3) converges uniformly on [0,T], for some T > 0
in the space C([0,T];R").

Proof. Let @~ 1(z,15) denote the transition matrix of A(x{"!)(r)) so that we have

([xe:

)

H@[t‘—u (t ’O)H < iy paGt=1m)ar)
where L1 (A) is the logarithmic norm of A. By the local Lipschitz condition on A(x),

we have
[A(x) =AY < a(K) [|x— [,

for x,y € B(K,xp) (the ball, centre x, radius K) for some K > 0 and some o/(K).
We have

A (1) —xg = A0y
“x + / A A (1 (5)) — A(xo) ds

and so, forany 7 > 0,

xm(t)—on < sup He[A(XOM—IH'HXOH

1€[0,T]
+ sup {e[”A(xO)’H]a(K)}xT sup x[i_l](t)—xoll.
1€[0,7) 1€[0,T]

Hence, if x/~ () € B(K,xo), then x!(t) € B(K,xo) (for t € [0,T]) if T is small
enough and by the continuity of A0 in ¢,

Since x1%(r) € B(K,xo) for small enough 7', all the solutions x! (1) are bounded
fori>0andt € [0,T]. Also,
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Jacd =) < et

() ol | + 14 o) |

and since |
u(a) =, max(o(A+A")

in the standard matrix norm, we have that it (A(x/~')(r))) is bounded for all i, say
(A1) <, forallz € [0,7] and all i. Hence, by (2.3),

() —x(e) = A( (t

and so if we put

\E[OT
then
£t [ o e -t |- o
Hence,
£y < /O’e[u(r—sna(K)g[f—H(s)de
SO

§N(T) < sup {"Mya(K)TKE(T)
s€(0,T]

< A&,

where A = supsE[O’T]{e[“<T_S>]}a(K)TK. If T is small enough, then A < 1. In this
case we have, for any i > j,

xl= U (s) = xl=2(s) H

4t HX[HI](S) _x[j](s)H

xt(s) —x[j](s)H < ‘x

o+

SO

x(s) —x[j](s)H < ATEUNTY 4 A EUN(T) o 2 EUN(T)

-2 (11—_/1; >§U](T).

Hence, if N is a fixed positive integer and i > j > N, then

sup
s€(0,T]
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sup
s€(0,T]

x[i](s)_x[j](s)H < piNH <11—_A;L/> eMN(T).

Since &N/(T') is bounded, the right hand side is arbitrarily small if j is large and so
{x!(£)} is a Cauchy sequence in C([0,T];R"). ]

Having shown the local convergence of the sequence {x!!(r)} in C([0,T];R") we
now proceed to prove the global convergence in the sense that if the solution of the
nonlinear equation exists and is bounded in the interval [0, 7] C R,then the sequence
of approximations converges uniformly on [0, 7] to the solution of the nonlinear
equation.

Theorem 2.1. Suppose that the nonlinear Equation (2.1) has a unique solution on
the interval [0, 7] and assume that A : R" — R™ s locally Lipschitz. Then the se-
quence of functions {x" (1)} defined in (Z3) to [Z3) converges uniformly on [0, 1.

Proof. We know from the previous lemma that, given any initial state xy, the se-
quence 23) to 3 converges uniformly on some interval [0, 7], where T may
depend on xy. However, it is clear from the proof of the lemma that 7' can be chosen
to be locally constant; i.e. for any X there exists a neighbourhood Bx of X such that
the sequence in (2.3) to with initial state xo € Bz converges uniformly on some
interval [0, T¢|, where T is independent of x.

Now suppose that the result is false, so that there is a maximal time interval [0, T)
such that, for any 7 < T, the sequence Z.3) to 2.3) converges uniformly on [0, T].
Now consider the solution trajectory x(¢;xo) of the original nonlinear system (Z.1))
on the interval [0, 7]; define the set

S ={x(t;x0) : 1 € [0, 7]}

For each X € S, choose a neighbourhood By as above; i.e. the sequence of approxima-
tions converges uniformly on the interval [0, 7% for any xo € B; for Tz independent
of xg. Since § is compact and UzcsBs is an open cover of S, there exists a finite
subcover {By, ,- - ,Bxp} with corresponding times {T%, ,- - - ,7}p}. Let

Ty =min{Ty,,-- Ty, }.

Now the sequence 23) to (2.3) converges uniformly on [0, 7 — T,,/2], by assump-
tion. Let ‘
xo; =xN(T ~T,,/2).

Since these converge to x(7 — T;,/2) we can assume that they belong to By, so that
we get a sequence of solutions given by the Equations (Z.3) to (2.3) from the ini-
tial states xo; and converging uniformly on the interval [0, 7,,] to the corresponding
solutions of the nonlinear equation given by 2.1). (See Figure 2.11)

These solutions will be denoted by xliJ] (). Now, using a Cantor-like diagonal
argument, consider the functions
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0 )

~
S
\: _x( t-T+ T/2, X

N )
x\/ 0,0
T 0]
S \ Y
_—

X(T-T,/2) [

T-T,2 T T+T,2 t
Fig. 2.1 Approximations to the nonlinear solution
iy < [¥00) ,0<i<T-T,/2
() T =T, /2 <t <T +Tp)2.
Then yll(r) converges uniformly to x(z) on [0,T + T},/2] and is arbitrarily close

to x!(z) on [0,7] which contradicts the assumption that {x1(¢)} is not uniformly
convergent on [0, 7]. ]

2.3 The Lorenz Attractor

In this section the dynamical equations of the Lorenz Attractor are considered and
it will be shown how its nonlinear solution vector x(¢) = [x1,x2,x3] can be approxi-
mated by using the iteration technique previously introduced:

X] 10 10 O X1
Xl =125—-1-—x1 || x
X3 0 x3 —2 X3

with initial condition: [xo1,x02,x03]” = [1,1,1]7.

Applying the iteration technique just by replacing the previous solution xi~!! (1)
into the actual matrix A (x~'(¢)) a sequence of linear, time-varying approximations
is obtained:
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A\ 010 00\ (91 (50

Bl =25 -1—xa |- &5, | A0 | =
x[;] 0 X01 -2 .X[31] X[31](0)

il 10 10 0 A 1(0) 1
A f=12s -1 L ) | =
iy 0 1 ) o) I

Each of these linear time-varying equations can be solved successively by just re-
placing the previous solution x~!(¢) into the system matrix A(x~')(¢)). This will
generate a sequence of linear solutions, x!/ (t), for each equation in the sequence.
In Figure 22] the true solution of the nonlinear system is represented and some of

Xy 40

30 ——— Non-linear Solution

ol T TN | e 10th Approximation
------- 11th Approximation

----- 12th Approximation

Fig. 2.2 Approximations to the nonlinear solution. Lorenz Attractor

these iterations have also been plotted. It is easy to see that in this case too, the con-
vergence of these linear solutions towards the nonlinear solution is clear, since after
12 iterations they converge to the true solution of the nonlinear system. The norm
of the error, max,c[o 79| |x(¢) — xl0(2)|], is shown in Figure 23] Clearly the technique
works effectively for the Lorenz Attractor.

2.4 Convergence Rate

During the study of the application of this iteration technique, some questions re-
lated to the rate of convergence and the different representation of a nonlinear
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Fig. 2.3 Convergence error for the Lorenz Attractor

system of the form x = A(x)x arose in a natural way. In this section, these two issues
are briefly addressed. These two subjects are important since they lead to a better
understanding of the technique and closely related to its optimal use.

Having discussed both local and global convergence of the iteration technique
above, the next logical step is to study the rate of convergence in terms of the system
dynamics, and a maximum desired error between the actual solution and the iterated
solutions. In other words, given a nonlinear system,

x = f(x), x(0) =xo
and writing it in the SDC form
x=A(x)x, x(0) = xo,

the following question arises: Is it possible to estimate the number of iterations x' (r)
needed to be computed in order to achieve certain maximum degree of error € such
that max,c(o 1| |x() —xll@)]| <e?

Here, an initial approach to this question is presented assuming the following
conditions are satisfied (where R, A and T are any fixed positive numbers):

e The initial condition is inside a ball of radius R/2 centered at 0:
x0 € B(O,R/2).

e The solution of the nonlinear system is bounded in B(0, R) for a finite time inter-
val [0,71]:
x(t,x0) € B(O,R),Vt € [0,T].

e u(A(x)) < u,Vx € B(0,R), so that if x! () € B(0,R), Vi then
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|0 (2,1)]| < i A (D)dr < eMli=to),
where @ (z,19) is the transition matrix of A (xl!(r)), see [17].
The error between the true solution and the i’ iteration is x(r) — x7 (1), so from @3):
(1) = £ (1) = Ax(n)x(1) = A D (0))xD (1)
= AG() [x(0) =2V (0)| + [AGx() — A1) |+D )

Since ‘ '
A1) = @l=1(1,0)x,

it follows that |[x7(z)|| < et - |[xo|| if x(r) € B(0,R)Vi.
Setting &'(r) = SUP o ||x(s) — x! (5)||, the estimate

£0) < [ 010,9)-JAxts) ~ A8 1) s

follows, for any 77 > 0. Hence,

!

. T .
é[’](f)ﬁ/ M M (ar) - ||x(s) — xI N (s)]] - e - [|xo]| - ds
0
and so,

ENT) < sup, iy [T -M(@)- 70T e |- 7.

Choosing T so that,

A= S“pxe[m/]eu(T S M(a)- T ol < 1

then, E(T) <A EONT!) < AP sup T/]HeA(xO)S —1||-]x0|| = A" p(x0), where

sel0,

p(x0) = sup,_y n |[€* 0 — 11| - [|xo] .
Let € > 0 be given, and let N = {TT,} + 1, where [v] is the integer part of v. Choose i

so that ( )
log
; € , Np(ao)
. < — > .
At pxo) = N t= logh

Then, an estimate for the approximation x/(¢) to be within an error of & of the
nonlinear solution x(¢) on the interval (0,7) can be obtained in terms of the initial
conditions:
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log (NPZCO))

| >N
L= logA

+ 1. (2.6)

It is necessary at this point to say that this is a very conservative approach because
of the use of norm bounds, and the assumption that convergence rates are similar at
each small interval.

2.5 Influence of the Initial Conditions on the Convergence

In this section the choice of initial conditions will be discussed and studied. It is
important to note the difference between

(a) the initial conditions x(0), that are used as the initial value of the solution
when solving a linear differential equation and

(b) the initial chosen solution x°!(r) included directly in the system’s matrix on
the first iteration &1 (r) = A (x[%)(¢))x[!](r). The speed of convergence will depend on
this latter choice which until now had been chosen for simplicity to be equal to the
initial condition xq of the differential equation:

(1) = A (x) (1), x4 = x(0).
~— ~
(b) (a)
In this section the dependence of the convergence rate on the initial chosen solution

will be introduced and in the following section a formal approach to this conver-
gence rate will be given.

12000

Error
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sin(Kt)

exp(-t)
8000 s )
linearised solution

6000

4000

2000

12 14 16 18 20

Number of Iterations

Fig. 2.4 Comparison of the norm of the error for different initial conditions
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Figure 2.4] shows that in the Lorenz Attractor example, depending on the choice
of the initial chosen solution, the error between the real nonlinear solution x(¢) and
the approximated solutions x’ (t), converges to zero at a different rate: the number
of iterations needed in order to achieve a satisfactory approximation to the nonlinear
solution of the original system changes.

The main motivation for choosing time-varying initial functions x!’ (¢) is based
on the idea of the iteration technique itself: after i iterations, the iterated solutions are
close to each other and the x/(¢) solution from %l (r) = A (xI=")x[l () tends to the
true nonlinear solution x(#) so this means that the closer the initial chosen solution
is to the true nonlinear solution, the sooner this convergence will be achieved, (see
Figure 2.3). Therefore the closer one iteration is to the true nonlinear solution, the

Solution —— real solution
= = = | iteration
------ (i-1) iteration

— — - (i-2) iteration

(i-3) iteration

Fig. 2.5 General schema for the iteration technique

better the next iteration...and so on. Keeping this idea in mind, the next logical step is
to suggest that the most accurate choice of initial conditions could be the linearised
solution around the equilibrium point.

In Figure 2.4 the dynamical equations of the Lorenz Attractor were simulated
for different choices of initial conditions, it could be seen that the overall error de-
creases considerably in the case where the linearised solution has been used as initial
function. These experimental results confirm the statement above: there exist a dif-
ference in the convergence rate of the iteration technique depending on the choice
of the initial conditions substituted in the original matrix for the first iteration and
this choice could be optimised by choosing as initial function a function similar to
the linearised solution of the nonlinear system.
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2.6 Notes on Different Configurations

The different ways a nonlinear system of the form % = A(x)x can be represented has
been the object of interest before by different authors and depending on the area of
research, it could be of great importance to understand the effects of using different
representations. In this section, attention is focussed on the different rates of con-
vergence achievable using one configuration or another. Here, it will be assumed
that A(x) is controllable and/or stabilisable (since this will be required later in its
application to control) and it will be shown how this occurs in the particular case
of the Lorenz Attractor by writing its dynamics in two different ways, and after this
applying the iteration technique in order to compare the convergence rate for each
configuration.
The dynamical equations of the Lorenz Attractor are given by:

X1 = —10x7; 4+ 10x,

Xy = 25x1 — x3x1 — X2
X3 = x1x0 — 2X3.

They can be written on the form x = A(x)x in different various ways, i.e.:

First configuration:

—10 10 0O X
Xx=25—x3—-1 0 | x
X2 0 -2 X3
Second configuration:
—-10 10 O X
X = 25 —1 —x | x2
0 X1 -2 X3

Comparison:

If now both first and second configurations are iterated with the technique presented
in this chapter, for initial conditions [xo1,x2,X03] = [1,1,1]7 and plotting the error
between the iterated solutions x!/(7) and the real solution x(¢) it can be seen in figure
that there is a difference in the convergence rate according to the representation
of the system.
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Fig. 2.6 Convergence for the different configurations

The ‘shape’ of this graph shows a great difference especially in the initial iter-

ations where the error is much greater in the case of the first representation. This
leads to some interesting questions:

Could it be possible that in the limit the integral of this error is the same in both
cases?

It seems that in the example of the Lorenz Attractor this is not the case as the first
iteration for the first representation produces a quantitative bigger error compared
with the second representation.

Does this behaviour happen for all the systems with more than one representa-
tion?

This divergence of behaviour between the different representations, is caused to
some extent by the different eigenvalues the first iterated matrices A(xg) have,
so if different representations happen to have the same eigenvalues at the first
iteration, it is expected that this difference will diminish.

The question of non-uniqueness of the representation will not be discussed further
in this book, but it is an important topic for further research.

2.7 Comparison with the Classical Linearisation Method

Different methods of linearisation and approximation have been presented in the
past by many authors: all of them have in common the intention to provide a model
which is locally equivalent to the nonlinear system. In fact, it turns out in many
situations that nonlinear systems can be approximated in some regions of operation
by linear systems.
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The most classical linearisation method is based on the Taylors expansion. Of
course, the classical linearisation near an equilibrium point x, has many drawbacks
already enumerated in the introduction and so all the efforts made in approaching a
nonlinear system by other methods are of significant importance.

Next, a comparison between the linearised solution obtained when a classical
linearisation is applied to the nonlinear system and the solution obtained when ap-
plying this iteration technique is presented. The relationship of this iteration method
with the classical linearisation shows the effectiveness of this method.

Example 2.1. Consider a nonlinear system modelling an over-damped bead on ro-
tating hoop. The system is modelled by the following equation:

2
let(f +b62? = —mgsin(9) + mrw?sin(¢)cos(¢), xo = x(0), 2.7

where ¢ is the angle, b is the damping constant, w is a constant angular velocity and

mr

. . 2
risaradius. Ife =" 5", y= "

system:

2 . . .

and 7= "%, (Z7) can be written as a dimensionless
¢ 1dp 1
> " edr ¢

By making the change of variables ¢ = x1, ¢ = x,, the state-space representation of

23 is:

sin(¢) + ysin((b)cos(d))] , x0 = x(0). (2.3)

X1 =X
Xy =" 4 Tsin(xi )eos(x1) — 2, xo = x(0).

(2.9)

with € = 0.2, y = —0.1, and [xo1,x02]” = [1.5,1.5]7. The aim of this section is to
compare the linearisation and the iterative technique. In the following, both methods
are applied and results are compared.

Linearisation:

This is a method by which a nonlinear system is replaced by a linear approximation
about its equilibrium point/s or a given trajectory. It is required that the nonlinear
system should have a convergent Taylor’s series expansion about the equilibrium
point:
af r9°f
h) = h+h
flath)=fla)+ 5| ht+h o5
A good approximation to the nonlinear system can be obtained when the variation
‘h’ from the equilibrium point ‘a’ is small enough so that the higher order terms and
above can be neglected, that is, if 7 — 0, then:

af
ox

ha4 -

X=a

h.

X=a

f—fla)+
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The nonlinear system can be then approximated by its Taylor series expansion
neglecting the high order terms. In this case, the system (Z.7) is replaced by the
matrix of its first derivatives (Jacobian) evaluated at the origin and substituting
€ =0.2 and y = —0.1 the following linear system is obtained:

(2) N (—2.5 —15) ' (2) (2;85) = Gg) (2.10)

The solutions x; (z) and x, () can now be calculated from (Z.10). These solutions
have been plotted respectively in Figures2.71and 2.8

x,(t) 18
—— Non-linear Solution

-------- Iterated Solution

""" Linearised Solution

t (sec)

Fig. 2.7 x(z) of the nonlinear, 16" iteration and linearised solution

Iteration Technique:

On the other hand, by applying the iteration technique, and simulating up to 50 iter-
ations in Figure[2.9]it can be seen that the norm of the error between the nonlinear
solution and the iterated one converges almost to zero. It is clear that the 16" iter-
ation is a good approximation and converges to the nonlinear solution (Figures 2.7]
and[2.8), confirming in this way that in this case, the iteration technique is better in
approximating the nonlinear solution.

In this section a comparison between the classical method of linearisation and the
iteration technique has been presented for a standard physical example. The results
of the simulations prove the ability of the iteration technique to approach the non-
linear solution more accurately than classical linearisation methods.
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—— Non-linear Solution
-------- Iterated Solution

""" Linearised Solution
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t (sec)

Fig. 2.8 x(¢) of the nonlinear, 16" iteration and linearised solution
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Fig. 2.9 Error between x(¢) and x'/ (¢)

2.8 Conclusions

In this chapter, a technique to approach the solution of a broad class of nonlinear
systems has been introduced.

This technique replaces a nonlinear system by a sequence of linear time-varying
systems whose solutions converge to the solution of the nonlinear system. Unlike
many other approaches to nonlinear systems, this is a global technique since under
the assumption of existence and uniqueness of the solution, the only prerequisite



References 27

needed to be satisfied is that the system’s matrix should be locally Lipschitz. Both
local and global convergence theorems have been included in this chapter.

Based on the convergence of the sequence, linear control ideas can be now ap-
plied to nonlinear control systems by studying each of these linear time-varying
systems with linear tools.

In this chapter, an estimation of this convergence rate has been studied; that is,
would it be possible to know how many iterations need to be computed in order
to achieve certain degree of convergence? This question has been studied and a
mathematical expression for this convergence rate has been developed in function
of the nonlinear system itself and the initial conditions. However, it is important at
this point to recognise that this approach is a very conservative one as it relies on
the maximum value the norm of the matrix can have in the given time interval, so
the exact estimation provided here is expected to be higher than the actual number
of iterations needed to achieve a given accuracy for any given system.

In the last part of the chapter, the optimal choice of initial conditions has been
discussed. Clearly the best choice is the actual solution through the initial point. Of
course, the solution of the system is not known a priori, so the use of any method to
find a first approximation which is close to the true solution is clearly desirable.

However, the question of the best choice of initial conditions and the different
ways to represent a nonlinear system in order to minimise the error are topics still
open to discussion and probably further research in this area could be done in the
future.

The infinity of different ways of representing the nonlinear system in the form
X = A(x)x has been object of discussion too, it being clear from examples that this
initial representation has an important effect on the speed of convergence.

In the last example it has been shown how this technique works in a better way
than the widely applied linearisation method as for an adequate number of iterations
it converges to the true nonlinear solution of the system under study.
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Chapter 3

The Structure and Stability of Linear,
Time-varying Systems

3.1 Introduction

In view of the basic approximation theory in Chapter 2, nonlinear dynamical sys-
tems can be approximated uniformly on compact intervals by linear, time-varying
systems. It is therefore important to study the general questions of existence, unique-
ness, etc. for dynamical systems of this type. In this chapter we shall consider the
general theory of linear time-varying dynamical systems first from the point of view
of existence and uniqueness, and then we shall determine a number of explicit solu-
tions, based on the theory of Lie algebras.

The remainder of the chapter is concerned, essentially with stability theory. After
considering the classical theory, we shall introduce the ideas of Lyapunov numbers
and describe Oseledec’s theorem on decomposition of the state-space into invariant
subbundles, which generalises the hyperbolic splitting of the state-space for time-
invariant systems. Finally we shall consider the theory of exponential dichotomies
and its generalisation to invariant subbundles.

3.2 Existence and Uniqueness
Consider the linear, time-varying system of equations

x=A(t)x,x(0) =xp € R", (3.1)
where A : [0,00) — R” is assumed to be continuous. The first simple result shows

that such a system of equations has a unique solution on the whole of the interval
[Ov o).

M. Tomas-Rodriguez and S.P. Banks: Linear, Time-varying Approximations, LNCIS 400, pp. 29
springerlink.com (© Springer-Verlag Berlin Heidelberg 2010
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Lemma 3.1. The system of equations (3.1) has a unique solution on [0,), provided
that the matrix function A : [0,00) — R" is continuous.

Proof. First we prove local existence. Let L;, : C[0,t;] — C[0,#;] denote the linear

operator
Ltl / A

where C|0,7;] is given the usual sup norm. Thus

Ly (x

()~ Ly (v / A(s)(x(s) — y(s))ds
so that "
[|Le () = Ly (V)] < /0 A(s)ds-[|(x=yl| <11 K- [lx—yl]
for some constant K, by continuity of A. Hence,
L, (%) = Ly )] < A - [Jx = ]|

where A < 1, if 7] is small enough. The usual fixed point theorem for continuous
mappings on the Banach space C[0,#,] (see [5]) now proves local existence on [0,7;],
for some #; > 0. Hence, either the solution exists for all 7 € [0,0) or on a maximal
time interval [0, T'), say, where T < eo. By continuity of A, the function A : [0,7] —
R” is uniformly continuous and hence is bounded on [0,7'), say

|A()|| <M.t €]0,T].

Now from (@.I)), we have
t
x(t) =xo —|—/ A(s)x(s)ds
0

o)< bl 48 [ (s s,

fort € [0,T). By Gronwall’s inequality (see [3]) we have

so that

()] < e"[lxoll, € [0,7)

so that the solution exists on 7 € [0,7] and is bounded and continuous, so that
lim,_7x(t) exists, giving a contradiction. Uniqueness follows easily from the fact
that the solution is linear in xj. O

Remark 3.1. Clearly from the above proof, continuity is not necessary; bounded-
ness of ||A(+)|| on any compact interval is sufficient.
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We can find approximate solutions to (3.I) by using the so-called Duhamel
principle:

Lemma 3.2. If A : [0,0) — R” is continuous, then the solution of (3.1) is given by
x(t) = limy_,eoe EDRDR L ARRR AR AN

where h =1t /L. (The limit is taken in the standard Euclidean norm on R".)

Proof. From (B.I)) we have

x(t) =xo+ /(:A(s)x(s)ds.

By continuity, the integral on the right is a standard Riemann integral and so it can
be approximated arbitrarily closely by rectangles:

0

—1 (i+1)h
1) =x0+ Y A(ih) / x(s)ds+ e (3.2)
i=0 L

h

for any € > 0, where ¢ depends on €. Consider the ¢ systems

Ei(r) = A(0)&, &(0)=xo+e
E(t) = A(h)&,  &(0) =& (h)

Eult) = A= D)n)&(1),  &(0) = &1 (h).

Then
51 (t) = eA<0>t€1 (0)7
E(t) = A0E (),
E(t) = AP E (h),
and so

E/(h) = MDA ACHE A AOE (3.3)
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But we also have
&) = G(0)+A0) [ &ls)as

1

S2(r) = &2(0)+A(R) | a(s)ds

(3.4)
&) = GO+AO) [ G6)ds+am) [ G+ +A(C- D) [ &l
The result now follows from (3.2)), (3.3) and (3.4). |

3.3 Explicit Solutions

In this section we shall give a number of explicit solutions for linear, time-varying
systems of equations of the form

x=A(t)x, x(r)=xp. (3.3)
By integrating (3:3) we have
!
x(t) =xp —1—/ A(s)x(s)ds.
0

This is an integral equation which can be iterated, i.e.
t T
x(1) = x0+/0 A1) (xo-l-/o A(Tz)x(rz)d1'2> dt

t t T
— xo+ /0 A(T)dTix + /O /0 A(T)A(5)x(1)dndT

Proceeding in this way, this suggests that the (formal) solution of (3.3) is given by

=3

(1) = go </z>ﬁ>...>f,l>oA<“) e A(T)d Ty -dn) %o,

To show that it is the actual solution, it is sufficient to show that the sum converges.
Clearly, the nth term is bounded in norm by K" ||x¢]|| /n!, where

K = supcoqllA(T)]],

and so the result follows.
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Remark 3.2. Physicists write

where
P[A(7) - A(T)]

is the ‘time-ordered’ product of the factors; i.e. with the factors permuted in the
form A(Tg(1)) -+ A(Tg(n)) SO that the larger values of T; appear first:

lo(1) Zlo(2) Z " Z lo(n):

Hence we can write the path-ordered exponential as
4 oo _l n t n
P [e‘-loA(s)ds} =y (=1 P (/ A(s)ds)
n=0 n! 0
and so the solution appears in the form
x(t)="P [eiféA(“‘)d“'] = Xo.

However, care must be taken in interpreting this result since the solution of the
Equation 3.1 is given by

[§A(s)ds

x(t)y=e X0

only if the matrices A(t) commute for all t. (A general solution for non-commuting
A’s will be given later.)

Next we discuss the general solution given by Wei and Norman [12], which gener-
alises a result of Magnus [7]. Thus, consider again Equation [3.3] and write A(¢) in
the form

At) = Za[(t)X,- (3.6)

where {Xi,---,X¢} C gf(n) is a basis of the Lie algebra £4 generated by the set
{A(t),t > 0}. (We shall use the elementary theory of Lie algebras — for general re-
sults, see, e.g. .) We shall need the Campbell-Baker-Hausdorff formula which states
that, for any Lie algebra £, if X,Y € £ then exp(X)Yexp(—X) € £ is given by

exp(X)Yexp(=X) =Y + [X, Y]+ [X,[X.Y]]/2! + [X,[X,[X,Y]]] /3! + -

exp(X)Yexp(~X) = (M),

where
(adX)Y = [X,Y].
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For the basis {X;} in (3.6), let yl’; be the structure constants of the Lie algebra, i.e.

X, X] quxk, 1<i,j<Ut.

, 1
<Hl exp(ngj)> Xi (H exp(—gjxj)>
Jj= J=r

belongs to £4 for any r € {1,---,¢} and any variables g;. Hence we can write it in
terms of the basis {X;}:

It follows that

(ﬁexp(gj > (Hexp —8;Xj ) Zélek (3.7)
j=1

and it is easy to see that each &; is an analytic function of the g;’s. We shall show
that the solution of (3.3) can be written in the form

x(1) = exp(g1(2)X1)exp(ga(1)X2) - - exp(ge(1)X¢)xo, (3.8)

in a neighbourhood of # = 0. In fact, we shall show that (37) satisfies (3.3) for
certain g;’s and so by uniqueness of the solution, it must be given by (3:8). To do
this note that if we write

D(t) = exp(g1(t)X1)exp(g2(t)X2) - - exp(ge(t)Xe)

then
dd dgl i—1 4
PROE (Hexp 8;X))Xi [ Texp(gjxs)
i 1

j=1 j=i

and the right hand side equals A(1)®(t) = ¥{_, a;(t)X; ®(t) if (and only if)

5 14 . i—1
Zai(I)Xi = zdiéy) (Hexp(gJ N Xi H exp( g,xJ)>

dg; =
— Z 8it) exp(gjadX;)X;
8 odr \ o
¢ ¢
dg,(t)
=2 EkiXk
8o dt

by ). Since {X;} is a basis we have
£g'=a

where
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Ié = (éki)a gl = (gé)a a= (ai)'

Since £(0) =1, £ is invertible in a neighbourhood of = 0, so that
g/ _ é—la

and the result follows by analyticity of & and £ ! near r = 0.

This result is local, but it can be shown (see [12]) that it is global if £4 is a
solvable Lie algebra. However, there is a simpler and more useful way to see this.
Thus, suppose that £4 is solvable. Then by Lie’s theorem (see Appendix B), the
matrices in £4 are simultaneously triangularizable, so that we may assume (after a
change of coordinates) that Equation[3.3lmay be written in the form

X= Y aij(t)x;, 1<i<n, x(0)=x
=i

and so the solution is given inductively by
xa(t) = eltam©dsg,

e n r
xi(t) = eh@dsy, L / els @Dty (5)ds, 1 <i<n. (3.9)
j=i+170

Finally, in this section, we present briefly another explicit expression for the solution
of (B3) (for a full discussion, see [1]). We shall need the following results (see, e.g.
[8D):

Theorem 3.1. If A, B are sufficiently close to 0, then C = In(e%e?) is given by

C—B+ /0 ' clexp(tAd A)exp(Ad B)|(A)dr

s= " =ivla—gr a2y !

—Diz—1)"
z—1 2 3 2 CUETD
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Corollary 3.1. If A, B are as in Theorem 3.1, then
)/ oo oo
C=8B
- Z X 2
i1=0,1=0 i2=0,2=0
(i1,71) # (0,0) (i2, j2) # (0,0)

i :

. i1
i =0.7=0 irlip! - -ipl il ja ! (i +1)
(ie, je) # (0,0)

x (AdA)"' (AdB)’' (AdA)? (AdB)”? - -- (AdA)" (AdB)’* -A,  (3.10)

where |i| =i; +---+1ip.

Theorem 3.2. Given k matrices Ay, -- ,Ay, in a sufficiently small neighbourhood of
0, then Cy = In(eeM—1 ... M) is given by

1
Cr = / glexp(tAdAy)exp(tAdAg_y)exp(tAdAg_2) - - exp(tAdAy)](Ag)dt + Cr—y
0

where
Cp 1= ln(eAk—leAk—Z...eAl)_
Proof. Let
()= ln(e’A"eA"*‘ eAl)
so that
el ) — Ak Ak-1 ... AL
Then,

(exp[AdI (1)))H = " VHe T
— kAt A AL o A1 g A

for any matrix H, and so
explAdI (t)] = exp(tAdAy)exp(AdAy_1) - exp(AdA).

Also,

r d r d
(l) (l) _ [Ak k=1 ... Aq Aq . Ak*l lAk
e . = A e t(e e e ')

and so
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However,
fllnz)g(z) =1, for |[1—z[<1

and so
f(InF)g(F)=1, or g(F)=(f(inF))"!

for any matrix F with ||[I — F|| < 1. Setting F = exp(AdtAy)exp(AdAg_1)- -
exp(AdA) gives

t
r) = / elexp(AdiAy) exp(AdAr_1)--- exp(AdAL)](Ax)di + constant.
0

The constant is given by I"(0) = In(e#-1--- A1) = C;_. O
Corollary 3.2. IfAy,--- ,Ay are as in the theorem, then
< (—1)f d d 1
Cy = Z . 2 2 . . . _ .
{+1 D () (1) 4+ ) +1
(=0 + %(1):0 (): l( ) l()(ll( )+ +l1()+ )
E(I#0  i(6)]#0

(AdA)" ) (AdAg_1)2 W - (AdA; )
(AdAk)“(z)(AdAk,])lz (2) (AdAl)
(AdA)" ") (AdAk,l)lz(f).. (AdAl)’k(f) Ay
where
i(p) = (ir(p),++ic(p)), i(p)!=1i1(p)!(i2(p)!---ik(p)".

(If £ = 0 then we interpret the value as Ay.)
Now by lemma 3.2, we have:

Lemma 3.3. The system
x=A(t)x, x(0)=xp (3.11)

has solution given by
x(1) = limy,_ e (M= DWhAm=2h _ ACRA AR AON (3.12)

foranyt > 0, where mh =t.
From Corollary 3.3 and Lemma 3.1, we have:

Lemma 3.4. The solution of the system
x=A(t)x, x(0)=xo

is given by
x(1) = limy,_0e“mxg

where mh =t and
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moe= (1)t o oo 1
Cn=23 D YT VAV : X
=i+ i(1) =0 i) =0 i) (i (1) 4+ i (0) + 1)
i(1)[#0  [i(6)]#0
i(l)eNP  i(f)eNP
(AdA,)1 D (AdA, )2 ... (AdA,) P x
(AdA,)1 P (AdA, )2 ... (AdA)*P) x
(AdA,)" O (AdA, )2 .. (AdA) D) x A, + A, (3.13)
where
Ay =A((g—1)h)h. (3.14)

Combining Lemmas 3.1 and 3.2, we have

Theorem 3.3. The solution of the non-autonomous differential equation in (3.3) is
given by

x(t;x0) = exp /OIA(T)d‘L'—&-i D u(o-k—l)/o’/ofk__./ofz/orz

k:26k71€Sk,1
[A(TG"*I(I))’ [A(TG"*IQ))’ [, [A(Tckfl(k—l))vA(Tk)] - lldT - 'di) X0,
(3.15)
where Sy_1 is the set of all permutations of 1,--- .,k — 1 and u(c*~1) is a number,

depending on k and the permutation, to be determined below.

Proof. This follows from (3.12)) and (3.13) since each multiple integral in (3.13)) is
the limit of typical terms in (3.13) where each i;(k) = 1. The latter condition follows
from the fact that, for a sequence

(AdA,,)il(l)(AdA,,_l)iZ(l) e (AdAl)ip(l)(AdAp)il @.. A,

of a given total degree k = Zf-zl(il( J)+ - +1i,(j)), any repeated factors will

converge to a zero integral since they are multiplied by 4 and there are at most
O(1/(h*=1)) of such terms. i

The only remaining thing, therefore, is to find the multipliers /.L(Gk’l). This will
be done in three steps. Consider first the case of k = 2. Clearly for terms with brack-
ets of the form [A;,A;] we must have ¢ = 1 in the expression (3.13); thus we must
choose these terms from the expression
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1 . . )

Z Z . . (AdA )ll(l)(AdApfl)lz(l)"'(AdAl)’p<l)A ‘

2% i) o MM DT ’
i(1) e N?

Since we do not have to consider terms of the form [A;,A;] = 0, we must have
i1(1) =0 and some i (j) # 0, j # 1. In this case, all the factors i(l)!(i11(1)+1) equal 1,
so we have

Lemma 3.5. u(c') = —), i.e. the second order term in (313) is

7)|dpdr.
) [
Next, terms of order 3 come from (3:13) with £ < 2, i.e. from the expressions

2 S iy A A aaa P,

= li(1)] <2
i(1) eN?
3 ! i (1)
+3”§2 li(1)] = 1zi(2)| _ (1)) (1) 1 (2) + 1) A9A)
i(1),i(2) e NP
(AdAp,I)’?(l)..,(AdAl)tp(l)
1(

(AdA )" (AdA,_ )2 ... (AdA;)P DA,

We will obtain brackets of the form [A;, [Aj,A;]] where (i) k > i > jor (i) k> j>i.
Terms of type (i) (i.e. for k > i > j) can come from both the series above for any
given fixed i, j,k we get a factor of —% from the first and a factor of ; from the

second, i.e. a factor of —é. Terms of type (ii) (i.e. for k > j > i), however, can only
come from the second series because the terms

(AdA,) 1V (AdA,_ )2 ... (AdA,)» (DA,

in the first series are ordered so we must have k > i > j. Hence for any term of the
second type we have a factor of !, and so we have:

Lemma 3.6. The third order term in (3.13) is

_é/01‘/0’53/OTZ[A(Tz),[A(Tl),A(T3)]]drldT2dTS+
;/0’ /;3 /sz [A(11),[A(12),A(13)]]dT1d T2 d T5.
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Consider next the case of the k™ order terms. As before, each factor
1
(i) +--+i(0)+1)

will reduce to 1 and we will get only k' order terms for £ < k — 1. Hence we must
choose k' order terms from

1 m
—, X (AdA))(AdA,1)---(AdADA,
p=k—1
1 m
+, Y. (AdA,)---(adA,)(AdAy)--- (AdA)A,
p=k—1
. (3.16)
CEDTN S (aday) - (ada A,
k p=k—1

Consider first the term B;, --- B;, | A;, where iy > 11 > i >--- > and B[_l. =AdA,
for some v depending on i;. This can be chosen in only one way from the first term
in (3.18) and in k — 2 ways from the second term in (3.16). (We must choose at least
one B, from each group of terms (AdA,)---(AdA;), so we could choose the first
one, B;, from the first group and the remaining k — 2 from the second, or the first
two, B;,,B;, from the first group and the remaining k — 3 from the second, etc.) In
the 7" term in (3.16) we will have r groups (AdA,) -+ (AdA,), i.e

iAdAp)~~~(AdA1)"'(AdAp)'\"' (AdA1)---(AdA,)--- (AdAllAp. (3.17)

Suppose there are p(s,#) ways of selecting terms of the form (AdA,) from ¢ groups.
Then the number of ways of selecting k — 1 from r, i.e. p(k—1,r) is

k=2

pk—1,r)= 2 p(i,r—1)

i=r—1

since we can choose 1 from the first group and k — 2 from the remaining, i.e. p(k —
2,r—1) or 2 from the first group and k — 3 from the remaining, i.e. p(k—3,r — 1),
etc.

Lemma 3.7. We have

plk—1,r)= (k—r)k—r+1)---(k—=2), r>2.

1
(r—1)!

Proof. Note that p(v,1) =1 for all v and p(v,2) = v — 1 for all v. Hence the
formula is correct for r = 2. Suppose it is true for r — 1, i.e.
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p(k—l,r—l):(r_lz)!(k—r—i—1)(k—r+2)~~~(k—2), r>2.
Then,
k=2
pli—1r)== Y plir—1)
i=r—1

= 1+p(rar_1)+p(r+1ar_1)++p(k_27r_1)
1
=1+ '(r+1—r—|—1)(r—|—1—r+2)---(r—|—1—2)—|—

(r—2)!
1
(roay 2o D4 22r42) (1 2= 2) -
+(r—12)!(k_r)"'(k_3)
1

R

(k1) (k=3)

k—r
= (r_lz)!2{i(i+1)---(i+(r—2)—1)

1

_ 1 (k—r)(k—r—|—1)~~~(k—r—|—r—1).

(r—2)! (r—=2)+1
O

Corollary 3.3. The total number of terms of the form [B;;,[B,,[--- ,[Bi,_,,Ai]--]l]

which can be chosen, where the indices iy,iy,--- ,i,_1 are increasing, is given by
1
k(k—1)

Proof. The required number is given by
k (_1)[—1 k (_1)[—1 1 (
¢ (L=2)!

(=Dt Tk-1)
=2 0 (=2)T(k—t+1)

k—0+1)(k—0+2)-(k—2)

(=2
B 1
T k(k—1)
O
For the general case, let 6*~! be a permutation of the set {1,---,k — 1} and write
itas 0! = (i ---i;_; ). We can partition the permutation in the form (i',i%, - ,i?)

where
il - (ilv"' 7iv1)7i2 = (iv1+17"' 7iV1+V2)7"'
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such that
i%is a decreasing sequence for o € &7 C {1,---,v}
iPis a decreasing sequence for f € {1,--- ,y}\ &/ = &
ie ifi% = (ig,, -+ ,is,), thenip, > ig, 41 -+ > ig,. Moreover, we choose the partition

so that the sets i* for o € o7 are maximal. Let

e= Y [if|+x()

pe#

Where X () denotes the cardinality of .« and if i = (ikys+*+ +ik;), then lif| =

v | ik, - If we are selecting from a term of the form (3.17) with ¢ repeated strings
(AdAp)--- (AdAy), then we require € < £. Put { = (¢ — €. If { > 0 let P, be the set of
distinct partitions of { into X (/) pieces, i.e.

CZZCa

acd

where o > 0. Then the number of possible selections in the £ term is

Y [ (i S+ 1)

fepacd

where we take p (k,r) = 0 if r > k. Hence we have proved:

Theorem 3.4. The number u(c*~1) is given by

k—1
= 5 (_l)z U e -0 1 %1
_£=e t+1 §§’gale_4[MCa!(|l | = Co) ([i%] = G+ 1) - (| = 1).

Example 3.1. Consider, for example, the permutation of {1,2,3,4,5} givenby 6> =
(52341). Here we have
(52341)=(,i%,i%)

where
=(5,2),=(3), P =(4,1)

so ./ ={1,2,3},2 =0 and € = 3. For £ = 3 there is only one choice, so the con-
tribution to (o) is —i in this case. For £ =4 we have { = 1 and the partitions are
(0,1) and (1,0), so the contribution from this term is

(P 1)p(2,2)+p(2,2)-p(2,1)) =2/5.
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Finally, for £ =5 we have { = 2 and the partitions are (2,0,)(0,2) and (1,1). Hence
the contribution here is

2 _ 1
5 =

since p(2,3) = 0. Hence we have u(c°) = —} + é — 60

Remark 3.3. We obtain the same answer if we regard the singleton i* = (3) as in-
creasing or decreasing. We have regarded it as increasing in this example.

The explicit formula (Z.13) in Theorem 3.3 for the solution of a general non-
autonomous differential equation of the form (3:3) will now be applied to obtain
some general results about such systems. Of course, the closer the matrices A(r) are
to commuting, the simpler will be the expressions for the solution. We shall see that
in the nilpotent case, we can obtain finite, closed-form solutions. It can be shown
[2] that, if A(t) is analytic, so that we can write A(t) = Y7 ,t'A; for some matrices
A;, then £, is equal to the Lie algebra generated by the matrices {A; : 0 < i < o}.
Suppose that {E; : 1 <k < r} is a basis of £4, so that

p
A1) =Y, &(1)Ex (3.18)
k=1
for some functions gz, 1 <k <r. Let cfl- be the structure constants of £4, so that
ok
[Ei,Ej] == Z CijEk
k=1

and so

LGRICIES D RRORIGLES
i

Then from Theorem 3.3 we have the following result which gives a simpler form
for the general structure of the explicit solution:
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Theorem 3.5. If A(t) is given by (BI8) then the solution of Equation[3.3is given by

x(1:x%0) = exp Z/gk ‘“Eﬁz 2 “(“// /TS/

2okl

k2L V2
Z DIPID IR NI A

k—3V2 "l—2V1 lk 1ik
lk W Vi_o Vi

8iy (Tot1(1))8i (Tor12)) iy (Tt (k1)) 8t () Ewd T1 -+ di}xo

= exp Z/gk dTEk-FZ z /,L( kl// /r3/

i=20k-lcs,
2 ZZC Wlla 'a

i w

8iy (Tok1(1))8ir (Tor-1(2)) ** 8ir_y (Tok1 (k—1) )i () Ed Ty - di}Xo
(3.19)

where

. Vi—2 ALK V2 Vi
C(W ll7 )L 2 zcllvk 2 lzvk,g Cik73V2C< Ci

Ik—2V1 Ik—10g"
V-2 Vi

As a specific example, consider the system with so(3) as its Lie algebra:

4 [ 0 —g3(r) —g2(1) X
al2]= g3(t) 0  —gi(1) X
X3 g2(t) gi(t) O X3
X1
= (g1(t)M1 + g2 (t)My + g3(t)M3) | x2
X3
where
00 0 001 0-10
M=[00-1], Mm=| o000 M=[100
01 0 —100 000
Here,

M, My) =Mz, [My,M3]| =M, [M3,M\]=M,

and we have the structure constants

3 1 2 3 1 _ 2 _
Cly = Cp3 =03 = —C3 = —C3p=—cj3=—1
ci-‘j = 0if {i, j,k} is not a permutation of 1,2, 3.
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Hence, _
Cik = Eiji
where
1 if i, j,kis an even permutation of 1,2,3
gk =1 —1 if i, j,k is an odd permutation of 1,2,3
0 otherwise

(the standard tensorial e-function), and so from the theorem, we have

x(t:x0) = exp /gk dTEk+Z > u( ) // / /
k=2gk-lcs,
3 3 3
Z Z Z Z Ewivi—a Evi_aipvi—z " Evzig_3v2 Evai_ovi Evyig_yig
w lk=lvk 2=1 V1=1
8iy (Tok1(1))8ix (Tor1(2)) * 8ir_y (Tt (k—1) )i (T ) Ewd T1 - di}xo
o) o
= exp Z/gk dTEk+z 2 u( // / /
k=2cgk-les,
Z 2 E (i)

lkW

AMw

I
-

1

8iy (Tok-1(1))8i (Tok-1(2)) * 8ixy (Tok-1 (1) )83t (Te)d T -+ di}wao
where

=W/ _ . . . . . L
= (lv") = Ewivea Evigiavi_s " Evzig_3va Evyig_ovi Evyig_y i

= +l1.
In the case of systems with nilpotent Lie algebra, we get an explicit closed form

x(t;x0) = exp Z/gk dTEk—Fz 2 ,LL( kl// /f3/

k=2 gk=les;

Vk—2
VDMWY chmzzw i am i

lk W Vi_2 Vi

8i (Tok-1(1))81 (Tok-1(2)) ** 8ix 1 (Tok-1 (k1)) iy (k) End T1 - - di}xo

where K is the degree of nilpotency.
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Example 3.2. Consider the system

% —4-32 —2-10
X | = 12 8 0 |cost+ | 4 2 0 |sint
% 0 02 0 00
00 -1 X
+(00 2 |2 |x], x0)=x.
00 0 X
Put
—4 -32 —2-10 00 -1
F=|1280], BE=|4 20|, BE=|002
0 02 0 00 00 0

Then Fi, F>, F3 form a basis of a nilpotent Lie algebra with
[F1,F] = —2F;

and all the other commutators zero. Hence
C?z = C%l =-2

are the only non-zero structure constants. It follows that the solution of the system
is

t
x(t;x0) = exp (/ {Ficos T+ Fasin T—|—F312}d1
0

1 1 T
_2/ / (—2cos psin T —2sin pcos T)F3dpd‘c>
0 Jo

/3
= exp (sintFl + (1l —cost)F,+ 3 F3+sint(1 — cost)F3> Xo.

3.4 Stability Theory

In this section we shall discuss the stability of equations of the form (3.3). The most
important point here is that, unlike the time-invariant case, the eigenvalues of A(t)
do not determine the stability of the system. Later we shall see to what extent one
can use the eigenvalues and eigenvectors of A(f) to prove stability. First, we begin
with Lyapunov theory — we have the following simple generalisation of the time-
invariant Lyapunov theorem:

Theorem 3.6. The linear, time-varying system of Equations 33 is Lyapunov stable
if for any positive definite, symmetric matrix Q, there is a positive definite matrix
function P(t) which satisfies the equation

P(r) = —AT(1)P(1) — P(1)A(1) — Q (3.20)
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(for some positive definite initial matrix P(0)). Moreover, conversely, if A(t) is con-
tinuous and the system is L*-stable in the sense that x(-;xy) € L*[0,0), then the
Equation3.20 has a positive definite solution P(t), for some initial matrix P(0).

Proof. The first part follows directly from Lyapunov’s main stability theorem (see,
e.g., [3]), since
V(t) =xTP(t)x

is clearly a Lyapunov function (for
V =i Px+x"Pi+x" Px=x" (ATP+ PA + P)x
= —xTQx).

For the converse, note that by lemma 3.2, Equation [3.20| has a unique symmetric
solution and so it remains to show that P(¢) is positive definite. Let x(;x9) € L*[0, o)
be a solution and take the inner product of (3.20) on the left and right with x:

xL () P()x(t) = —xT (AT (1)P(£)x(t) — xT (1)P(£)A(1)x () — xT (1) Ox(r).

d

o) (0 POX(0) = ~(x(0), 0x(1),

whence
(x(2), P(1)x(1)) = (x(0),P(0)x(0)) — /0 t<x(s),Qx(S)>ds

(x(0),POXO) - 12]] [ (3]s
(x(0).PO)x(0)) = 12 - ] 20.-

Y

Y

so the result follows if P(0) is large enough. (A similar inequality using the positiv-
ity of O shows that P(¢) is bounded. |

Unlike the time-invariant case, however, this result is not easy to apply in general,

so we consider other approaches to stability. We can give a very simple sufficient
condition in the case where A(¢) is continuous and A(eo) = lim,_..A(r) exists.

Lemma 3.8. The system (33 is asymptotically stable if the eigenvalues of A(0)
have negative real parts.

Proof. Write the equation in the form

&= A(o)x + (A(t) — A(e))x.
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By continuity of A(eo), there exists 7 > 0 such that for# > T, we have

A0~ A=) < 5

where
14| < Me™

for some M > 0 (by the eigenvalue condition).Hence we have
5 ' 650
I0ll < M2 DI+ [ Tt lds, 12T,
T
and by Gronwall’s inequality,
[lx(0)]] < Me 2| 1x(T)|| — 0

as t — oo. The result now follows since ||A(7)|| is bounded on [0, 7], by continuity.
O

The converse to Lemma 3.8 is, of course, false, as shown by the example

1
_ , O —
1+tx x(0) = xo
which has the solution |
1) = .
x(t) 14 txo

Clearly, therefore, if some of the eigenvalues of A(e) are zero, we may still have
asymptotic stability. A partial converse can be given in the case of exponential sta-
bility, the proof of which is elementary:

Lemma 3.9. If the system (3.3) is exponentially asymptotically stable, then the
eigenvalues of A(eo) have negative real parts.

Now assume that at least one eigenvalue of A(e0) is zero or, indeed, that A(eo) does
not exist at all, and let, as before, £ be the Lie algebra generated by the set

{A(#) : t e R}.

Let € be a Cartan subalgebra of %4 (which always exists; see [2]). Thus we can
write
A(t) =A1(t)+As(t), teR

where
Ai(r) €€ and Ay(1) € £40F, teR.
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In particular, if A(eo) exists, then we have
A(eo) = Aj(o0) + Az (o),
where
Aj(e0) €€ and Ay(0) € L4 OF.

Since % is a maximal abelian subalgebra of £, we can simultaneously diagonalise
the elements of %'. (Since all Cartan subalgebras are related by a similarity transfor-
mation, the choice of ¢ does not affect the study of stability of (3.3)).) Let P be a
diagonalising matrix for &, i.e.

PICP = Ac, forallCe €

where Ac is the diagonal matrix of eigenvalues of C. Of course, P is independent of
C.Thus we may write the Equation[3:3]in the form

y=Ap,)y +Ba(t)y (3.21)
where
By(t) = P 'As(1)P.

Write
A1)

Apyn) =
An(t)

Of course, if ReAi(eo) < 0 for i € {1,---,n} and By(¢) is ‘small’ enough then the
Equation 3211 is clearly stable. However, if A;(=0) = 0 for some i, then stability is
more difficult. The transition matrix of (3.21)) is given by

D(1,5) = O(t,0)(P(s,0)) "

where
ol (s)ds
(p(t,O) = .
e/é An(s)ds
The solution of (3.21)) is
!
y(0) = @000+ | @(1.5)B(5)y(s)ds

and so

ly(@)]] < H‘P(I,O)H-HyolH/OtH‘P(t,S)H~\|Bz(S)H~Hy(S)HdS~

Now
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effRell (s)ds
|@(,5)]| =

efvt Rely(s)ds

— maxy <oy ( oh Re/l,'(s)ds)

< eL{m“xlgign(Rel,‘(s))dX

Let
i (s) = max<i<,(ReAi(s)).

Then .
(@] Sef“u(S)dSHyolH/O el KT By (5)]] - [[y(s)]|dls.

Using a standard argument now shows that

()] < efo(u(sHHBz(s)H)ds‘|y0|‘7

and we get stability if

Hence we have proved:

Theorem 3.7. Let £4 denote the Lie algebra generated by the matrices {A(t)};>0
and let € be a Cartan subalgebra of £4. Let |1(t) = maxi<i<,(ReAi(t)) where
Ai(t),1 <i <n are the eigenvalues of the matrices of € and suppose that

[ W) +1Be)ds — —ast —

where B(s) = P~'As(t)P. Then the system is asymptotically stable. Here, P diago-
nalizes € and A(t) = Ay (t) + A, (¢), where Ay € €.

Another approach to stability is via the logarithmic norm. If || - || denotes any
induced norm on n X n matrices, we define the measure of A by
W) = lim o, |1+ BA|| = 1)/h.
To show that 1(A) exists, for any matrix A, note that if we write
f(h) = (I +hA[| =1)/h,

then f(kh) < f(h), for any k € (0, 1), so that f is decreasing with A. Also, f(h) >
(|t=nh||A|||—=1)/h > —]]A]l, so f is bounded below. The measure tt(A) of a matrix
A has a number of useful and elementary properties, listed below:
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(@ p)=1,u(-1)=-1,u(0)=0.
(b) —JIAll < —u(~4) < u(4) < Al
(¢) u(axA)=oau(A), forall o >0.
d pA+o)=u(A)+a, foralacR.
(e) u:C"" — Risaconvex function :
UAA+(1—=A)B)<Au(A)+(1—2A)u(B), 0<A<I.
®  |uAa-B)<|A-B].
(g) —u(—A)<ReA(A) < pu(A), for any eigenvalue A(A) of A.
() —u(=A) <[lAx]], —pA)|lx]] < [|Ax]], xeC"
(i) IfdetA=#0,
—p(=A) < (A7) < 1Al
The importance of the measure of A is that, unlike a norm, it can be negative, so its
main application is the following:

Theorem 3.8. Ift — A(z) : R — C"*" is continuous, then the solution of Equation
satisfies the inequalities

laollexp{ = [ (-aar | < ol < ollep { [ wtawyar'}.

Proof. Let D™ ||x(1)|| denote the right-hand derivative. Then

DT |lx()I = Zimpor [[lx(e+R)|| — [lx(t)[]] /A
= Limpo [[[x(1) +hA()x ()| = [1x(2)][]/
= Limp_o [[[1+RAQ@)|| - ||x(@)|] = [[x(1)[[}/h
— W(A@)) - [[x(@)]],
and the second inequality follows by integration. The first is similar. O
Corollary 3.4. If

[ uawnar — -

ast — oo, then the system is asymptotically stable.

3.5 Lyapunov Exponents and Oseledec’s Theorem

Lyapunov’s characteristic numbers and exponents are important generalisations of
the real parts of eigenvalues for linear, time-invariant systems. Here we give a brief
summary of the ideas which lead to Oseledec’s theorem on the general invariant
decomposition of the state-space in terms of the ‘eigenspaces’ associated with the
Lyapunov exponents. More details can be found in [9].
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Let f(¢) be a continuous function defined on [fy, ). We define the characteristic
number of f to be
In|f(r)|

A=Af) =—lim—w . (3.22)
It follows easily from the definition that
lim; —oo|f ()| €A = oo

limy—eo| f(1) [P 8" =0

for any € > 0. Note that, for any real number c,

wen={" i e28

We also need the following simple result; if the numbers A (f;), 1 <i < n are distinct,
then

n

A fi) = mini(A(fi))- (3.24)

i=1
We now consider the Lyapunov numbers associated with a linear, time-varying sys-
tem of the form (B3). For any vector x(¢) of continuous functions, we define

A(x) = minj<j<pA(X;).
The most important result is due to Perron:

Theorem 3.9. The set of all possible Lyapunov numbers {1(x)} of all solutions of
(B2 contains at most n distinct values.

Proof. We first show that, for any vector functions y(), 1 < i <k, if 4; = A(y())
are distinct, then the vector functions y(*) are linearly independent. Suppose they are
not, so that

k .
Y oy (6)=0
i=1

for some scalars o;, not all zero. Let A, =min;A (o4y\"). If we write y) = (yi1, -+, yin),
in terms of the components, we may assume that

=A0vq1)

and since the A;’s are distinct we have

)~q</l(aiyi1)7 l#q
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Now, Z 1 04yi1(r) =0, and so

)‘q—)‘ anql (2 alytl ) = (0) =

by (324) and (3:24), which contradicts the fact that A, is finite. The theorem now
follows from the fact that there are at most n linearly independent solutions to a
linear, time-varying system of equations. |

Corollary 3.5. For the system (33), if ®(t) denotes the transition function, then the
numbers

Axo) = lim e 1nl| (1)
Sor all xg € R" take only k distinct values Ay, -+ , A, where 1 <k <n.
We can order the values in Corollary 3.5 as follows:
—o < <A < < Ay < oo,
and we define the linear subspaces
Vi={xeR":x=00rA(xp) < A}
of R”. Then we clearly have
{ocvic---CVi=R"

iS a ﬁltration Of R . A S y stem f0r W hiCh
l nlt oo ndel(p t ‘ d[ i

where d; = dim V; —dim V;_ is called Lyapunov regular. This allows us to associate
a decomposition of R" with a system which generalises the eigendecomposition for
a time-invariant system. To state the full version of Oseledec’s theorem, we need
first to introduce the ideas of integral invariants and ergodic measures. Let

X=f(x1) (3.25)

be a differential equation defined in some region £2 C R" which has unique solu-
tions, depending continuously on the initial conditions. A function M : R"*! — R is
called an integral invariant for (3.23) if

M(x,t)dx
A
is constant, where A is any domain in Q and A, = ¢ (¢; Ag,0) where ¢ (¢;x0,10) is the
solution of (3.23)) through (x,%y). It is easy to check that a necessary and sufficient
condition for this is that
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a;f +div (Mf) = 0. (3.26)

Of course, if (3.23) is autonomous, then M = M(x) is independent of ¢ and then
(3.26) becomes
div(Mf) = 0.

To extend this to invariant measures we shall assume a knowledge of standard
measure theory (see, e.g. [6]). Let i be a measure defined on €2 and assume that
1 () = 1. We say that the measure g is invariant for (323) if, for any y-measurable
set § C Q, we have

wo(t;8,10) = (), forallz,t.

We then have Poincaré’s invariance theorem:

Theorem 3.10. Under the assumptions above, if S C Q is measurable, with 1L(S) >
0, then for any T > 0, there exists T > T such that

u(SN¢(z:8,1)) > 0.

The theorem of Khintchine also gives a lower limit to the inequality in theorem 3.10:

Theorem 3.11. Continuing with the above assumptions, for any measurable set S C
Q with u(S) = o > 0, we have

u(SN¢(1:8.1)) > Ao

for a dense set of points t € R and for any A > 1.

(For a proof, see [9]).

Birkhoft’s ergodic theorem shows that the time-average of a summable function
evaluated on the trajectories of a system exist for all initial states (apart possibly
from a set of measure zero).

Theorem 3.12. If u is an invariant measure on Q with W(Q) = 1, then for any
absolutely summable function g on €2, the limit

. T
llmT_mT/ g(o(t;x0,10))dt
0

exists for almost all x.
(For a proof, see [9]).
The results above assume the existence of a normalised invariant measure. The next

theorem of Kryloff and Bogoliuboff shows that this always holds for any compact
metric space.
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Theorem 3.13. In a compact metric phase space €2, there exists an invariant (nor-
malised) measure for any continuous dynamical system @ (t;x0,1).

Proof. Let [i be any normalised measure on Q (we can assume that fi(Q) = 1 by
compactness). Consider the linear functional

Lg= / ar [ g(0(5x0,0))ii(d0)

defined on C(€2). By the Radon-Nikodym theorem, any positive linear functional
can be represented by a measure:

L‘L’g:/gg(x)[.ir(dx)
- i/ordt/gg(ﬁb(f;xoﬂo))ﬂ(dx).

The set of measures is compact and so there is a convergent subsequence of mea-
sures {[i, } where 7; — oo. Let

un= limiﬂwufi .

The measure p can be seen to be invariant as follows. We must show that
; Lo .
limi_seo / dt/ g(o(t;x0,10)) A (dxo) =
Ti Jo Q
|
limi . / di / (0t +1'3%0,10)) i (dxo)
Ti Jo Q

for any g € C(€2) and all . This follows by Fubini’s theorem and a simple norm
estimate. m|

Now let G/(n) denote the set of all n x n (real) matrices with the usual operator
norm and let L= (IR; G¢(n)) denote the set of bounded, measurable functions defined
on R with values in G{(n), with the weak™* topology. If A(-) € L*(R; G/(n)), let A
be the ‘translate’ by s:

As(t)=A(t+s), forallz,seR.
Clearly, this is a linear operator on L”(R; G¢(n)) which we denote by Ty :
T;(A)(t) =A(t + ). (3.27)
Let A(-) € L*(R;G¢(n)). Then we define the set

¥ ={A("):s€ R}*
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where the closure is in the weak*-topology. By Alaoglu’s theorem, the set ‘Fj is
compact and it is clearly an invariant set, so {7} : s € R} defines a flow on ¥4 given
by (3.27). For each A(+) € ¥y we let @4 (¢) denote the fundamental solution of the
equation

x=A(t)x.

Then we obtain a flow T on ¥4 x R” by setting
Ts(A(),x) = (T5(A), Pa(s)x)

called the linear, skew-product flow (see [11]).

Now let 2( C L=(R;G¢(n)) be a shift-invariant weak*-compact set, let G(n,m)
denote the Grassmann manifold of m-dimensional subspaces of R” and let u be an
invariant normalised measure on 2 (i.e. 1(2() = 1). Then we say that a non-empty
subset X C A x R" is a measurable subbundle of 2 x R" if:

(a) there exists 2; C 2 such that u(2) = 1.

(b) each fibre B, = A N({A} x R") is a subspace of R”, for all A € 2; of con-
stant dimension .

(c) themap A — 2A; N({A} x R") = B, from A to G(n,m) is p-measurable.

If @4(1)B4 C B, (a) forall A € 2 and all 7 € R, then A is said to be invariant.
We can now state Oseledec’s theorem, which follows from the above considerations
(see [10]):

Theorem 3.14. Consider the family of linear, time-varying differential equations
x=A(t)x, AeACL”(R;Gl(n)), (3.28)
and suppose that |l is a normalised invariant measure on 2. Then there exist real

numbers By < By < -+ < Br, 1 <k <n, such that:
(a) there exists a basis {e;} of R" such that the numbers

1 1
limy e . In||@(t)er||, lim o . In||@a(t)e,|]
exist for all A in some shift-invariant set A1 C 20 with w(A) = 1 and belong to the
set { B}
(b) Let B, denote the set
1
B, ={(A,x) €Ay xR": x=0o0r liny_e , In||@s(t)x|| =B}, 1<r<k.
Then each B, is a measurable invariant subbundle of A x R", and
WXxR'=B DB, DD By.

Also, the limits are uniform in x.
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(c) For each A € 20, the Equation 3.5 is regular in the sense of Lyapunov, i.e.

k
limy . +ooln det®y (t) = Y. B, for all A € ;.

r=1

(d) For each A € 2y, the maximal Lyapunov exponent is [B.

3.6 Exponential Dichotomy and the Sacker-Sell Spectrum

Consider again the linear, time-varying differential equation, with a locally inte-
grable function A(+):
x=A(t)x. (3.29)

We say that the Equation[3.29has an exponential dichotonmy on an interval I C R if
there exists a projection P : R” — R" and positive constants C and € such that

[D(0)PD(s) || < Cexp(—et—s)), (1> 5)
[(1)(1 = P)D(s) V|| < Cexple(t—s)). (1<) (3.30)

for all s,¢ € I. We shall state a number of results, the proofs of which can be found,
for example, in [4]. First note that if A(-) = A is constant then has an expo-
nential dichotomy if and only if 6(A) (the spectrum of A) has no elements with zero
real part. Also, Equation 329 for time-varying A(-) has an exponential dichotomy
with P = I (=identity) if and only if it is uniformly asymptotically stable. (If € =0 in
we speak of an ordinary exponential dichotomy.) An important aspect of the
spectral theory of systems is reducibility, such as the existence of invariant subbun-
dles studied above. In the present case, we say that the system is reducible if
it is similar to a system of the form

= (Blo(t) Bzo(t) ) y=B(t)y (3.31)

where By, B, are of lower order than B. By ‘similar’ here we mean that there exists
an invertible continuously differentiable and bounded matrix function S(z) such that
the change of variable x = S(¢)y maps into (330). It is easy to see that S()
must satisfy the differential equation

The main criterion for exponential dichotomy is given by:

Theorem 3.15. ([4]) Suppose that A(t) is a bounded continuous matrix function
defined on the interval I C R such that it has k eigenvalues with negative real part
o < 0 and n— k eigenvalues with positive real part B > 0 for all t € I. Then for any
positive constant € < min(—ao, ), there exists 6 > 0 (depending on M, o, 3 and &,
where M = sup,;||A(t)||) such that if
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[JA(t2) —A(t)|| < 6 for |ty — ta] < length(I)
the fundamental matrix X (t) of (3.29) satisfies

IX(OPX ' (s)|| < Ke T8t —s), t>s
IX(0)(I=P)X\(s)|| < Le P e(1—s), s>1

where K, L are constants and P is the projection

(L0
p_<00).

Exponential dichotomy of (3.29) is related to the existence of bounded solutions of
the inhomogeneous equation

y=A(t)y+f(1). (3.32)

Let
141
M = {f: fislocally integrable and / |f(s)|ds is bounded in 7}
t

with norm

141
| f]lom = sup,zo/t |f(s)|ds.

Then 9t is a Banach space and we have:

Theorem 3.16. ([4]) The inhomogeneous equation in (3.6) has at least one bounded
solution for every f € M if and only if the homogeneous equation (3.29) has an ex-
ponential dichotomy.

Note also that exponential dichotomy is stable in the sense that small perturbations
of the coefficient matrix do not change the exponential dichotomy.

The concept of dichotomy can be extended to sets of differential equations. Thus
if the system & = A(¢)x has an exponential dichotomy on all of R, then so does the
equation y = B(t)y forall B€ ¥y = {A;(-) : s € R}*. Thus we say, more generally,
that if ¥ € L”(R;G{(n)) is a weak® compact, translation invariant set, then the
family of equations y = B(t)y for B € ‘¥ has an exponential dichotomy if there exist
constants K, € and a continuous projection-valued function B — Pp such that

||@p(1)-Pg- p(s) || < Kexp(—e(t—ys)), 1>s
||@p(t)- (I—Pg)- Pp(s) '|| < Kexp(e(t—s)), t<s

for all 1,5 € R, B € ¥. From the definition we have

Y xR'=w oW
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where the invariant subbundles W* and W* are given by
W) = {(A,x) € ¥y x R" : x € ImP4 (x € Ker Py)}.
We now introduce the Sacker-Sell spectrum of the system of equations
i = A(f)x (3.33)

forA(-) € ¥ C L”(R;G{(n)) (a weak*-compact translation invariant set). Then we
say that a point A € R is in the Sacker-Sell spectrum of the equations (3.33) for
A € W if the associated equations

i= (AT +A(t))x

do not admit an exponential dichotomy over 'F'.

Theorem 3.17. (See [11].) The Sacker-Sell spectrum of equations (3.33) is a finite
union of compact intervals (some of which may be single points).

Let UL, [a;, b] be the Sacker-Sell spectrum of (3.33). Define the sets

1
Wi = {(A,x) € ¥ x B : x = 0 or lim,_+.. Sl‘lﬁf <t1n|d>A(t)x|> € [ai,bi]}.

Then it can be shown (see [11]) that
¥ x R" =@k, W

in the sense that W; is a continuous invariant subbundle of ¥ x R". It will be seen
later that we can use the iteration theory of Chapter 1 to generalise these results to
nonlinear systems.

3.7 Conclusions

In this chapter we have considered the general theory of linear, time-varying sys-
tems, including existence and uniqueness of solutions, explicit expressions for the
solutions and stability theory. The general theory of eigendecomposition leading to
Oseldelec’s theorem and exponential dichotomy has also been covered. In the fol-
lowing chapters we will extend the ideas of this chapter to nonlinear systems using
the iteration scheme developed in Chapter 2.
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Chapter 4
General Spectral Theory of Nonlinear Systems

4.1 Introduction

The spectral theory of linear (time-invariant) systems is, of course, the most im-
portant aspect of control theory in classical feedback design, and historically this
was the approach taken by control engineers until the introduction of state-space
theory. The techniques developed in the past include Nyquist and Bode diagrams,
pole assignment and root locus methods. Frequency domain methods are therefore
extremely important, especially for the suppression of resonant vibrations in me-
chanical systems.

In this chapter we shall outline a general spectral theory for nonlinear systems.
First, a generalised transform theory is developed which can generate Volterra series
kernels directly using Schwartz’ kernel theorem, without the need of a (somewhat
arbitrary) definition of multi-dimensional Laplace transforms. This theory can then
be directly applied, by using the iteration scheme developed in this book to derive
a general spectral theory for nonlinear systems. We shall then briefly show how
to apply the same ideas to generalise exponential dichotomies and the Sacker-Sell
spectrum to nonlinear systems. We shall assume a basic knowledge of functional
analysis and distribution theory.

4.2 A Frequency-domain Theory of Nonlinear Systems

In this section we outline the methods of [1] and the resulting frequency-domain
theory of nonlinear systems. The systems which we consider initially are the bi-
linear ones of the form

X = Ax+uDx+ bu, x(0) = xo.

These systems are usually studied by means for the Volterra series (see, e.g. [2]), a
typical term of which is of the form

M. Tomas-Rodriguez and S.P. Banks: Linear, Time-varying Approximations, LNCIS 400, pp. 61
springerlink.com (© Springer-Verlag Berlin Heidelberg 2010
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1 T T
A /0 /0 Kk(tvrlu"' ,Tk)u(fl)"'u(’fk)dﬁ ...di’

where the kernel K has a number of different representations. In order to make this
look like a k-dimensional convolution, a number of subtle transformations are made
and then k-dimensional Laplace transforms are taken (see [2]). In this section we
shall use a direct way of obtaining these results which are valid for a much more
general class of inputs.

We begin by defining a very general frequency domain theory for nonlinear sys-
tems as given in [3]. Let L%[0,c0) be the Hilbert space of all measurable, square-
integrable, real-valued functions defined on [0,e0) and which are zero for r > T.
This is clearly a direct subspace of L?[0,0). Let S be a nonlinear causal system, i.e.
S maps L% [0,0) to itself for all T > 0. (For input-output stable systems, we can take
T = oo, i.e. [0,0).) Let § denote the Fourier transform, so that § is an isomorphism

L (—o0,00) — LP(—o0,00)

and § maps L30,e0) one-to-one and isometrically onto a subspace L3[0,0) of
L?(—oo,00). We define the transformed system S by

S(v) =S (v).
Thus, S makes the diagram

S
L%" [O7°°) L%‘ [O’CX’)

~, S ~
L%" [O’°°) L%‘ [O"x’)

commute. Note that if S is an analytic function on Z% [0,00) (i.e. has a conver-
gent Taylor series consisting of S and its Fréchet derivatives), then § is analytic on
L30,0), since § is linear and invertible. Thus we can expand S in a Taylor series:

where M; is an i form defined on L2[0,0), i.e. M; = L;(v,--- ,v) for some multi-
linear form L; : @', L2[0,c0).

Example 4.1. Consider the linear system given by

S: () = /Otg(t—r)u(r)dr.
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Then,
S:Y(io) = G(io)U (io)

so that § is simply multiplication by G(i®) or in integral form
Y(io) = / " (00— 0)G(i0)U(i0)do
with kernel distribution § (@ — @")G(i@").
Example 4.2. Consider the causal scalar distributed bi-linear system
% = Ax+ uDx + bu, x(0) = xo, x € L*(Q). 4.1)

The solution is given by the Volterra series

1
x(t) = eA’xo+/ A=) Bu(s)ds +
0
SN[ e mpan ..
i=170 70 0

<. DEMNT T2 DA U (1) () - - u(T)d T - - dT

i 1 T Ti—1 Ti
_|_2/ / / / At pAT-n)p. ..
i—1/0 JO 0 0

<. DM T52) DA ) by (1) )u(T) -+ (T 1 )Ty - - d T

where ¢/’ is the semigroup generated by A. The usual procedure for generating the
frequency-domain kernels is then quite subtle and requires consideration of different
types of kernel (e.g. triangular ones) — see [2]. Here we show that the theory can be
derived in a more general way and such that the resulting expression is true for
any input. Thus, consider the system (&) again and take the one-sided Fourier
transform (assuming the system is causal):

ioX(in) =AX(iw) + 2171 (U +DX)(iw)+ bU (iw) +x(0),

where * denotes convolution. Hence, if i@ does not belong to 6(A), we have
1
(1— 5 (0 —A) v *D) X(io) = (i —A) "' (bU (i®) + x(0)).

We shall suppose that A is a closed sectorial operator (see [4]), with dense domain,

so that
M

io—A) | <
I[(i ) H_|ia)—a|

for some real a and for all i@ in the sector

Sao=A:¢ <|arg(A—a)|<mA#a
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of the complex plane, where ¢ € (0,7/2). Thus, if U € L!(0,), then the operator
V defined by

vx = | (io—A) 1o (U (DX))

2r
satisfies
1VXll0mriay < 5 160 =) 10O 5,
< [ — 4y 0 Dl X2 ) .
< | a) (9151011112
<t |iw1_A| iy 1030 [Pl X3 10

M
4lal U1 (0,00) PNl 1X 1] 22(0,00.22 (2

by Young’s inequality (where # = Z(L*(£2)) ), so that we obtain the following
norm estimate for V:

M
VIl < 4ldl U1l 0.0 1P| 2222, -
Hence, if we assume that the input is bounded in the L' norm in by a constant

depending on the operator D and the number a,

4al

MU 11 (0.0 < 4.2)
EO=)= pm|D|

then
VI <1.

Hence, by the Neumann series (see [4]), we have
X=(I+V+V2EV3i4.906()—A) " bU(-) +x(0)).

Now we have the following equations which are to be interpreted in the sense of
distributions

! Young’s inequality is || f * g||1, < | fllz, g, where 1/r=1/p+1/g—1.
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1 )
VP(iw—A)"'bU = vap‘l(ia)—A)‘l/ U(w—)D(io; —A) " 'bU (o;)dw,

= (2;)2VP‘2(1'(D—A)‘1/;/;U(w—wz)U(wz—wl)U(a)])

x(ioy —A) " 'D(iw; —A) 'bdwyday

_ (Zi)p(iw—A)*I/:O.,./j;U(w—wp)U(wp_wpil)__,
U(an — o)U(oy) x D(io, —A)"'D---
D(ioy —A) " 'bdw; - do,

= (2;)[) [z . /7{: 5((1) - COp)U((Up — wp—l)U(COp_1 — a)p—Z)

Ul — oy)U(ay)(iw, —A)"'D
x(iwp—1 —A) " 'D--(iwy —A) " 'bdw; - dwy 1.

This gives the p” kernel

1 . IR -
Ky(o,--,@p11) = (2”)p5(wp+1—w,,)(za),,—A) 'D(iwy,—1 —A)"!
xD---D(io; —A)~'b. 4.3)

Of course, this approach required the condition (4.2); however, the solution may
be extended by infinite-dimensional analytic continuation. It does not require any
specific structure on the inputs (such as step functions, sinusoids, etc.).

In fact, the above result is a special case of a general theorem on the kernel represen-
tations of distributions which follows from the classical Schwartz’ kernel theorem:

Theorem 4.1. (See [5]) The space of distributions 2’ (X x Y) on the product space
X xY CR™ x R" is isomorphic to the set of continuous linear maps {K : C=(Y) —

7'(X)}.

The distribution K (x,y) € 2'(X x Y) corresponds to K : CZ°(Y) — 2'(X) under
this isomorphism, where Kv is the distribution on X given by

CC(X) 3 u— (K(x,y),u(x)v(y)),

which is usually written

(Kv)(0) = [ K(xy)vi)dy,
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(For example, 6(x—y) € Z'(X xY) and

8=y =)

and so & (x —y) is associated with the natural injection C;*(Y) — 2'(X).)
Now consider the analytic input-output map

S:L2[0,00) — L2]0,00)
and its (analytic) Fourier transform
S: Z%"[Oa‘x’) - Z%[Ov(x’)'

Writing Sina Taylor series gives

S(v) = EO“M[(V)
where 'N
Mi(v) = F'S(0) ()

i!
and F is the Fréchet derivative. Here, v\ = (v,--+,v) (i components). Thus, M;
determines a symmetric multi-linear form

M,‘(V],“- 7V,‘) EZ(A,X(A,--- ,.,%(A,A)-"))

where A = L2[0,0).
By induction from Theorem 4.1, we have:

Theorem 4.2. M; can be represented by a kernel distribution
Ki € 2/([0,%9) x [0,00) x -+ x [0,)).

For example, M, is given by
Ma(1,32)(@) = [ Ka(@,01,02)n(0n)2(02)dondon,

)
)

for some K, € 7'(]0,
Cz([0,)) — 2'([0,

00) X [0,00) X [0,00)), since K(w;,w;;v) induces a map K’ :
o) X [0,00)) given by
K'(v)(r, ) = K(o1,03v).
In the linear case, we have
Ki(op,m;)=306(w; —m)G(io)

and in the bi-linear one, (2.3) gives the kernel
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Ky(o, -, 0p11) = 8(wp11— 0,)(io, —A) " 'D(iw, 1 —A)"'D---D(ioy —A)~'b.

(This differs by the factor (2n ) » wWhich can be absorbed into the input terms u.)

We can now see how this works in the case of time-varying bi-linear systems of
the form
% = A(t)x +uD(t)x+ b(t)u, x(0) = xo € L*(RQ),

where A(t) is a sectorial operator for each r > 0 and D(¢) and b(¢) are bounded oper-
ators. Since the convolution algebra is associative we can take the Fourier transform
of the equation and write it in the form

i0X (i) = (A+X)(i0)+ . (UsD*X)(io)+ 21717 (b*U)(io) +x(0)  (44)

1
(2m)?
where

A=F(A®). D =F(D(1)) and b= F(b(r).
We assume that A exists in the strong sense, i.e. that
/0 T A(tve s € 12(Q)
forall v € ;59 Z(A(t)). Consider first the equation
i0X (io) — (A= X)(io) = S(io)
for some given S(iw). Define the operator I" by
(I'X)(io) = ioX (io) — (A= X)(io).

Of course, in the time-domain we have

x=A(t)x+S(t),x(0) =0,

- / '@, 1)s(v)d7
0

where @ is the convolution operator generated by A(t). Thus,

so that

)i < [ 1909 2@ Is(Dds.

We assume that @ is exponentially bounded, i.e.
O(t—
@, 7)|| 2(12(0)) < Ce (=7

for some C > 0 and some real 0. If € > 0, we have
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t
o e I

Let w(t) = e~ and let H,, = L2([0,0); L?>(£2)), the weighted L? space of all mea-
surable functions x(7) such that

- 1/2
[l = 1) |2 j0.00):22(02)) = (/0 628[||x(t)||iz(g)dt> < oo,

Then § is an isomorphism from H,, to ﬁw and by Parseval’s theorem,

o 1/2
i, = (| xé(@a) =1l

where .
Xelio) = [ e (0| e do.
0

Hence we have -
Ity <€ ) ot a
w 0

Returning to (1)), we have
I— ' P usbe)x = 1F_1E*U+F_1x(0)
(2m)? 2 '

IfX e ﬁw then we have

1 _
KX||5 < rY.=. |lUu HD’ X|| 5
KXz, < (21)2 I ||g(Hw) U121 (o) L o (L) 1X1lg,
where |
K= r-'usb
(27‘[)2 * *,
and so if | c
Ul oD !
(27:)2.9—9” ] o T
we have

KX < 1.

Hence, as before, we have the Neumann series

1 ~
X=(I+K+K*+--) ( F‘lb*U—H"_lx(O)).

2r

Consider the general term

l ~
. (r—lb U) .
& 2n :
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Note that we have the maps
C([0.00) © LA(R)) = L2([0.00):2(Q)) T 12,([0,00):2(@2))
@/([O’w) ®L*(R)).

Each map is continuous and so, by the kernel theorem, their composition is given by
akernel. Since the first and last maps are injections, this gives a kernel representation
of I'"!. We write this as

(r- 1X / Y@, o)X (iw;)do,

where ¥ € 2'(([0,0) x [0,0)) ® L*(£2)). We have

1
&= (2m)3

_ (271[)3,@4 / / /_”;ﬂa,,ws)ﬁ(ws_w4_a,3)y<a,37a,2)

Xz(a)Z - wl)U((J.)])U(a)4)da)lda)2 - dws

KP'r Y (U D) 'bxU

1 o o ~
= (2m) /_w---/_mv(w,abpu)D(abpu—a>3p+1—w3p)7/(w3p,w3p_1)

~
3p+2

D(@3p-1 = @32 — 3,-3) - V(@ 05)D(0s — 0 — @3)Y(@3, )
xb(0 — 1)U (@3p1)U(@3p—2) - U(@s)U(@1)dwr - dp .

The case of general nonlinear systems can be approached by Lie theory (see
[3]), or by using the sequential approach developed in this book. We shall use the
latter course and just present the formal manipulations (for more details see [1]). For
simplicity we consider the unforced finite-dimensional case - the general distributed
input-output theory is similar. Thus, consider a nonlinear dynamical system of the

form
i = (Ag+A'(x))x, x(0) = xo

for some time-invariant matrix Ag. Introduce the sequence of systems
(1) = (Ao + A" (" (0)))x (1), x(0) = xp, i > 2

and
Al(e) = (Ag+A(x0))x (), x!1(0) = xo.

Taking the Fourier of the i* equation gives

ioX(io) —xg= (A0+ Z;Av’[il](iw)*> X (iw)
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where - denotes the Fourier transform and * is the convolution operation. Hence, as
before, we can write

X (i) = ((ia)l—Ao)_l + 2171 (il —Ag)"! / T A (i) (i(o — @) — Ag) !

1)* e -
dco/+<2n> (iol —Ag)~! / A (i0") (i(0— ") —Ag) -

| A0 (i(w— o~ @)1 - Ao) ' dofda+ --)x<0>

provided the operator L given by
(LX) (i) = ;ﬂ(ia)I—AO)_l [ i0) « X (i0)
is bounded by 1. Thus we have, for the spectrum X (iw) of the nonlinear system,
X(io) = limp_.X"(iw),

where

XW(iw) = i ( 2;) . ((icol —Ap) A (ia))*)k (io] —Ag) ' x(0)
0

and
A (i) = F (A“(x[k—ll(t))) .

For the convergence proof of this sequence, see [1].

4.3 Exponential Dichotomies

In this section we shall generalise some results on exponential dichotomies to non-
linear systems. Recall that an exponential dichotomy for a linear, time-varying sys-
tem

x=A(t)x

on an interval J C R is given by a projection P and constants K and ¢, 8 such that

IXOPX ()] < Ke @1 > s

IX ()= P)X ' (5)]| < Ke e 5 > 1.

We shall state some results from Coppel [6] which we shall generalise here. From
these ideas it is clear that many other results can be generalised in a similar way.
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Lemma 4.1. Consider the inhomogeneous equation
x=A(t)x+f(1).

This equation has at least one bounded solution, for each locally integrable function
f for which f,’“ |f(s)|ds is bounded for all t > 0, if and only if the homogeneous
equation

x=A(t)x

has an exponential dichotomy.

The property of exponential dichotomy being preserved under ‘small’ perturbations
is called roughness. Then we have

Lemma 4.2. Suppose that the system
x=A(t)x
has an exponential dichotomy with constants K and ., then the system
X=A(t)x+B(t)x
also has an exponential dichotomy provided

& 2 sup|[B(1)||

>0

satisfies
8 < o /4K

Lemma 4.3. Let A(t) be continuous and bounded (i.e. ||A(t)|| < M) and suppose
that A(t) has k eigenvalues with real part < —ot < 0 and n — k eigenvalues with
real part > —B > 0 for all t in some interval J. Assume also that for all € > 0
(e <min(e, 3)), there exists 6 such that

[A() —AM)|| < 6 for [o—t| <h, ti,;n €T
where h is a fixed number < length J. Then the linear system
x=A(t)x
has an exponential dichotomy on J with constants ot — €,3 — €.

Thus, if A(¢) is continuous, bounded and of bounded variation and has the spec-
tral properties in the statement of the lemma, then the system has an exponential
dichotomy.

Now consider the nonlinear equation

x=A(x)x (4.5)
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(which we assume has a unique solution defined for all #). We denote, as usual, the
solution of this equation through (xo,%) by x(#;x0,%). We say that the system (4.1)
has an exponential dichotomy on an open set O C R” if there exists a projection P
and constants K, o, § > 0 such that

HX<XO’,O>(t)PX_1

(x0,t0

>(S)H <Ke ™) t>5 ste T o) (D)

Hx(xom(z)(l—P)X*‘m)(s)” <Ke PO s >1, 5,0 € Ty 1) (O)

(%05

where X is the fundamental solution of the linear, time-varying system

x0:0)

X =A(x(t;x0,10))x, x(tp) = X0 (4.6)

and T, ,1(9) is the set of times for which the solution through (xo,) lies in O.
We shall say that the system (4.1) has an exponential dichotomy in some region
R C R" if there exists an open cover of YR such that it has an exponential dichotomy
on each open set of the cover. Many results of the types of Lemmas 4.1-4.3 can be
generalised to nonlinear systems — since the ideas are the same we shall just give a
generalisation of lemma 4.3.

Theorem 4.3. Consider the system
X =A(x)x, 4.7)

and assume that A(x) has eigenvalues off the imaginary axis for all x in the open
set O. Suppose that A(x) is Lipschitz continuous and that the solutions of () are
bounded for initial states in the subset O C . Then the system (4.7) has an expo-
nential dichotomy on any compact subset of 9.

Proof. This follows directly from the iteration theory together with an application of
Lemma 3.3 coupled with the roughness property of dichotomy. O

Finally we also note the following result on the Sacker-Sell spectrum (see Chapter
3 for a discussion of the Sacker-Sell spectrum): suppose that £ C R” is a compact
invariant set for the flow of this dynamical system and consider the set of approxi-

mations ‘ ‘ ‘ ‘
2l = A(0),x0)x (1), 2(0) = xo

and
2001 = A1), x0(0) =0

where xp € 2. (Here we have shown the explicit dependence of the systems on x.)
We have
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Theorem 4.4. Let A C L= (R;GL(n)) be the set
A={A(x) :x € Q}

and let U be a normalised invariant measure on 2. Then there exist real numbers
Bi < Ba < < B, 1 <k <n, such that:
(a) There exists a basis {e;} of R" such that the numbers

. . 1
limjeoliny e , In| Dy i (Derl],
. . 1
lim_oolimy o . In|| Dy (i) (t)er]|
exist for all A in some shift-invariant set A} C 2 with u(A) = 1 and belong to the
set { B}
(b) Let B, denote the set
B, ={(A,x)eA; xR":x=0o0r
. ; 1
lim;—eolimy e , lnH(DAx[,-](.)(t)xH =B},
1<r<k.

Then each B, is a measurable invariant subbundle of A x R", and
A XR'"=B,dB, BB By.

Also, the limits are uniform in x.
(c) For each A(-) € Uy, the equation

x=A(t)x

is regular in the sense of Lyapunov, i.e.
k
limy . +eoln det®y (1) = Y. By for all A(-) € ;.
r=1

(d) For each A(-) € 21y, the maximal Lyapunov exponent is .

4.4 Conclusions

In this chapter we have outlined a general spectral theory for nonlinear systems,
based on the iteration scheme. We have seen that many results for linear spectral
theory can be generalised to nonlinear systems. In particular, the theory of Volterra
kernels has been shown to be derivable easily from a function expansion and then
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generalised to nonlinear systems. Moreover, the theory of exponential dichotomy
and the Sacker-Sell spectrum have also been generalised to nonlinear systems.

The Volterra kernels can be used, along with some elementary algebraic geometry
to define the poles and zeros of a nonlinear system (see [7,8]), but they are algebraic
manifolds in an arbitrarily high dimensional complex manifold and so are difficult
to apply practically. They do have some theoretical importance and,as shown in [7]
we can define a nonlinear root locus technique. The present methods described in
this chapter, however, are much more easily applied and so are likely to be more
useful in general systems theory.
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Chapter 5

Spectral Assignment in Linear, Time-varying
Systems

5.1 Introduction

Pole placement is a well-known tool in designing control for linear systems. It be-
longs to the class of so-called feedback stabilisation methods. Basically, the aim of
this approach is to design a controller so that the closed-loop poles of the plant are
assigned to some desired locations chosen according to some specific stability and
performance criteria.

Several authors have approached the pole placement idea for general nonlinear
systems in the past. Most of these techniques have in common the idea of linearising
the nonlinear system about a countable set of equilibrium points and finding a sin-
gle controller that will stabilise each member of the finite countable set (see [2]] for
an example). Of course, these approaches present some difficulties as for example
the impossibility of deciding a priori whether or not a set of three or more sys-
tems is simultaneously stabilisable [3]. On the other hand, in the area of nonlinear
systems too, and having its origins in the geometric control theory, exact feedback
linerisation with pole placement is achieved by following a two-step design method
[38]: first, a simultaneous implementation of a nonlinear coordinate transforma-
tion and a state feedback law is obtained in order to transform the original nonlinear
system into a linear one in Brunowsky canonical form. The second step is the appli-
cation of the already established pole placement methods for linear time-invariant
(LTT) systems. However, the first step is very restrictive as involutivity conditions
arise and these are hardly met by any physical system of order higher than two.
There have been later attempts to obtain both feedback linearisation and pole place-
ment objectives in just one step [40].

In this chapter, the classical idea of pole placement for LTI systems is extended
to a general pole placement technique applicable to time-varying systems and hence
with the aid of the iteration technique presented in here, ultimately to nonlinear
systems in a general form.

Most systems arising in practice have time-varying parameters which will affect
the performance of a system which has been designed for some nominal parameter

M. Tomas-Rodriguez and S.P. Banks: Linear, Time-varying Approximations, LNCIS 400, pp. 75
springerlink.com (© Springer-Verlag Berlin Heidelberg 2010
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set; this happens for example, in the aerodynamic coefficients of high-speed air-
crafts, circuit parameters in electronic circuits or diffusion coefficients in chemi-
cal processes. Time variation may arise too as the result of linearising a nonlinear
system about a family of operating points and/or about a time-varying operating
point [12].

In our case, the time-varying characteristics arise once the iteration technique
is used: the application of this technique to a nonlinear system of the form x =
A(x)x+ B(x)u,xo = x(0), leads to a sequence of time-varying systems that will be
individually treated with linear techniques of pole placement. Pole placement for
LTI systems has been for a long time the object of diverse studies: some of them
were based on the well-known Ackerman’s formula [13]], some others approached
the pole assignment problem by using a periodic output feedback ([14} [13]) for
second order systems or even arbitrary order as in [16].

The original pole placement method for LTI single-input, single-output (SISO)
systems was first extended to time-varying systems by [[18]] using a canonical repre-
sentation of the original system. Since then, it had been several contributions by dif-
ferent authors to develop pole placement techniques for linear time-varying (LTV)
systems: some of them are complex in their formulation or rely on transformations
of the original system into controllable canonical forms (i.e. Frobenius and Hessen-
berg forms) with an external input and subsequently the employment of linear pole
placement techniques ([18, [19, 20, 21} 22 23] 24} 23], to embed the pole place-
ment problem within the more general problem of eigenstructure assignment as in
[341 351 [36]] or derived pole placement algorithms via Sylvester’s equation [29].

Also, many pole placement techniques for LTV systems require the computation
of the characteristic polynomial coefficients for either the original or the new state
matrices or the eigenvalues of the original system matrix: in [26] Blanchini intro-
duced a method that removes this requirement for SISO systems by using an inter-
mediate transformation to a bi-diagonal Frobenius form. This was then extended to
LTV systems in [27]. Nguyen in [28] introduced the Frobenius transformation for
time-varying systems; however, this treatment requires that the characteristic poly-
nomial coefficients of the desired behaviour be computed as well as the complete
Frobenius transformation of the system. Most recently, Valasek et al. ([30, 311, [32])
initiated a series of publications related to the eigenvalue placement problem based
on the extension of Ackerman’s formula to time-varying SISO and later to time-
invariant and time-varying multi-input, multi-output (MIMO) systems in which the
eigenvalue placement was based on the equivalence of the closed-loop original sys-
tem via a Lyapunov transformation to a LTI system with poles at prescribed loca-
tions.

It should be pointed out that an important limitation of the pole placement algo-
rithm is the lack of guaranteed tracking performance. This topic is treated in more
general output feedback approaches. A typical remedy for this involves the incor-
poration of the internal model principle into the control law design ([41] and [43]])
or the inclusion of integrators into the loop. This issue will not be addressed in this
chapter, since pole placement design is the main interest here.
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The contents of this chapter are based on a combination of the classical pole
placement approach for LTI systems, extended to LTV system such that certain sta-
bility conditions are satisfied and the iteration technique. The objective is to develop
a methodology such that the stability of a nonlinear system of the form (3.1)), can be
achieved by using pole placement tools on a sequence of LTV systems that represent
the original nonlinear system:

x=Ax)x(t)+B(x)u(t), x(0)=xp

y = C(x)x(t) + D(x)u(t). (5.1

Replacing the nonlinear system (3.1) by a sequence of LTV systems, a sequence of
feedback laws of the form ull(r) = KU/ (r)xl!/(¢) can be generated and for each of
them the closed-loop poles for the i LTV system at each time of the time interval
are allocated to some desired location ¢ = (14, - - - A,,q) where each A; can be time-
varying or constant.

It is well-known that LTV systems can be unstable despite having left-half plane
poles; that is, for time-varying systems, poles do not have the same stability meaning
as in the time-invariant case, so the allocation of the pole in the left-hand side plane
does not guarantee the stability of the closed-loop plant. In order to overcome this
problem an approach to stability using Duhamel’s principle is presented in Section
and some conditions based on differentiability of the eigenvector matrix are
derived.

From the convergence of the sequence of LTV solutions, by choosing the K y (1)
feedback gain corresponding to the i’ iteration and applying the limiting value to
the closed-loop nonlinear system, the pole placement and stability objectives are
achieved for a wide variety of nonlinear cases. This generalisation to nonlinear sys-
tems is given in Section[3.4] followed by a numerical example. Section[3.3 contains
a practical application of this theory.

5.2 Pole Placement for Linear, Time-invariant Systems

Consider an open-loop LTT system of the form:
X =Ax(t)+Bu(t), x(0)=xp (5.2)

y=Cx+Du

where x(¢) € R" is the vector of the measurable states, u(r) € R™ is the control
signal and A, B, C are constant matrices of appropriate dimensions. If the pair (A, B)
is controllable, then the LTI system (5.2)) can be stabilised by designing a linear state
feedback control law:

u(t) =r(t) — Kx(t), (5.3)
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where r(t) is a vector of desired states and the matrix K € R™" is chosen so that the
spectrum of the closed-loop system matrix is allocated arbitrarily on the left-hand
side of the complex plane.

The closed-loop representation of the system is of the form:

x = Ax(t) — BKx(t) + Br(t) = (A — BK)x+ Br(t). (5.4)

The eigenvalues of a system determine the decay/growth rate of the response in LTI
cases, i.e.:

N
x(t) =Y e*'x;(0) (5.5)
i=1

so by ensuring they are placed in the left-hand side (or inside the unit circle in
discrete cases, |z| < 1), the response x(¢) is guaranteed to decay to zero (only in
time-invariant cases). The pole placement control problem is to determine the value
of K such that the desired set of closed-loop poles is achieved. In the regulator
problem the reference signal is set to be zero, r() = 0 and therefore the feedback
control (33) is now u(t) = —Kx(r). The aim is to allocate the poles of the closed-
loop matrix (A —BK ) on the left-hand side such that the state x() is now driven to
Zero:
if Re{eig(A—BK)} <0 — lim_{x(t)} =0.

We next consider the algebraic solution of the pole placement problem. For ex-
ample, if the system is two-dimensional (n = 2) with r(r) = 0, the feedback gain
K = [ki,kz] can be designed conveniently in order to place the closed-loop poles
anywhere in the left-half plane (or inside the unit circle |z| < 1; in the discrete-time
case) by using the eigenvalue placement theorem (known as well as Ackerman’s
formula). Thus the control u(¢) designed in this way will drive the system response
from a set of initial conditions x(0) to zero as t — co.

D

Reference

Signal r(z . +

gnal r(1) N Y B 4‘*’ x I x C +

T \ + Output
Signal y(1)

u(®)=K(x(1)-r(t) A
Feedback

Fig. 5.1 Diagram of the pole placement design

Theorem 5.1. For a state controllable system (A, B,C, D), given any n'* order poly-
nomial,
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PlA)y=A=ADHA -2 (A =2 =A"+a? A"t ald +af

with real coefficients afi, there exists a real matrix K such that the closed-loop ma-
trix (A — BK) has P*() as its characteristic polynomial. Hence, the feedback gain
matrix K is determined by the condition:

A-I—A+BK|=P'(1)=0
where ll-“{ are the desired eigenvalues for a i'"-dimensional system.

Proof. Let y(s) = s" +a,_15"~' +--- 4+ a1s + ag be the characteristic polynomial of
(2. As (A, B) is controllable, there exist a non-singular transform matrix 7, so that

0 1 0 0
0 1 0 0
A=T'AT,.=| : = = - |, B=T/'BI,= :
o o0 o0 - 1 0
—ap —ay —az -+ —dp—| 1
Then K = [ao —al,ay—af, - a1 — aﬁ_l] T. ensures the characteristic polyno-
mial of (A—BK)is A" +ad A" '+ +afd+al. |

For an adequate selection of the desired eigenvalues lid , it is convenient to keep
in mind the fact that controllability slips away as the poles are moved closer to
the zeros producing zero-pole cancellations inside the transfer function. The design
strategy should be done in a way that improves only the undesirable aspects of the
open-loop response and avoids large increases in bandwidth produced by too large
negative eigenvalues (or too far inside the unit circle). This approach will be used in
the following section to determine a control law ull (¢) for each linear time-varying
system of the sequence of linear time-varying equations, so that each of their solu-
tions x! (r) will converge to zero.

This pole placement method for LTI systems is a well-known technique in control
due to its simplicity and versatility of applications: it has been used in areas such as
control and stability of aircrafts ([44] 43]]), helicopters [49], missile autopilots
and more recently some of these ideas have been applied to the correct and precise
positioning of storing devices as CDs or DVDs [50] where linearised models of the
plant were used.

5.3 Pole Placement for Linear, Time-varying Systems

In this section the LTI pole placement method will be extended to LTV systems of
the form:
x(r) = A(t)x(t) + B(t)u(r), x(0)=xg (5.6)

y(t) = C(t)x(t) + D(t)u(t).
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where x(7) € R" is the vector of the measurable states, u(¢) € R™ is the control signal
and A(t), B(t), C(t) are time-varying matrices of appropriate dimensions.

As summarised in the introduction, there have been several attempts from differ-
ent authors to design pole placement techniques for LTV systems, see as an example
([18], (131, [16]) and references within. In our case, the pole placement method for
LTV systems has been kept as similar as possible to the standard LTI case; that is,
given a set of desired stable eigenvalues, ¢ = (414 Ayq) and a time interval [0,1],
the aim is to place the closed-loop eigenvalues of at those desired points at each
time of the interval by using a convenient state feedback control u(t) = —K(#)x(t)
where the feedback gain K(7) is a time-dependent function.

Remark 5.1. For simplicity, it is assumed that C(t) = I and D(t) = 0; it is possible
to generalize to other cases.

Given that the pair [A(t), B(t)] is controllable for all # € [0, T], the eigenvalue place-
ment theorem is applied to (3.6) as in Section 3.2

det[A -1~ [A(t) = BOK(1)]| = (A = Aia) - (A = Ana) (5.7

and by solving this algebraic expression (5.7), the time-varying feedback gain K (¢)
can be determined so that the closed-loop form of the system (5.6) will now be of
the form

i(r) = [A(r) = B(t)K (1))x(r) = A(1)x(r) (5.8)

with stable eigenvalues on the left-half plane at (A; -+ A,) = (A1g+ -+ Auq). In order
to guarantee stability of the system (5.6)), further issues should be taken into account.
It is well-known that for linear time-varying systems, the fact of having the closed-
loop poles on the left-half side of the plane is not a sufficient condition for stability.

We next consider necessary and sufficient conditions for exponential stability of
LTV systems with negative eigenvalues will be derived and these results will be
extended for the nonlinear case. In most LTV cases, stability is not achieved only
by allocating the closed-loop poles at the desired values ¢ = (414, -+, Ayq) On the
time interval [0,7] but also by satisfying some additional conditions.

The need of additional conditions for stability of LTV systems is a topic fre-
quently covered in the literature; some of the approaches rely on the slow variation
of time parameters [17], some other in the existence of a triangular transformation
of the system’s matrix, just to mention a few.

In our case, having in mind that the matrix A(¢) already has negative eigenval-
ues due to the solution of the algebraic equation in (5.7), some other conditions for
stability of the closed-loop system should be satisfied, these conditions can be
summarised in the following theorem:
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Theorem 5.2. Given the open-loop LTV system x = A(t)x(t) + B(t)u(t), xo = x(0),
whose closed-loop matrix A(t) = A(t) — B(t)K(t) has designed lefi-hand plane
eigenvalues 6 = (Aiq,...,Auq) via the feedback signal u(t) = —K(t)x(t) and as-
suming the following conditions to be satisfied: _

(a) g4 is the real part of the greatest of the eigenvalues of A(t)

(b) The matrix of eigenvectors, P(t), is differentiable

(e) 1P (0)P0)| < B i
for B < Re(A14) the closed-loop system % = [A(r) — B(t)K (1) x(t) = A(t)x(¢) is ex-
ponentially stable.

Proof. The system (5.8) can be solved over any given time interval [0,7] using
Duhamel’s principle: the time interval can be divided into N subintervals of length
h, such that h =t /N — 0 when N — oo, such that:

x(t) = Limy o (eA[Nhlh L AW=DmR ALkl ~I~x0> (5.9)

Now, the similarity transform M(z) = P(¢)A(t)P~'(¢) can be applied to the closed-
loop matrix A(r):

x() = (PyeA M) - (Pyy DL ) L (ReAPT) g (5.10)

where A(t) € C"™" is a diagonal matrix of desired eigenvalues and P(¢) € C™" is
the time-varying matrix of correspondent eigenvectors. O

Remark 5.2. Py is P(t) at time t = Nh .

Remark 5.3. A(t) is considered to be time-varying to generalise the results of The-
orem In here, it is considered to be constant as the desired eigenvalues were
taken to be constant.

The second assumption was that P(r) was differentiable, therefore its Taylor expan-
sion will be of the form:

dP(t) K> d*P(t)

P(t+h)=P(t)+h 5.11
(t+h) (t)+ dt + o dt (5.11)
Neglecting high order terms and noting that ‘”;Et) =P(1):

P(t+h)=P(t)+hP(t) (5.12)

Then, multiplying (5.12) by P(t +h)~":
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P(t+h)""P(t+h) =I=P(t+h)""P(t) +hP(t+h) "' P(t)]
= P(t+h)" " [P(t) +hP(t)]

we have that
P(t+h) " = [P(t)+hP()] .

Therefore,

P(t+h)""P(t) = [P(t) + hP()] "' P(e) = [P(t) " (P(t) + hP(1))]

and so,
P(t+h)""P(t) = [1+P(t)""hP(1)] '

andas (14+a) ' =1—a+---, this can be written as:
P(t+h)"'P(t) = [I-P(t) 'hP(1)] (5.13)

and,
[P(t+h)""-P(t)] =I+¢(h) (5.14)

where € = o(h), so that e — 0 as h — 0.

Thus (3.10) becomes:
x(r) = Py - AV (1 g) ANZDRR (14 gy Alklpy ]y, (5.15)
Taking norms of the above a bound on the norm of x(¢) can be estimated by,
@)1 < [[Pwl] - 1L+ )Y [1P1]] - ][l (5.16)

and taking into account that

||8A1‘H < eRe(—)Lmax)t

where Auqy is the eigenvalue of the matrix A with largest real part, then for A,q, =
AMa
—A
@I < N[l - [T+ )Y - [|Pr]] - =M1 - |xol|. (5.17)

Now, it was shown in (5.14) that £(h) = —hP~'(¢)P(t), so
1 +ell = [[I —hP~'P(t)|| < L+h[[P~H(0)P(1)]].

By assumption 3 in Theorem 5.2 the expression ||P~!(¢)P(t)|| is bounded by 3,
and so
1 +e(h)|| < 1+ hpB.

Thus,
[lx(0)]] < [[Bw]] - (1+RB)Y - [[Py]] - e H1a - |[xo|
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and
(1+hB)N = <1+BI)N—>eﬁ’

SO
()11 < 11Pw]| - P~ |2y Lol .

Analysing this for exponential stability, Py, P;, and xo are constant values, so
¢B~ha) —, 0 is required:

B 0 (B Aug) <0 — B < [Aal- (5.18)

That is, for exponential stability, the closed-loop eigenvalues A, should be chosen so
that the greatest of them A, satisfies (3.18)) which represents a compromise between
the upper bound of the rate of change of P(r) and A,,.

Example 5.1. Consider the dynamical equation of the single-input LTV system:

e 20 0
()= 0 2e" | x(t)+ [ 1 |u(). (5.19)
1 01 0

This example was first introduced in [30], and where a different method
of pole placement by state feedback and derivative state feedback respectively was
applied. In this example the time interval will be divided in N steps of size & (h —
0), and Duhanmel’s principle applied. The set of desired eigenvalues is ¢ = (—
8,—5,—7) and the initial conditions for the states vector is x(0) = [0.3,-0.2,0.1].
The transient components of the response are shown in Figure 3.2} These transient
responses show the same characteristics as the results obtained in where state
feedback was used and the gain of the feedback K(¢) was designed via Lyapunov
transformation of the original LTV system. The control law u(r) = —K (¢)x(¢) that
sets the poles at the indicated location is shown in Figure In addition to these
results, the matrix of eigenvectors P(¢) was calculated at each step of the simulation,
and an estimation of €(h) = [P(t +h) ™' - P(t)] — I was obtained as in (5.14) as a way
of testing differentiability of P(¢): Figure [5.4] shows the performance of € at each
step of the time interval and it is shown how it goes to zero as expected according
with the theory stated in this section.

In this example it has been shown that once the pole placement algorithm has been
applied, exponential stability is attained as the conditions in Theorem[5.2] are satis-
fied. In fact, in order to strengthen this idea, the differentiability of P(r) condition 2

in Theorem[5.2] can be estimated by the quantity P(Hh})l_P(t) , and Figure 3.3 shows
how this condition is satisfied, confirming in this way the exponential stability of
the system. Now consider a necessary condition for the differentiability of P(¢). It
was shown above how the exponential stability properties of the closed-loop system
relied upon the satisfaction of conditions 1-3 of in Theorem[3.2] These conditions
were sufficient conditions for stability. In this section, a necessary condition for
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xl(t) 0.4
0.2
0 ,,,,,,,,,,,,,,,,
-0.2
-0.4
0 0.2 0.4 0.6 0.8 1 12 1.4 1.6 1.8 2
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0
-1
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0 0.2 0.4 0.6 0.8 1 12 1.4 1.6 1.8 2
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0.15
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0
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Fig. 5.2 Controlled components xj (z), x> (¢) and x3(7)

Control 20

u(t)

-20

-30

-40

-50

t (sec)

Fig. 5.3 Control u(r) = —K(1)x(t)

stability will be derived. This condition is given in terms of a differential equation
which places restrictions on A(¢), K(¢) and P(r). A necessary condition for stability
is stated in the following lemma:
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Epsilon

0.2

0.15

0.1

0.05

t (sec)

Fig. 5.4 &(h) at each point of the time interval

Differentiability
of P(t)

t(sec)

Fig. 5.5 Differentiability (P(t +h) — P(t))/h at each point of the time interval

Lemma 5.1. The differentiability of the matrix of eigenvectors P(t) (and A(t), B(t),
K(t) and A(t)) imply that the following equation is satisfied:
[A(t) = B(1)K(1) - B(t)K(1)]
=P(t)[A(t) = AP ()P(t) + P ()P(1)A(t) [P~ (1),  (5.20)

where A(t) is the diagonal matrix of eigenvalues of A(t) and K(t) is the feedback
gain designed for stable closed-loop poles.

Proof. Consider two nearby time points, ¢ and ¢ + h, and evaluate the similarity
transforms at those points keeping in mind that the matrix A (¢) is a diagonal matrix
containing the eigenvalues of the matrix [A(t) — B(t)K(t)] = A(t):
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P (1) [A() ~ BOK(D)]P() = A1) (5.21)

P Yt +h)[A(t+h) —B(t+h)K(t+h)|P(t +h) = A(t +h) (5.22)
as in (3.I0) and assuming the differentiability of A(¢),B(r) and K(¢). Then,
At +h) =A(t) +hA(t) + ...
B(t+h)=B(1)+hB(1) + ...
K(t+h)=K(t)+hK()+...
and by the differentiability of P(¢) and (3.13);
P lt+n)=P (1) —hP 1 ()P(t)P (1)
it follows that (3.22) can be written as

A(t+h)=[P1 ()= hP~'(1)P(1)P~(1)] - [A(t) + hA(1)

—(B(t)+hB(t)) - (K(t)+hK(t))] - [P(t) + hP(t)] = A(t) + hA(1).
Expanding and rejecting high order terms yields:

A(t)+hA(t) = [P~ (t) —hP~ ' (1)P(t)P~ ' ()] - [A(r) + hA(r) — B(t)K (1)
—hB(t)K(t) — hBK(1)] - [P(t) + hP(1)]

Taking into account that
P~H(1)[A(r) = B(t)K(1)|P(r) = A(1)

nd
: P Y ()h[A(t) — B()K ()] P(t) = hA ()P~ (1) P(2),

(323) can be written as:

A1) +hA(t) = A(t) +hA ()P~ (1) P(t) — hP~ 1 (1) P(1)A(r)
t

+hP V(1) [A(r) — B(1)K (1) — B()K ()] P(1). (5.24)

Dividing by & on both sides a differential equation in A (¢) is obtained:
At)=P7 (1) [A() = B(t)K (t) - B(t)K(1)| P(t) + A (t)P~ " (1) P(t) — P~ (1) P(1) A ()

or
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Multiplying on the left by P~!(¢) and on the right by P(¢), then:

[A(t) = B()K(1) — B(t)K(1)] = P(t)A()P~' (1) = P(t)A ()P~ ' (1) P(t)P~ (1)
+P(O)P L ()P)A ()P (1) (5.25)

S0,

To summarise: if P(¢), A(t), B(t), K(¢t) and A(r) are differentiable (which is re-
quired in order to prove Theorem[3.2] then (5.25) must be satisfied. If it is not, then
Theorem[3.2] does not strictly apply. However, as shown in the following example,
P(r) may not be differentiable at a discrete set of points of the time interval ¢ € [0,¢]
and the result will still hold.

Example 5.2. Given the following LTV open-loop system:

£ = <ec:(t) log {;Lz} )m) + G>u(z), x(0) = (8:2)

The aim is to set the closed-loop poles at ¢ = (—8, —6). When the pole placement
method is applied as in the previous example, it can be seen in Figure that
despite the poles being placed at the designed location, the shape of the response
shows a discontinuity along the time interval and so does the designed control u(t) =
—K(t)x(t), Figure 3.7

Plotting the profile of (/) as in the previous example, it can be seen it reflects
the two discontinuities at times ¢t = 1.1s and ¢t = 2.68s, where the condition for
differentiability of P(r) fails. In Figure an estimate of the differentiability of
P(t) is shown, it is represented by the quantity P(Hhi)fp(') calculated at each step
h of the time interval. As expected it shows two discontinuities along the interval
[0,7], the first one happening at = 1.1s and the second one at r = 2.68s, it does not
show a smooth decreasing profile. On the other hand, if now the location of the poles
is changed to be i.e. 0 = (—12,—10), Figures 5,10l and 5.11] show the components
of the response and the control law for this choice of left-hand side poles.

This time it can be seen how the discontinuities in the stable responses and the
control after the pole placement are smoother than in the previous case. The plots
of epsilon (k) in Figure and differentiability of P(r), P(Hh})l_P(t) in Figure
B 13 clearly show smaller discontinuities too, verifying the existence of the relation
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Fig. 5.6 Components of the response x(7), x5 ()
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Fig. 5.7 Control u(r) = —Kx(t)

between P(r), A(t), A(r), B(t) and K(¢) as indicated in (5.25). As the desired poles
have change, so did A (¢) and consequently K(¢) and P(¢) and its differentiability.
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5.4 Generalisation to Nonlinear Systems

In this section an approach to the problem of pole placement when the system under
consideration is nonlinear is presented. A nonlinear system of the form:

x=A)x(t)+Bx)u(t), x(0)=xo (5.27)

where A(x) € R™ B(x) € R™", u(t) is the control signal and x(0) = x( are some
given initial conditions. (3.27)) can be written as a sequence of LTV systems:

A = AGo) " (1) + Bxo)ul (1), 2" (0) = xo
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(5.28)

= AN (1) + B )l (), x1(0) = xo.
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Applying the ideas introduced previously in Section[3.3] for some given choice of
closed-loop poles, i.e. 6 = (A14, - Ana), @ sequence of feedback control laws of the
form ull (1) = —KU(£)x1)(r) can be generated at each iteration i, each of these K/
is the feedback gain obtained to ensure stability on each of the iterates closed-loop
forms:

A = [A(x0) = Blxo) K (0)1x (1), x1(0) = xo.

(5.29)
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As before, the eigenvalue placement theorem can be applied to each of these systems
(5:29) being the set of desired poles 0 = (414, - - A,q) the same for each iteration:

det[A -1 —A(xo) + B(xo) K" (1)] = (2 = A1a) -+ (A = Ana)

: (5.30)
det[A -1 — AU (@) +BETI)) KT 0)] = (A = Mig) -+ (A — Aa)-

Therefore each iterated equation of the sequence of LTV closed-loop systems
will be exponentially stable provided the conditions from Section 5.3, are satisfied.
After a finite number of iterations, the solution x'/ (1) converges to the nonlinear
solution x(r). Then, the correspondent feedback K (r) that stabilises the /"’ sys-
tem, can be applied to the original nonlinear system in order to satisfy the stability
requirements for this nonlinear closed-loop:

i = [A(x(1)) = Bx(t) K (0))x(1),  x(0) = xo

provided that the desired eigenvalues ¢ = (A;,---A,) are chosen to be far on the
left-half plane as stated in Section 5.3}

The exponential stability of the nonlinear system achieved as indicated here can
summarised as follows:

Theorem 5.3. Given a nonlinear system of the form (3.27) where the matrices A(x)
and B(x) are Lipschitz and the pair (A, B) is controllable Vx(t), Vt €[0,T), there
exists a feedback control u(t) given by:

limi oot (1) = lim; .. KU (£)x(2) — u(r)

where KU(t) is Lipschitz, such that the solution x(t) of the nonlinear system is ex-
ponentially stable in [0,T].

Proof. If K/ () is Lipschitz for each iteration, (in fact differentiability is a necessary
condition for exponential stability of the LTV systems on the sequence) and assum-
ing A(x) and B(x) are Lipschitz, the iteration technique can be applied. K!!(r) can
be written in canonical form:

0 0 0 O
0 0 0 O

k(1) kalt) .. kn(t)

from the pole placement algorithm an algebraic equation needs to be solved in order
to obtain the elements of the feedback gain matrix K% (r);
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l"+1" A 1+F AT 3. +F ll—t—ﬁo A=2)A—=22)... (A —Ap).
‘ (5.31)
The coefficients Fj[l] contain a linear combination of the linear elements of Kl (r) =

(kgi] ),... ,kLi] (t)) so the identification of parameters can be done by equating the
coefficients of both sides of Equation[3.31k

1—'[] _a[’ +ﬁn ! k[l ([):¢n71(ﬂ,]7...,ln)
=9

1—;,[22— n72+ﬁn72 k,[,,lfz(t)— n—2()~17---a/ln)

(5.32)
Fi o gl e — (42
1 al +ﬁ1 l(t) (Pl( | n)~

Therefore, the elements of K (z) of the feedback gain can be obtained by solving
(15.32):

K () = G =aly gy oG-l

, : (5.33)
B, By

The functions o) and Bl at each iteration depend on those elements of A(x~11(z))
and B(xl"~1(r)) which are non-zero due to the pole placement so Kl!(r) is a Lips-
chitz function. Therefore, provided K!!(r), A(x) and B(x) are Lipschitz then it fol-
lows from Theorem[3.2] that the sequence of exponentially stable solutions of
converges to the exponentially stable solution of the original nonlinear problem. O

Example 5.3. Given the following nonlinear system:

(2) - (cosfxl) —c;sl(xl)> ' (2) + <(1)> ~u(r) (5.34)

with initial conditions x(0) = [0.1,0.1]7, the task is to obtain a state feedback control
law u(r) = —K(x(¢))x(¢) that places the closed-loop poles at A = (—10, —8) so that
the transient response converges to zero. For this particular example, a time interval
of T =ty = 3s was used and the step length was 4 = 0.01.

The iteration technique as explained in Section[5.4]is applied following the next
steps:

e Take as starting point the nonlinear system (5.34) and generate a sequence of
open-loop LTV systems:

(1] (]
X _ cos(xgr) —1 NE: 0 )
()= (2t ) () () s
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In this particular example, only 4 iterations were needed in order to have good
approach to the nonlinear system.

e Applying the pole placement method for LTV systems as shown in Section 33|
for each of the iterated open-loop systems, the corresponding feedback gains
K" (¢) are generated according to the choice of left-half plane poles, in this case,
o =(-10,-8).

e By selecting the last K(¢) of all the iterations generated (in this example, K"
and applying this feedback gain to the closed-loop form of the system (5.34),
the output (or solution) of the system is stabilised. The components of the output
x1(t) and x; (1) have been plotted in Figure B.14] proving to be stable after the
state feedback procedure has been applied. The profile of the designed feedback
control law can be observed in Figure 313}

Nonlinear 0.1
Response

0.08

0.06

-0.02

-0.04

-0.06

t (sec.)

Fig. 5.14 Controlled components x; () and x,(#)

5.5 Application to F-8 Crusader Aircraft

In this section the pole placement technique will be applied to the nonlinear equa-
tions of the F-8 aircraft in a level trim, unaccelerated flight at Mach=0.85 and



5.5 Application to F-8 Crusader Aircraft 95

Control 12

u(t)
1

0.8

0.6

0.4

0.2

0

-0.2

0 0.5 1 1.5 2 2.5 3

t (sec.)

Fig. 5.15 Control laws u(r) = —K®#")(1)x(r)

altitude of 30,000 ft (9000m), for which the nonlinear equations of motion rep-
resenting the dynamics of the aircraft are [51]:

X1 —0.8770 1 X1
X | = 0 0 1 | x2 (5.36)
X3 ~4.208 0 —0.396 X3
—x7x3 — 0.088x1x3 — 0.019x3 + 0.47x7 + 3.846x] —-0.215
+ 0 + 0 u(t)
—0.47x} —3.564x3 —20.967

where x; (1) is the angle of attack (rad), x,(¢) the pitch angle (rad), x3(¢) the pitch
rate (rad s~!) and u(¢) the control input.

The control objective is to place the desired poles of the nonlinear system on
the left-hand side of the complex plane by applying simultaneously the iteration
technique and the placement algorithm introduced in Section[5.3for LTV plants.

The set of desired poles is ¢ = (— 10, —1.7108,—0.5129). This choice of poles
corresponds to the closed-loop poles of the linearised and stabilised system when
the control t = —0.053x; + 0.5x; + 0.521x3 is applied [31].

The first step was to write Equation[3.36 on the form

x(t) = A(x)x(t) + B(x)u(t)
and generate a sequence of LTV systems

ol offf oY ~0.215
Ao=10 0 1 () + 0 ulll (1)
ol 0 039 —20.967
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4 oy &y O‘1[3 4 —0.215 .
A= 0 o 1 () + 0 ull (1)
ol 0 —039% —20.967

with
ol = —0.877+0.47: 4 3.846 (12
ol =—0.019x,
ol = —x3(0) — 0.088x;(0)
o] = —4.208 — 0.47x,(0) — 3.564x3(0)

aff = —0.877+0.47x) "+ 38462
oy = —0.019x) " |

oy = —(x] )~ 0.088x] " |

oll = —4.208 —0.47x -3 564(xI711)2

where the initial condition vector is x(0) = [0.5253,0,0]7.

At each iteration, a feedback law ul!(r) = —Kl!(r)xl(¢) is designed following
the specifications: the closed-loop poles at each iteration should be allocated at A; =
(—10,—1.7108,-0.5129),

#1(0) = [AGE(0)) = B0 K (0)]81) = A () o)

where A (xl1(1)) is the closed-loop matrix for the #"-iteration. Now, using Acker-

man’s formula:
det[A-1—AGU(@)] = (A —4) (A — L) (2 - 43), (5.37)

the feedback matrix K'"!(¢) at each iteration is obtained. The simulations were
done for 7y = 15 sec. After 30 iterations, the sequence of LTV systems converge
to the nonlinear system; taking the 30" feedback control and applying this to the
nonlinear system,

#(t) = A(x)x(r) — Bx)KBO (1)x(r)

it can be seen in figure[5.16 how the states of the nonlinear system converge to zero.
The control law applied to the nonlinear system is shown in figure 5.17] where it can
be seen how it presents an isolated discontinuity in the differentiability of the matrix
of eigenvalues P(¢); this does not affect the states as seen in Figure 5161
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Fig. 5.16 Closed-loop response and the states x (¢), x(¢) and x3()

5.6 Conclusions

In this chapter a pole placement algorithm for nonlinear systems has been presented.
The method is based on the application of an iteration technique that replaces the
nonlinear system by a sequence of LTV systems.

Once this sequence of linear time varying systems has been obtained, a standard
pole-placement procedure is applied for each of the LTV systems by dividing the
interval in N steps of length & and applying Duhamel’s principle. It has been shown
how this method alone does not guarantee stability for linear, time-varying systems
and therefore additional requirements for stability were developed in Section 5.4k

If the matrices A(z), B(r), P(t) and K (¢) are differentiable, then writing Equation
5.25 in the form:

A=P (1) (A(t) = B(t)K(t) — B(t)K(2)) P(t) + A(t)P ' (1)P(t) — P~ ' (1) P(t) A (1)

gives a coupled equation relating P(), K(¢) and A (r) which states that these are not
independent. Hence, in general, it may not be possible (in some cases) to choose A
constant. Thus, Equation[5.6]is an important condition for the exponential stability
of the already pole placed LTV system.

The restriction it places on P(z), K(¢) and A(¢) could be the object of further
research.
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Fig. 5.17 Control law u(r)

These results were extended to nonlinear systems by the convergence of the it-
eration technique, thus the feedback gain designed for the last of the LTV iterated
systems is applied to the nonlinear system and achieving in this way exponential
stability. Due to the accurate approach of the iteration technique to the original non-
linear plant, this pole placement method results in a more robust method than those
relying on the linearisation of the original system, at least the uncertainties of the
unmodelled original dynamics do not exist in this case.

Some numerical examples were presented showing how the technique works and
showing that, even in the case where differentiability of P(¢) is not satisfied at every
point of the time interval [0,7], the nonlinear system can be stabilised using this
technique.
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Chapter 6
Optimal Control

6.1 Introduction

Optimal control is one of the main techniques of modern control design, as it has
been for many years. The linear-quadratic theory of optimal control design is well
established and has various forms including the receding horizon approach for a
robust, easily implementable variation of the theory. It is also useful in H* con-
trol in the well-known state-space game theoretic formulation. Obtaining the ‘best’
controller in any given circumstance is clearly important, but for general nonlinear
systems, one is led to the solution of an extremely difficult (in general, non-smooth)
partial differential equation. This makes the existing general nonlinear theory very
difficult to apply.

In this chapter we shall show how to use the iteration technique developed above
to solve nonlinear optimal control problems. In the next section we shall outline the
classical linear quadratic regulator theory and derive the optimal feedback control in
terms of the solution of a Riccati equation. We shall also indicate the modifications
necessary to solve the linear tracking problem. The generalisation to nonlinear sys-
tems will be given in Section 6.3 and some examples will be presented in Section
6.4. Some comments on viscosity solutions of the Hamilton-Jacobi-Bellman (HIB)
equation and the optimality of the solution will be given in Section 6.5.

6.2 Calculus of Variations and Classical Linear Quadratic
Control

We shall first derive Lagrange’s variational equations in the simpler case of the
Lagrange problem, i.e. minimise the cost functional

16 = [ 00500, )e an

M. Tomas-Rodriguez and S.P. Banks: Linear, Time-varying Approximations, LNCIS 400, pp. 101
springerlink.com (© Springer-Verlag Berlin Heidelberg 2010
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for some function ¢ : R?"*! — R, over all twice continuously differentiable (C%)
functions x : [tg,77] — R". The classical necessary condition for an optimum (maxi-
mum or minimum) of a function f : R” — R is, of course, that

af

=0,1<i<n.
ox; st

In order to extend this to functionals, note that

= g sree)

e=0
where ¢; is the standard " unit basis vector. Thus, the classical necessary condition
becomes

=0 at x.
e=0

d
dgf(x—|— ge;)

We define the directional derivative  f(x;y) of f at x in the direction y (€ R") as

d fx+ee)

8f(xiy) = Je

e=0
and so we have the necessary condition
O0f(x;y) =0, forall y e R".

Hence, we can immediately generalise this to functionals J as in (6.1) and obtain
the necessary condition

d
OJ(xy)=  J =0
(wy) = Jx+ey) .
where we now have x,y € C?to,7]. We have, by (6.1),
f
Jeten) = [ plet ey iten i

T

and so the necessary condition becomes

t
0=8i(xy) = [ ¢ ple+enitens|
fo de e=0
iy
= / (Qxy + @iy) dt

0]

1y d ¢
= / <<px— J qox) ydi + [@:y]ls -

1o t

Since y € C2[ty, ] is arbitrary we must then have
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d
O — dr ¢y = 0 Euler-Lagrange equation

and t
[0¢y]|;) transversality.

If we also have a vector constraint
G(x,x,1) =0,

then, again as in the finite-dimensional case, we form the augmented cost
f
I = / {o(x,5%,0) + ATG(x,5,1) b dt
fo
and again obtain the Euler-Lagrange equation
T d T
(@+A"G)— dt(<p+/l G);=0.

In order to solve the linear-quadratic regulator problem, it is easiest to consider it as
a general Bolza problem of the form

minJ = [0(x(1),)] + [ @(x(¢),u(t),t)dt

subject to the dynamic constraint
X = f(x,u,r1).
Thus, as above, we consider the augmented cost functional
I = [0G:0),0)]i +/totf {o@x(0),u(t),r) + AT [f (x,u,1) =]} dr
Next, we introduce the Hamiltonian function
H(x,u, A1) = @(x,u,t) + AT f(x,u,1).

Then J; becomes

By = 0G0l + /, Y CH (w0 0) — AT} dr

0

= [6(x(1).1) = AT (O1x(1)] ! + / Y CH (e w0, 0) + AT}t

Proceeding as in the Lagrange problem, we take the directional derivative of J at
an assumed minimum point (x,u) in the direction (y,v), giving
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81, (x,1:3,7) = {yT (‘Zf —A)}
fo
4 H . H
+/f{yT<(?9 +A>+vT‘; }dt.
1o X u

By the arbitrariness of (y,v), we therefore obtain

Ly

x= 91 = f(x,ur)

y _ __0H
/’L__ax

oH
u

Hamilton’s equations

= 0 control equation

00
yT < o ),) =0 at # and 77 (transversality).

We can now apply these equations to the special case of the linear, quadratic regu-
lator problem:

iy

minJ = ;XT(tf)Fx(tf) +; g (" () O(0)x(t) +u" (1)R(t)u(t)) dt

subject to the dynamic constraint
X =Ax+ Bu, x(ty) = xp.

The Hamiltonian for this problem is given by

H= ;xT(t)Q(t)x(t) + ;MT(t)R(t)u(t) + AT (OA@)x(1) + AT (0)B(1)u(t),

and so we obtain the necessary conditions

6.2)

ie.
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The transversality condition gives the final value for A:

M) = 97 1) = Pxip)

The equations (6.2) represent a two-point boundary value problem, which can be
solved by assuming that A(z) is of the form

Thus,

and so

(P(t) +P(1)A(t) + AT (1)P(r) + Q(t) — P(t)B(t )R (t)BT (t)P(1))x(r) = 0.

Since the solution is unique, it is clearly given by solving the differential Riccati
equation

P(1) = —(P(t)A(r) + AT (1)P(1) + Q(1) = P(1)B(1)R™ ' (t)B" (1)P(1)), Plty) =F.
Then we have the optimal control
u(t) = =R~ (1)B" (1)) P(1)x(),

and the controlled dynamics become

If we now consider the tracking problem

minJ = | (7 (t7) <} ) F (xley) —xa(e1)

+; t:f ((x"(6) = x5 (1)) O(t) (x(t) — xa(t)) +u” ()R(t)u(r)) dt,

where x,(r) is some desired trajectory (rather than the regulator problem), then we
can modify the above solution as follows. First note that the Hamiltonian in this case is

Hix2.0) = 5 (70 —xh0)) 00) (x() —xa(0) +
ul (OR()u(t) + AT (A(t)x(t) + B(t)u(r))
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and so we have
u(t) = —R'BT(1)A(1),

A =—=0(1) (x(t) = xa(t)) = AT (1) A1)

and
#(t) = A(t)x(t) = BOR™ (1)B” (1)A.(1), x(to) = xo.

The transversality condition gives
Alty) =F (x(ty) = xa(ty))
and so this time the clue is to take
A(t) = P(t)x(t) +s(2)
for some s(¢) with s(tf) = —Fx4(tf). As before, we see that
A(t) = P(t)x(t) + P(t)x(t) + ()

ie.

or

—0(t) (x(r) = x4(2)) = AT (1) (P(1)x(t) + 5(1)) = P(t)x(t) +
P(t) (A(t)x(t) — B(t)R™" ()BT (t)(P(t)x(t) + (1)) +5(t)

and taking P to satisfy the same Riccati equation as above, we obtain for s(z):
O(1)xa(t) = AT (t)s(t) = —P(1)B(t)R™" (1)B" (1)s(r) + (1)
ie.
$(r) = (P(t)B(t)R™ (1) BT (1) = AT (1)) s(1) + Q(0)xa(t), s(ty) = —Fxaty).
This is a time-varying differential equation for s(¢) with forcing term Q(t)x,(¢) (the
feedforward term).
6.3 Nonlinear Control Problems

We now come to the case of nonlinear control problems with possibly non-quadratic
cost functionals. Consider a nonlinear system of the form
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X(1) = A(x(2),u(r))x(t) + Bx(r),u(t))u(t), x(to) = xo. (6.3)
(We could also consider an output equation
(1) = C(x(2), u(2))x() + Dx(r),u(t) Ju(t)

in a similar way, but for simplicity, we shall just develop the case of full observation
— for the application to nonlinear observers, see [1].)

Together with the dynamical constraint (6.3), we consider the non-quadratic cost
functional

J = ;xT(tf)Fx(tf)—F; A (xT(t)Q(x(t),u(t))x(t)—F

ul ()R(x(t),u(t))u(t)) dt (6.4)

where Q(-,-) (R(-,-)) is a positive semi-definite (definite) matrix-valued function.
We rewrite Equations (6.3) and (6.4) as a sequence of linear, quadratic (time-
varying) problems:

10y = A 0), a0 () + B 0), 0l r), 28 (10) =0

6.5)
and
W Lr i Lo i 1107y i1 ()l
JI = AT Fxe) + ) 7 (5 000 0,00l 1)+
0]
dT (OREE (1), = (1) )ul] (z)) dr. (6.6)

To start the process we can choose a zero control and put
() = xo,
so that we get the first approximation as a solution to
A () = A, 0)xM (1) + B, 0)ul (1), xV (1) = x0

and

f

JW = ;x[l]T(tf)Fx[l](tf)+; (17 ()0 001" (1) +

u[I]T(t)R(x(),O)u[I](t)) dr.

T

However, it may be better numerically to take
(1) = e'xg

since we are trying to stabilise the system. The solution of the problem (6.5), (6.6)
is given by
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ull(e) = =R 1 (o)) BT (81 ), () P (1) (1)
where Pl (1) satisfies the Riccati equation

Pi(e) = —AT (1), (1)) P (1) — P (1) A G 1) o), ) (1)) —
Ol 1(),ul V(1)) +
OB )l =)0 ) R ()l 1))
BT (Y (1), ul 0P ), P (1) = F.

If these Riccati equations have solutions on [0,7/], then the convergence theory of
Chapter 2 shows that these equations converge to a solution

u* (1) = =R~ (" (0),u” (1)) BT (" (1), " (1)) P (1) (1)

which will control the nonlinear system, giving the controlled dynamics

Now consider the case of a tracking problem of the form

(1) = A(x(e),u(0)x(e) + BOx(0) u(r)u(e), ¥(10) =30
together with the cost functional
7= 3 (67 1)~ a)) F (sle) —xalt) +
3 [ (70 =550) Q(0).)) () a0+
o (OR(x(0), u(0))u(r)) .
As before, we introduce the sequence of approximations
(e) = A1), ()20 1) 4+ B0, 0l 0), (1) =3
and
I = (3 )~ ) ) F (890) —xalep))
3 J (70 =50 0610 (x60) —at0) +
T (ORGE (0,0l (1))

with the first approximation
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2O(t) = Ax0,0)x1% (1) + B(x0,0)u” (1), 2% (1) = xo

and
700 = (497 ag) — ) ) F (t7) — xa) +

; to’f ((x[o]r(t) —xﬁ(z)) 0(x0,0) (x[ol ®) _xd(t)) N

WO ()R (xo, 0)ul®! (z)) dr.
The solution is
() = =R I (0), = ()7 (8 0, 0)) (PH (0 1) +50))
where
P(e) = —AT (00,1 0) P (1) = P ) A G (), ) -
O 1(e),ul V(1)) +
PGB (), = )R (Y (0,0 1))
BT (50, w)PY ), P ey) = F.
and
sty = (PPOBGI ()l = ()R (o), =1 (1) BT (1) =) 1))
AT I, ) 1)+ Q) 1) b))
si(t5) = —Fxalty).

In the next section we shall illustrate the above theory with two examples which will
show the effectiveness of the method.

6.4 Examples

We now present two examples of very different types which show that the method
has very diverse applications. First we consider a spacecraft with a large flexible
structure such as a solar array (to provide sustainable energy during space flight).
When we require to maneuver the attitude of the flexible spacecraft, the dynamic
coupling between the solar panel vibration and the spacecraft attitude varies with
the angle of attitude maneuver. The attitude maneuver of the spacecraft will induce
vibration in the flexible solar array, which must be suppressed. Quick and precise
response to the attitude command, while at the same time maintaining certain lev-
els of suppression of the vibration modes is a major objective of the attitude control
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system. However, these are conflicting factors and a trade-off between them is nec-
essary. Here we give a brief outline of the results of applying our technique; for
more details, see [2].

The equations of motion of the system are given by

L+ (I — L= L)oo — Iy |+ (1 — b oo + )0 + (I, = 1) 6

+[(ly — L) og — hya) @ — hoo + +2mem= M

Iyé + [(Ix _Iz)¢ + (IZ _Ix)a)Ow+hx]w
(L — L) w0 + (I — L) gy + hyax] @

—hp+h.ooy+305(L—1)0 +hy+ Y Fyyiflpi = M,
i=1

L+ [(L+ L — L)oo + by} @ + [(L — I,) ooy — 1i]O + (I, — 1) 96O

+[(Iy - Ix)wg - hya)()} llf‘“ hxa)O + hz + z Fx‘ziﬁpi - M;

and

ﬁ[’i + 26[7[0)[7[1;’1”' + w]%in[’i + \xl((p O)OIII) + F\Y):l
+FX€I(V’+(1’0(P) = Ov (l = la am)a
where the I’s are principal moments of inertia, ¢, 0,y are the roll, pitch and yaw,
M3, M, M are the external active and environment control torques and the F’s are
the coupling matrices between the attitude and vibration modes. (For the other vari-

ables, see [2].) If uc = [uy,u2,u3] is the inner control torque generated by the control
motors, then these equations can be written in the form

X = A(x)x + Bu. + Bu,
Xy = Aw(x)xvv+Bwuc'a
where
= [q)v(PuevéuWu v, npivﬁpi]T
Xy = [h)ﬁhyahz]T
ML - [1/[1,1/[27143]T
(Mg, Mg, M¢]"

and A,A,,,B,B,, are appropriate matrices. Typical responses for the body mo-
tion and the vibrational modes (using the iteration control theory) are shown in
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15 T 15
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Fig. 6.1 Responses for attitude angle and angle rate

Figures 6.1, 6.2 and 6.3. The second example is the positioning of a large oil tanker
(Figure 6.4) with the model given by the equations (for more details see [3]):

surge, sway and yaw dynamics

1
i = {Xmu* + L(1+ X )vr + X0

L1 X}~ X}})
+ch‘55\c\65 +X|C|ﬁ5\c\cﬂ5+LgT”(l—t )
X‘:ucuzc +LerCVrC +X‘£VCCVZC2}

L(1 —Y’} Y1.0) {

+LY" urc—|— VCMVC+ Mg\v\vg

+Yc\c\ﬁ|ﬁ\|a\gc\c\5|l3\|5|C}

Y uv+L(1+Y M)VM +YL{‘/C‘5C‘C‘5
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Fig. 6.2 Coordinate and rate responses of 15t — 3™ vibration modes

1 1 1!
Lz(k//Z _N// —N”Cc) {NuvuV+LN|V|r|V|r
22 r 7

FNei5¢lcld + LNy — xG)ur + N g ) 5¢l<1BIBI 8]
+LN7gT" + LN cur§ + N, cuvG +LN"|v|rE|v|r§

+N£/\c\ﬁ|ﬁ\|a\gc\c\ﬁ|l3\|5|C}-

kinematic equations
Xp = ucosy —vsiny,
Yp = usiny +vcosy,
y=r
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Body-Fixed Coordinate System

Coordinate
of 5th Mode

Rate of
4th Mode

Rate of
6th Mode

.

Z

EARTH

Fig. 6.4 Ship configuration and coordinates

rudder model

propeller model

113

100 200 300



114 6 Optimal Control

Here the state vector is
— 5 T
X= (u7 v, T, W7xﬂayl7a 71’!)
and the control is
u= (4, nC)T.

As before we can put the equations in the form
(1) =A(x)x+ B(x)u

and using a quadratic cost functional, a typical response of the controlled system is
shown in Figure 6.5. These examples demonstrate that the method is very effective
even for highly nonlinear and highly coupled systems. In the next section we study
the optimality of the method.

u (m/s)

(SR NN No)

v (m/s) b

oo

1
r(©/s) 0.5 P

1
0 50 100 150 200 250
Time (s)

Fig. 6.5 Typical ship response for a heading of 90 degrees

6.5 The Hamilton-Jacobi-Bellman Equation, Viscosity
Solutions and Optimality

In this section we study the HIB equation derived from Bellman’s dynamic pro-
gramming principle and its relation to optimal control. Consider the general nonlin-
ear control problem

X(s) = f(x(s),uls)), x(s) =x, (6.7)

where we allow any bounded measurable control (the admissible controls). The cost
functional will be taken to be
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JUOA)):quﬁ+i[Uh@@Lu@»d& (6.8)
where g and & are Lipschitz and bounded. We define the value function
v(x,t) = iIL}fJxJ [u()]
(where the inf is over all bounded measurable controls).

The next result determines a variational equation satisfied by the value function.

Theorem 6.1. If 6 satisfies t + 8 < ty, then the value function v(x,t) satisfies the
equation

v(x,t) = inf{/tHa h(x(s),u(s))ds+v(x(t+06),t+ 5)},

u
where x(-) is the solution of (6.7) with initial condition x at time t and with the con-

trol u(t).

Proof. First choose any admissible control u and let x be the solution of

xX(s) = f(x(s),u(s)), t<s<t+8
x(t) = x.

Since v is the infimum of J, we can find a control ' such that

e+ )+ 8) e > [ (900 (5)ds+ g 1y)

where X’ satisfies

() = F () (5)), 148 <s<iti
Xt +8) =3t +9).

Splicing the controls # and i/, i.e. setting

ey Juls), t<s<t+96
u (S)_{u’(s)t+5<s<tf

and substituting it into (6.7) gives the solution x”(s), which is given by

wo [ X(s), t<s<t+0
. (S)_{x’ s)t+0<s<ty

and since u is arbitrary, we must have



116 6 Optimal Control

v(x,1) < igf{ /, O e(s) () s v(x(t + 8), 1+ 5)} +e.

A similar argument gives the inverse inequality

t+6
v(x,f)+€> inf{/ h(x(s),u(s))ds+v(x(t+6),t+ 5)}
u t
and the result follows. O

From the above Lipschitz and boundedness assumptions, we see that v(x,?) is also
Lipschitz and bounded. We now consider the HIB equation of the form

{\1,~6-H(vx,x)=O7 (x,1) € R" x (0,1y) 6.9)

V(xty) = ()
where vy = dv/dx. If H is smooth we can define classical solutions in the usual
way. However, if H is not smooth, which is often the case in control problems, we
need to find more general solutions. Distributional solutions do not work here, but
we can find another type of solution called a viscosity solution (for more details see
[4], [5])- A bounded, uniformly continuous function v(x,t) is a viscosity solution
of (6.9) if it satisfies the terminal condition v(x,7;) = g(x) and the following two
properties:
(a) for each v e C*(R" x (0,1)), if v — Vv has a local maximum at (xo,Z), then

v (x0,10) + H (Vx(%0,10),X0) > 0
(b) for each v e C*(R" x (0,17)), if v — v has a local minimum at (xo, %), then
fvvt(xO,to) +H(Vx(x0,t0),x0) <0

The main result is then:

Theorem 6.2. The value function v for the problem (6.7),(6.8) is the unique viscosity
solution of the HJB equation

Vi —|—muin{f(x, uvy +h(x,u)} =0, v(x,tr) = g(x).

(The proof of this theorem can be found in [5].) To find the optimal trajectory from
an initial state x(, we solve the optimal dynamical equation

(1) = f 0,00 (0), <1<ty
x*(l‘o) = X0,

where u* is chosen so that
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JOE@),u” (1)) - vax(0),8) + h(x™(1),u™ (1))
= H:("(0),0),x° (1)),

i.e. so that H is minimised. This will give the optimal trajectory if v and u* are
smooth. (Here, of course, the Hamiltonian is given by

H (vy,x) = min{f(x,u) - vy + h(x,u)}.)
If we write the system in the form
x=A(x,u)x+ B(x,u)u

together with the cost functional

v (x" Q(x,u)x+u’ R(x,u)u) dt,

1
J= xT(t:)Fx(t
5 (tr) X(f)+2 A

and take a sequence of approximations, then at each step we are taking the minimum
of the Hamiltonian, which must satisfy a Riccati equation. If these systems converge,
and the Riccati equations all have solutions on the horizon interval, then the limiting
system must also minimise the Hamiltonian along the trajectory and so if the dual
variable A (the value function above) and u are smooth then we will have optimality.

6.6 Characteristics of the Hamilton-Jacobi Equation

In the case when the Hamiltonian is smooth, we can find the solutions to the optimal
control problem by the method of characteristics and when these are unique we have
a global optimal control. Thus we consider a nonlinear first order partial differential
equation

G(Du,u,x) =0

where x € U and U is an open set in R", Du is the gradient of u:
du du
Du = e
. < dx| dxy )

G:R'"xRxU—R

and

is sufficiently smooth. The boundary condition is given by
u=honI CoU,

where A is givenon I'.
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To find the characteristics, suppose they are parameterised curves given by x(s).

Let
2(s) = u(x(s))
and set
p(s) = Du(x(s)).
Then

dp' U dx’
i )= L 60 g, )

From the differential equation, we have

3, 0 008126135+ 7 (9, 205) K618 5)+ 50 (p(5)26),3(5) =0.

If we assume that x; satisfies

O = 00 (p(s).26).3(9)

then we have

O = =0 (p6),2(0)x) — 2 (P9 ls)x )P (), < i<

and also
dz " ou . .
di = ];1 8xj (X(S)) ds - ZPJ(S) 8pf (p(s),z(s),x(s)).

Hence the characteristic curves are given by the first order ordinary differential
equation

p(s) = —=DxG(p(s),z(s),x(s)) = D:G(p(s),z(s),x(s)) p(s)
2(s) = DpG(p(s),z(s),x(s))p(s)
xX(s) = DpG(p(s),z(s),x(s))
¥(s) = F(y(s))
where
¥(s) = (p(s),2(s),x(s))
and
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To obtain the initial conditions for this equation note that, since u = h on I", we have
Uy; (XO) = hxi (XO)

for any point x° € I" and so

P'(0) = hy(x*)
2(0) = h(x°)
x(0) = x°

Since these must satisfy the original partial differential equation we must have the
compatibility condition
G(p(0),2(0),x(0)) =0

and in order for this to be satisfied near x°, the implicit function theorem says that
this is possible if
Gp(p(0),2(0),x(0)) - v(x(0)) # 0

where v(x(0)) is the outward unit normal to I" at x(0). In this case we say that the
point (p(0),z(0),x(0)) is non-characteristic. In order to solve the ordinary differen-
tial equation, we assume that f may be written in the form

where F(y) is a matrix-valued function of y. (We have seen that this is not a strong
condition.) Hence we have the equation

y="F(y)y, ¥(0)=yo = (p(0),2(0),x(0)).
Introducing, as before, the system of linear, time-varying approximations

W) = FOI @)y @), y(1)(0) = yo
we know from Chapter 2 that the states yl () defined by this system converge uni-
formly on compact sets if F' is locally Lipschitz.
Example 6.1. Consider the linear partial differential equation given by

G(Du,u,x) = a(x) - Du(x) + b(x)u(x)
where a is a vector-valued function. Then
D,G = a(x)

and so
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from the equation, and we do not require the ‘p’ equation. Suppose that a can be
written in the form
a(x) = < 0 C(x)>x
—C(x) 0

where C(x) and C(y) commute for any x,y. Then the sequence of approximations

becomes 1)
il (5) = 0 CH(s)) il
#0= ey o))
Since the C’s commute, we have
ey — 0 Jocl=(z))dr
Ho=em (e igepae o)

cos(f C(xli-1(z))dr ) sin(fgC(x[f—H(r))dr)
sin ( Jec(li (r))dr) cos ( D C(x["*”(r))dr)

Now consider the Hamilton-Jacobi equation in the form

X0-

u; + H(Du,x) =0 in R" x [0,)

with initial condition
u=gonR"x {r=0}.

The characteristics are given by the nonlinear equations
x(s) = DpH(p(s),x(s))

)
p(s) = —D H (p(s),x(s))
is) = Dp(p(s),x(s))p(s) — H(p(s),x(s))-

The first two are, of course, Hamilton’s equations. If we can write

(Zremy ) =4 (3)

then we can introduce the approximating sequence

(40 i (20

for the first pair of equations.

6.7 Conclusions

In this chapter we have shown that the iteration technique can be applied effec-
tively to solve nonlinear, non-quadratic optimal control problems. By replacing the
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problem by a sequence of linear, time-varying dynamical constraints together with
a quadratic cost, we can solve the nonlinear problem as the limit of this sequence of
linear, quadratic ones. This means that we can solve the nonlinear problem by clas-
sical means and we obtain an easily computable solution, which in many cases is
optimal. We have given two examples, but the method can be applied to many more
situations, e.g. for the control of chaos and in laser communications [6], nonlinear,
high-speed aircraft design [7], and many other types of problems.
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Chapter 7
Sliding Mode Control for Nonlinear Systems

7.1 Introduction

In this chapter a method of sliding mode control for nonlinear systems will be pre-
sented. Sliding mode techniques are a different approach to solve control problems
and are an area of increasing interest. It is well-known that in most of the cases, in
the formulation of any control problem, there will appear some differences between
the actual plant and the mathematical model developed for the control design. These
discrepancies may be due to any number of factors such as unmodelled dynamics,
variation in system parameters or the approximation of complex plant behaviour by
a simpler model. It is the engineer’s responsibility to guarantee some level of per-
formance in spite of the existence of plant/model mismatches. This has led to the
development of the so-called robust methods.

One way to approach robust control design is the sliding mode control method-
ology which can be considered to be a particular type of variable structure control
system (VSCS). VSCSs are characterised by a suite of feedback control laws and
a decision rule (called the switching function); it has as its input some measure of
the current system behaviour and produces as an output the particular feedback con-
troller which should be used at that instant of time. A VSCS can be regarded as a
combination of subsystems where each subsystem has a fixed control structure and
is valid for specified regions of system behaviour. The advantage is its ability to
combine useful properties of each of the composite structures of the system. Fur-
thermore, the system may be designed to possess new properties not present in any
of the composite structures alone. The use of these ideas began in the Soviet Union
in the late 1950s and continues up to the present day, see i.e. [, [2] or [3]] for more
recent examples of work in this field.

In sliding mode control, the controller is designed to drive and then constrain the
system state to lie within a neighbourhood of the switching surface. It presents some
advantages:

e The dynamic behaviour of the system may be tailored by the choice of switching
functions.

M. Tomas-Rodriguez and S.P. Banks: Linear, Time-varying Approximations, LNCIS 400, pp. 123
springerlink.com (© Springer-Verlag Berlin Heidelberg 2010
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e The closed-loop response becomes totally insensitive to a particular class of un-
certainty.

e Ability to specify performance directly makes sliding mode control attractive
from the design perspective.

The chapter reviews briefly, in Section [Z.2] the basics of sliding mode control for
linear time-invariant (LTI) systems. In Section[Z.3]this approach is extended to linear
time-varying (LTV) systems by defining a sliding surface that is a function of time.
A numerical example is given in this section in order to illustrate the theory. In
Section [Z4] the method is generalised to nonlinear systems by using the iteration
technique being studied in this book. An example of the sliding mode control for
a robotic arm is provided at the end of this section. Finally, Section contains
conclusions of this chapter.

7.2 Sliding Mode Control for Linear Time-invariant Systems

In this section the basic approach of sliding mode control for a LTI system will be
summarised. The concepts are presented for systems with a single control input,
which allows to develop intuition about the basic aspects of nonlinear controller
design.

Consider a single-input dynamical system of the form:

X' = f(x)+b(x)u, (7.1)

where the scalar x is the output of interest (i.e., the position of a mechanical system),
the scalar u is the control input (i.e., a motor torque), and X = [x,x, ... ,x("’l)]T is
the state vector. In (Z)), the function f(x) which in general will be nonlinear is not
exactly known, but the degree of imprecision on f(x) is upper bounded by a known
continuous function of x, similarly, the control gain b(x) is not exactly known, but
is of known sign and is bounded by known, continuous functions of X [9].

The approach is to define a new so-called sliding variable 6 (t) as an (n — 1)" or-
der stable linear system (reduced model) so that the closed-loop system is controlled
and ultimately follows a trajectory such that o(¢) = 0 [13]. The relation o(t) =0
defines a surface in state-space and the form of o is carefully chosen to ensure that
the goal of tracking is achieved when the state trajectory remains on this sliding
surface.

The state trajectories do not always lie on the sliding surface so an additional
design need therefore is to ensure that the state vectors move to the sliding surface.
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7.3 Sliding Mode Control for Linear Time-varying Systems

In this section the problem of designing a sliding mode controller for a generic LTV
system will be presented. In this case, the sliding surface will be defined such that it
is a function of time and satisfies the following conditions:

o o(t)=ci(t)x1(t)+ca()xa(t) +c3(t)x3(t) + ... +cn(t)xa(t) =0

o O(1)= —sign(o(r))

which are required for a successful design of the sliding control of the plant.
Given a generic LTV system of the form:

x(t) = A(t)x(t) + B(t)u(r), x(0)=xg

y(t) = C(t)x(t) + D(t)u(r) (7.2)

where A(r) € R™" is differentiable which is of course a stronger requirement than
the usual Lipschitz continuity, B(r) € R™ p are of adequate dimensions and C(r) =
Lxm and D(¢) = O for simplicity. The control design strategy here will consist of two
steps: first, the stabilisation of the LTV system such that the dynamics of the system
on the sliding surface are stable, and secondly the design of the controller such that
u(t) forces the dynamics of onto the sliding surface ¢ (¢). Equation[Z2]can be
written on the form:

X(t):A(t)x(t)—l—Bu(t):(ﬁﬂ(t)Azz(t))x(t)—&- : u(t). (7.3)

where & (1) = (x1(¢),...,x,—1(z)) and v(z) = x,,(¢), then this is

é(l‘)=A11(t)§(l‘)—|—A12(t)V(l‘) (7.4)
V(t) = A (1)E(t) +An() V(1) +u(t). '

Then, the control strategy begins by defining 6(t) = 0 so
—c1(0)x1 (1) —ca(t)xa(t) — e3(t)x3(t) — ... — 1 (D)xp—1 (1) = x0(1) = V(1)

with ¢, (¢) = 1, i.e., on the sliding surface. Thus the reduced order model becomes:

E()=An()&(t) +An() [—ci()x (1) — ca(t)xa(t) — ... — a1 (t)xn1(1)] . (7.5)

This gives .
E(r) = [An () —An()C1)] E(1) = R(1)E (1) (7.6)
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where C(r) = [¢|(t),...,c,1(t)] is a time-varying vector containing the parameters
that will stabilise the states & (¢). This will be done by applying the same ideas as in
Chapter 5; by dividing the time interval [0,7] in N subintervals of length / and using
Ackerman’s formula to fix the poles of the reduced order model at some prescribed
left hand-side locations (A,...,4,_1):

A-T=R@O)|[ = =) (A =2u1) (7.7)

then the vector C(r) will be obtained in terms of the time-varying coefficients of
the reduced order system’s matrix A1;(z), Aj2(¢) and C(¢) so that the reduced order
system will have left-hand side poles. The application of pole placement method
within sliding mode context has been used before by some authors as Zak and Hui
[10] where they designed the output feedback sliding mode control based on eigen-
vector methods or Woodham and Zinober who proposed to position the closed-loop
system eigenvalues in a specified sector in the left-hand half plane, involving the so-
lution of a complex continuous Riccati equation [11]]. In fact, an explicit form using
Ackermans formula for the sliding surface is derived in [12].

It has been shown in Chapter 5 that due to the time dependency of (Z.6), expo-
nential stability will be guaranteed if the conditions of Theorem 5.2 are satisfied.
Once these conditions are satisfied and the reduced order model has been stabilised
by using pole placement techniques, the second sliding mode control condition is
taken into account. For this, o is chosen to satisfy the discontinuous differential
equation:

6(t) = —sign(o(1)).

To do this, note that (1) = é(t)’g' (t) + C(1)&(t) + V(t) and substituting (Z4) into
this equation gives:
&(1) = CE ) +C(0) [An (DE (1) + Ara()v(0)] +Ani (& (1) + A1)V (2) +u(t)
A
= —sign(o(1)).

Therefore the following sliding control u(z) is obtained:

u(t) = ~COE )~ CO AN EWD) +An(t)v(0)] a5
A (D& (1) — Ana(1)V (1) — sign(o (1)

and (Z.4) is now:

. 5(f)A=A11(f)5(f) +Ap()v(r) (7.9)

V(1) = =C(0)§ (1) = C0) [An ()G (1) + Ana(1)v(1)] — sign(a (1))

Then, the states &(¢) = (x1(¢),...,x,—1(¢)) and v(r) = x,(¢) of the closed-loop
system:
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é(t) o ) All(f) Alz(l‘) ' ’g'(t) B 0 sion
<\'/(t)> B (—C‘(t) —C()A (1) —é(l‘)Au(I)) <v(t)> (1) g (GEZ))IO)
will be exponentially stable. '

The main results of this section could be summarised as follows:

Lemma 7.1. Given a LTV system of the form (Z3), for a time-varying sliding sur-
face 0 =C(t)&(t) 4+ v(t) such that o = 0 and 6(t) = —sign(0), it is possible to find
a sliding control u(t) so the closed-loop system ([Z_I0Q) is exponentially stable if-

e The eigenvectors Pi(t) of the matrix R(t) of the reduced model (Z20) are differ-
entiable and,
o ||[P71(z)-P(1)|| < B, P(t) matrix of eigenvectors Pi(t)

where B < Re(Mg) and Mg is the greatest of the eigenvalues of R(t).

In the following example, this theory will be applied to a LTV system in order to
illustrate the above stated.

Example 7.1. Consider the following LTV system:

t01 0
x)y=3¢t2 |x(t)+ [0 |ul) (7.11)
101 1

for initial conditions x(0) = [0.2,0.3,0.4]7. In this case we assume the matrix B to
be constant.

For the first part of the controller design, a pole-placement algorithm as in section
5.3, will be applied in order to stabilise the reduced system on the sliding surface
o(t) =ci(t)x(t) + ca(t)x2(t) + c3(¢)x3(¢) where in this case we have chosen ¢3 = 1
for convenience. Thus, under the condition ¢ = 0:

x3(t) = —c1(t)x1(t) — c2(t)x2(2). (7.12)
Then, the original plant (Z.IT) can be reduced to:

X1 =1x1+x3

X =3x1 +1x0+2x3 (7.13)
and substituting (Z12)) above gives:
X| =1X] —C1X] — CX2 (7.14)

X =3x1 +tx2+2[—cix) — caxp).

This reduced representation will be stabilised by pole placement methods for time-
varying systems, the choice of closed-loop poles is A = (—1,—2). Therefore:
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A0 r—c —Co
’(0 a)‘(g_zclt—zqﬂz(l—ll)'(l—h)- (7.15)

Thus,
/’Lz—F/’L[Cl —t—l‘+2€2] —|—t2 —cit —2tcy+3cp = )‘2_‘_)‘[_)‘1 —/’Lz} +MAr (7.16)

and equation coefficients this gives the values of the parameters of the sliding sur-
face:
1=—p1—p2+2t—-2c

7.17
[Plpz—lz—fpl—lp2+2t2]~ ( )

1
2=
Now, if o(r) = ¢ (t)x1(¢) + c2(t)x2(r) + c3(1)x3(2), then:

G(t) =c¢i(t)xi (1) +cr(t)x1(£) + ca(t)xa(t) + co(2)xkn (1) + ¢3()x3(t) 4 c3(1)x3(1).
Substituting the original plant’s dynamics:

G(t) = c1(txy +x3) 4+ ¢1x1 + c2(3x1 + 130 + 2x3) + épxp +x1 +x3 +u(?).

Therefore the control will be designed as the composition of two parts: The first one
will be the equivalent control u,, which is continuous and it is based on the obtained
parameters C(7):

u(t) = —ler(tx; +x3) 4 é1x1 + c2(3x1 +1x0 + 2x3) + ¢oxp + X1 +x3] (7.18)

and a second part, consisting of the signum function, it is the discontinuous part of
the control law, that requires infinite switching on the part of the control signal and
actuator at the intersection of the error state trajectory and sliding surface. In this
way the trajectory is forced to move always towards the sliding surface:

-1 if s<0
sign(s) = 0 if s=0 . (7.19)
1 if s>1

So the final control applied will be

u(t) = —sign(o) — [c1(txy +x3) + ¢1x1 + c2(3x1 +1x2 + 2x3) + ¢oxp +x1 +x3].
(7.20)

Then, the dynamics of the closed-loop form of the original plant (ZI11) once the
sliding mode control is applied will have a stable behaviour as shown in figure [711
It can be seen how the sliding control shows the expected chattering around the
sliding surface.

This simulation was carried out for a final time 7 = 30s using a step size of
h = 0.01. It can be seen how the states are successfully stabilised and converge to
Zero.
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Fig. 7.1 Controlled states and equivalent control law u(t)

7.4 Generalisation to Nonlinear Systems

In this section, the sliding control method presented in the previous section will
be generalised to the nonlinear case, provided the original nonlinear system can be
approximated by a sequence of LTV systems.

Consider now a general n-dimensional nonlinear control problem of the form:

x=Ax)x(t)+Bx)u(), x(0)=xo

y(x) = C(x)x(t) + D(x)u(r) (7.21)

where A(x) € R™" B(x) € R™? are of appropriate dimensions and satisfy Lips-
chitz continuity requirement, B(x) is a constant matrix (for simplicity, but could be
generalized to the no constant case), C(x) =7 and D = 0.
Applying the iteration technique, the following sequence of LTV systems is ob-
tained:
U = Axo) (1) + Bull(r),  x1(0) = xo (7.22)
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A = Al (1) + Bull (1), x1(0) = xo. (7.23)

For each of these LTV equations a sliding mode surface can be designed such
that 'l (t) = 0 and &1 (¢) = —sign(c)(r) where

oll(e) = ()l (r) + vl (1) (7.24)

where El1(r) = (x[li] (t),....x" (r)) and vi(r) = x)(r), then under this change of

n—1

variables, equations (Z.22) — (Z.23)) become:

(1) = A1 (E0)& (1) +Ara(vo) VIV (1) EN0)\ (&
V[l](t)ZAzl(ég)g[l (1) +Axn(vo)v ()[1]+um(t), ( )—( ) (7.25)

| ém(r)=A1,1<é[f-11<;>>é[i1<r>+Alz< ’”(»v[’() (é?‘%@)z(éo)
V(1) = Agy (E0-1(0) €1 (0) + A (VI (1) v(0) T+ ), \ v(0) ) — \vo )

Now, the control strategy begins by defining ¢’ (t) = 0 such that
1 1 1 1 1 1 1
— O 0 = 0 (1)~ =L 0w () =60 = Vi)

_c[li] (f)x[li] (t) — c[zi] (t)x[zi] (t) —... E] 1( ) E] l(t) _ xg] (t) _ v[i] (t)

with ¢}/ (1)=...= ay (1) = 1, so a sequence of reduced order models can be found
by substituting the above expressions into the iterated systems (Z.23):

E(r) = [An(EF1(0) — Ana(Ei-1))C(1)] £(r) = RET1))El ()
; (7.26)

EN(r) = [An(x0) = Ap(0) ()| £1)(r) = Rxo) €M),

Then a pole placement method like in Section[Z.3] can be carried out for an ap-
propiate choice of left-hand side poles (41, ,4,—1), in order to obtain a vector of
stabilising parameters C! (¢) for each of the reduced models.

Remark 7.1. In here it is assumed that Ay, --- ,A,_1 to be constant and the same for
each iteration being straightforward to generalise this and choose a different set of
left-hand side eigenvalues at each iteration.
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Remark 7.2. Cl! (t) is written as a time-varying vector because it depends on
Aq1(x0), A12(x0) which are constant for the first iteration but also depends on the
choice of eigenvalues that could be time-dependent.

Now, conditions from Lemma[7.1] (or from Theorem 5.2) are assumed to be satisfied
for each iterated reduced model in (Z.26) in order to guarantee exponential stability
of each of them. The second sliding mode condition shall be studied now for each
iteration:

6ll(r) = —sign(all(1)),..., 6N (1) = —sign(a!()).
S
’ 6ll(r) = (N EMN (1) + EW () EM (1) + V(1)

A

611(6) = 11 ()2l 1)+ U 1)+ ¥4 )

and substituting (Z28)) on the above expressions:

61y = EM(NEN (1) + <)LAn(éo)é[ll(>+A12<vo>vm<r>}

421 (80) (1) + Aaa(vo) v (1) + (1) = —sign(o" (1))
610(1) = Gl ()& 00+ Cl1 ) [ A1y (EF-1(1)) &0 1) + Ara (v (1) VI 1)
+A21(é[’ ()€ (1) + Aza(vE eV 1) 4+ ul! (1) = —sign(l).

Therefore a sequence of sliding controls u!’ () is obtained:

ull(1) = —CM () E1(r) = C1 (1) [ A1 (E0) (1) +Ara(vo) VI 1)
—A21(&0)E M (1) — Ana(vo) vl (1) — sign(a!!) (1))
: (7.27)
u0) = ()20 0)— ) [y (€908 1)+ A(vH0) v )]
A1 (1 ()€ (1) — A (VI (1)) VI 1) — sign(aTl 1))

and the sequence of systems (7.23) is now:
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.5[1](1‘) =A11(80)EM (1) + A (vo) v (1)
11(r) = ~EIOEN ()~ )[40 (E)EN W) + Ana(vo)v1 ()
—sign(ol1()

§(e) =An &N ))5[’ () + ARV @0)viE)
vl (1) = =€) &l (1) = E0(e) [An (EFV ()€ (1) + Ann(vE= )i ()]
—sign(all(r)).
(7.28)
Thus, the sequence of states &(r) = (x[li] (1),... ,xg]_l(t)) and vI1(1) = 2 (1) of the
closed-loop systems:

<§m(t)> ( Au( 0) A1z(vo) ) . (@”(r))
vitl(r) —Cl(1) = ()AL (&) —CV(An(v) ) \ V()

- () sntation

(w(r))— oA A -(5““”)
Vi) ) =\ =€l = Elnan 1) —C0nanti=-e) ) \vie)
~() sntatie)

(7.29)

will be exponentially stable by convergence assumption of the iteration technique.
This can be summarised in the following theorem:

Theorem 7.1. Given a nonlinear system of the form x = A(x)x(t) + B(x)u(t),xo =
x(0), where A(x) and B(x) are Lipschitz, it is possible to find a sequence of slid-
ing mode controls ull (t) such that the nonlinear system will be exponentially
stabilised by lim; ...ul(t) if the coefficients A12(xU=1)(r)) from the reduced order
models (Z28) are non-zero and lower bounded 0 < I; < ||A12(x=1(1))||.

Proof. In order to prove the theorem, convergence of the solutions of should
be shown. By taking into account the convergence of the iterated solutions to the
solution of the nonlinear systems, convergence in this case is guaranteed if the ma-
trices

o Au(E ) Ap(viTl©)
=) = CNAR(E (1) ~CIDAnV @) )

(Sign(gm (1)) )

are Lipschitz. The first part of this proof deals w1th the requ1rements and proof
for the first matrix to be Lipschitz: in fact Ay; (E(r)),A12(vI(¢)) are Lipschitz by
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assumption for the iteration technique. The elements that depend on Cll(r) and
folll (¢) can be analysed now. In fact, for each iteration, from (Z77):

A-1=Af (1) = ADRCT()] = (A = A1) (A = A2) ... (A — Auy)

From here, it is easy to see that Cl! (¢) will be a vector depending on the elements of

N =1
(A [1’] ) . Since these elements are Lipschitz, for the Lipschitz continuity property

to be satisfy for these functions, then, det ‘A[ll]z(t)’ should have a non-zero lower
bound Vr € [0, T].

On the other hand, C (¢) will be a rational function of the elements of A(x) and
its derivatives and since they are differentiable , ¢ (¢) is differentiable, therefore is

Lipschitz.
The second part of this proof deals with the properties of

(s,.gn(fim <t>>> '

In fact, sign(cll(r)) is not Lipschitz, and so we consider a sequence of smooth
sigmoid functions which approximate sign(x) := sgm(x), i.e., tanh(vx),v — co. We
apply the iteration technique to each system obtained on replacing sign(vx) and
using the above sliding surface design: this leads to a collection of systems of the
form:

-k {ye[fl (1), el ()2l + mnh(vkye[f*‘q (7.30)

for a sequence of numbers v, — o, and the original sequence containing o(x):
Py [x[fl (1), = ()l sgmc(x[f*”)] . (7.31)

Each system of the form (7.30) converges by the proof given in Theorem 2.1. To
prove the sequence (Z31) converges, write it in the form:

Hl =k [x[i] (t), =1 @)l (1) +tanh(vk32[i71]} + {sgmc(x[’;l]) — tanh(vi 21|
(7.32)
The proof again proceeds as in the case of Theorem 2.1, noting that the integrated
form:
xli(r) = @ll(1,0)x0 + f3 @ (2, 5)tanh(vixl=1)(s))ds

+ o @l(1,5) (sgmo (d 1)) — tanh(viali=11(s))ds. (7.33)

where @l is the transition matrix of K (xl=1(r),cli=1(¢)), converges since the last
term clearly converges to zero as vy — oo. O

Example 7.2. Consider the example of a robotic arm consisting of two joints. The
dynamic equations of motion for such a system are:
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Iy +MgLsing, +k(q1 —q2) =0

N 7.34
JG»— k(g1 —q2) =u (7.34)

for some given initial conditions x(0) and where the parameters of the system are:

M=5kg g=98lm-s=' L=0.5m
I=25kg-m2J=15kg-m 2 k=100N-m~".
By adopting a change of variables g = x1, g» = X2, ¢1 = x3 and ¢ = x4, the second
order equations (Z.34) can be written in the form of a first order system:

X1 =x3
Xy = X4
. ol . 7.35
X3 =—F(x)—x) - Mflszn(xl) (7.35)
Xq = _7 + §()C1 —x2)
and this can be transformed in the SCD form:
X1 0 010 x1 0
¢ 0 001 0
2 . X2 .
)?3 - _I[c _ M[gl smx(;r]) ][< 00 X3 + (1) M(l‘) (7.36)
X4 5 k00 X4 !

Now the iteration technique can be applied and a sequence of LTV system will be
generated:

Al 0 010\ [« 0

A 0 001 (1 0

X X

A = kMo koo || R ] o W0 @3D)
x3 1 Ik X01 lk .XS 1

XE] J _100 x&ll J

i 0 010 i

X X

i 0 o0t | [ .

= ok masine™ w go H ] o [0 @38)
X A Xy 1

iy § —k00) \xf J

The sliding mode control strategy explained before can be applied now to each of
these LTV systems. In fact in order to create a control ul’ (¢) at each iteration a
sequence of LTV sliding surfaces (Gm, RN G[i]) can be designed such that each of
the systems from (Z.37) — (Z.38)) will converge to the corresponding iterated surface
after the hitting time and remain on it. Therefore for each of the surfaces:

oll(t) = ()l (1) + )l (1) + D)l (0) + ()l ) (7.39)
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and taking the case when c‘[f] (1) = 1 (constant),

Ay = =Ml 0) = S (1) — B ) ) (7.40)

Equations[7.37]1-[7.38 can be written as:

Al 0 0 1 !
A = 0} ~& (1) ey |- [ &Y (7.41)
fio —40-9.81("")) 40 0 A
il 0 0 1 [i
L ~(0) —c3 () —c() i 742
0| a0 o ) o
A 81( it ) 40 0 A

The idea is to stabilise each of the LTV systems with the same spirit as in the pole
placement method in Chapter 5. Choosing a set of desired stable eigenvalues, i.e.:

()‘la/’LZa/’IG) = (_2?_37_5):

A00 0 0 !
040 | —| =) =) =) || = (A =2) (A = 2) (A —2A3) (7.43)
00A al(t)  bll(r) 0

i sin x[iil] ;
where all(1) = —40 —9.81 ("1 /) and bl (1) = 40 = b.

1

Remark 7.3. Note that in this example the left-hand side poles (Ay,A2,A3) have
been selected to be the same for each iteration and during all the time interval
(0,1¢), being possible to generalise the method by choosing different values at each
iteration and at different times.

A 0 -1
—all(r) ~b A ‘ _ '
A (1) = bl (1) — all (1)l (1),

Simple identification of coefficients of same order yields the values for the param-
eters c[{] (1), c[zl] (¢) and cg] () of the sliding surface 6l!(r) that stabilise each of the
iterated systems (Z.41):
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SW)=-A—-Ao—As
cg] (1) = Mzt A3+A3 A0 +all () (7.45)

b
Ml () = ~Midahs+alO)(-Ai-2-3)

o=

So now,
ol = [l] [l]+c“x[l]+c[2] [l]+c[2] [l]+c[3] [l]+c[]x[l]+x“

For sliding mode control, it is required that 6 (1) = 0 and 61! = —sign(c ). Ap-
plying these conditions to the systems (Z37) — [Z.38) gives the controls ull (¢):

ulll = —1. Ssign(o [i]) —-1.5 {c[l]x[l] +c[1']x[3] +c[2']x[2l] +c[2'] ‘[:} (7.46)
7.
+c[3]xH —|—a[ ]c[;]x[f] + bcg]x[z} + Ij‘x[l] — I;x[z]].

By iterating the original nonlinear problem, only after three iterations the sequence
of LTV problems converges to the nonlinear system. In fact, by taking as control law
the third iterated control u(®) (¢) and applying it to the nonlinear system, it is shown
how the states are stabilised. Figures[7.2]-[Z.3] show the stable behaviour of the four
output components after applying the sliding control to each of the iterations and
original nonlinear problem too. In Figure[7.6] the final iterated control law is shown.

x (1) 1

05 ——— Non-linear State

- - -~ IstIteration

""" 2nd Iteration

""" 3rd Iteration

t(s)

Fig. 7.2 Iterated and nonlinear controlled x; () state
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XZ(t) 0.5

Fig. 7.3 Iterated and nonlinear controlled x;(r) state

x4

Fig. 7.4 Tterated and nonlinear controlled x3(r) state
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Non-linear State
Ist Iteration
2nd Iteration
3rd Iteration

Non-linear State
Ist Iteration
2nd Iteration
3rd Iteration

In this chapter, the problem of designing a sliding mode control for nonlinear sys-
tems has been addressed. It is based on the approximation of the nonlinear system
by a sequence of LTV ones whose solution converge to the solution of the original

nonlinear problem.
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X, 4
Non-linear State
= = = = IstIteration
""""" 2nd Iteration
""" 3rd Iteration
-6
0 1 2 3 4 5 6 7 8
t(s)
Fig. 7.5 Iterated and nonlinear controlled x4(r) state
Control 60
Law
40
20
0
-20
40
-60
-80
-100
0 1 2 3 4 5 6 7 8
t(s)

Fig. 7.6 Iterated control

After this, a sequence of time-varying sliding surfaces is designed for each of
the LTV problems. This is done by using a LTV pole placement approach com-
bined with additional conditions for stability of the time-varying case. This theory
is generalized to general nonlinear systems by the convergence of the LTV sequence.
Simulation results on how this is done have also been presented.
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Chapter 8
Fixed Point Theory and Induction

8.1 Introduction

In this chapter we shall show that we can obtain results on various aspects of systems
of the form
x=A(x)x, x(0) = xg (8.1)

by using a sequence of approximations
(1) = A ) (1), 2°(0) = xo (8.2)

as before and a combination of fixed point theorems and induction. The induction
will proceed in the following way: suppose we want to prove some property P of
Equation 8.1, and assume we can find a function x%(r) which has this property.
Suppose also that if x~1(¢) has the property, then the solution x!/() of Equation
8.2 also has the property. Then if the sequence {x!/(¢)} converges on some inter-
val [0, 7], it follows by induction that the nonlinear system (8.1) (or the solutions
thereof) also have the property P.

We shall see that this can be applied to stability of nonlinear systems and the
existence of periodic solutions. The same idea can, however, be applied to many
other situations.

8.2 Fixed Point Theory

The most basic fixed point theorem is the Banach contraction principle. Suppose
that (M, 0) is a complete metric space. A function f : M — M is a contraction (or is
Lipschitz) with contraction constant y < 1 if

6(f(x),f(y)) <7v6(x,)

M. Tomas-Rodriguez and S.P. Banks: Linear, Time-varying Approximations, LNCIS 400, pp. 141
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for all x,y € M. Then the Banach contraction principle states the following:

Theorem 8.1. If f is a contraction on a metric space (M, 8), with contraction con-
stant Y, then f has a unique fixed point given by

lim f"(y)

n—oo

foranyy e M.

The most useful form of this principle for differential or integral equations is the
following (see [1]):

Corollary 8.1. If k : [0,T] x [0,T] x R — R is a continuous kernel which satisfies
the Lipschitz condition

‘k(tasax) —k(t,s,y)\ < L|x_y|’

forall (s,t) € [0,T] x [0,T] and x,y € R, then for all y € C[0,T), the integral equa-
tion

(1) = y(t) + /0 k(. 5,x(s))ds

Jfor 0 <t <T, has a unique solution x € C[0,T].

We can obtain the solution stated in the corollary by choosing any x,(-) € C[0,T]
and defining inductively

X1 () = y(1) + /0 k(5,00 (5))ds.

Then {x,} converges uniformly on [0, T].
Of course, to apply the corollary to a (scalar) differential equation

dx

gt = f(x,1), x(0) = xo,

where f is Lipschitz:
|f(x) = f(y.0)] < vlx =yl

forallz € [0,T] and any x,y € R, we simply write the equation in integral form

x(t) :xo—i—/otf(x(s),s)ds.

The generalisation of these results to vector-valued functions x(z) is clear.
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We now show that theorem 2.1 (the original convergence theorem for the iteration
process) can be proved by fixed point theory, if A(x) is Lipschitz. Thus we have

Theorem 8.2. If in the nonlinear system
x=A(x)x, x(0) = xo,

the matrix-valued function x — A(x) is Lipschitz, then the sequence of functions
xll(.) given by
ill(r) = AT ()6l (1), 21(0) = xo, (8.3)

converges uniformly on any compact interval [0, T].

Proof. Consider the two iteration schemes

X1 (1) = x0+ /0 A Con(5))n(5)ds. 8.4)

and .
o1 (1) = x0+ /0 Ay (5))Tos 1 (5)ds. 8.5)

The first is identical to Picard iteration used in the Banach contraction theorem,
while the second is our iteration scheme. Note the subtle difference in the right
hand sides. We can easily see that X, (¢) and x, () are bounded (say by M) on [0, 7]
for all n and so, by Lipschitz continuity of A(-) we have

A, (0))|| < Ly, forall n,and ¢ € [0,7]

for some constant L;. Let L, be the Lipschitz constant of A(-) and let K be a positive
number to be specified later. Let X be the Banach space of continuous functions on
[0,T] with the norm

11/l = maxo<i<re ™| £(1)]]-

Then by (8.4) and [8.3), we have
X1 (1) = X1 (1) = /Ot (A(xn(5))xn(s) — A(Xn(5))Xn(s))

_ /0 LA G()x(s) — A (5))a(5))

+ (A(Xa(s))xn () — A(Xn(5))n 11 ()
+ (A ()xn11(5) = AXn(5))Xn 11 (5)) } ds

and so
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11 () = X1 Ol < supo<y<re™ /OI{IIA(xn(S))—A(fn(S))II [ea(s)l

HAGG ) - [ (s) = 2n g1 ()]
HIAG ()] - xns1 (s) = Xas1 ()]} ds.

Hence,
t
IBori1 ()t Ol = MLasupocre™ [ eFe*ay(5) ~ 5 s
t
+L1sup0§,§Te_K’/0 K55 (5) = 2001 (8) ]

1
tLasuposrre ™ [ e R 1(5) =% ()]

1
S MLZH"XH(')_zn(')|‘|sup0§t§TeiKt/0 eKA‘dS
!
Hallb) ~ Ol [ s

1
Ll () =Tt Ol [ s

l_efKT
1]

K
1—e

"y
1—e

e

= MLy||n(-) = Xa (")
KT
L[l () = Xas1()

_ —KT
+La || |01 (-) = X1 (+)

and so

1—e KT
af[ne1 () =Xt Ol < max(MLa, Ly) -~ ([[lxa() = Za ()]

+ [ () = X1 I 5

1— —KT
a:l—Ll( ¢ )
K

Hence, if K is large enough, we have

[P () = Tt U< B (1) = Xa O+ 12 () = 2012 ()11])

where 3 < 1. Thus, since x,(-) converges in X by the fixed point theorem, it follows
easily that {X,} is a Cauchy sequence in X and so converges uniformly, for any
T > 0. O

where
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Returning to Equation 8.3 let
Dji1) (1)

denote the transition matrix generated by the time-varying matrix function
A(xl=1)(r)). Then the solution of (8.3) is

(1) = @ gy (1)xo (8.6)

and theorem 8.2 essentially says that the map x(-) — @) is Lipschitz and so
has a fixed point and that the solution is given by the iteration scheme given by
Equation 8.6.

8.3 Stability of Systems

In this section we show how to use the induction argument discussed in the introduc-
tion to prove stability of a nonlinear system. To do this we first recall the notion of
logarithmic norm of a matrix. Thus, for a square matrix A, we define the logarithmic
norm (or measure) of A by

W(A) = limy o, (|1 +hA| = 1)/h,

where || - || is any induced norm on matrices (see [2]). The main advantage over the
usual norm is that (1(A) can be negative, and as noted in Chapter 3, it can therefore
be used to study the stability of systems. The most important property for a linear,
time-varying system

x=A(t)x, x(ty) = xo

is that .
[x(@)]| < IIxollexp/ 1 (A(s))ds, (8.7)
fo

so that if .

H(A(s))ds — —eo

T

as t — oo, then the system is stable. It can be shown that if we use the norm

n
Ixl[1 = Ixi
i=1

on R”, then

1(A) = maxj[Re(a;;) + Y |aij]]
i#]j
while if we use the usual Euclidean norm
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. 1/2
llxll2 = (Zﬁ)
i=1

U(A) = max;(A;(A+A%)/2)

then we have

where A;(-) is the i’ eigenvalues and A* is the conjugate transpose of A.

Although we only have the result above for linear, time-varying systems, we can
use the iteration theory and induction to prove stability for certain nonlinear systems.
Thus, suppose that the nonlinear system

x=A(x)x
satisfies
U(A(x)) < —e<0

(¢ > 0) for all x in a ball B (where A(+) is Lipschitz). Then, as usual, we consider
the sequence of approximations

() = A (1))xl(e), x11(0) = xo € B.

This sequence converges uniformly on any compact interval. For the first approxi-
mation we take
A1) = e 'xg.

This clearly belongs to B. Now assume that xX/(¢) € B for all r > 0. Then
paet@) < —e<o

s0 it follows that A(x*/(r) € B, for all 1 > 0. Note, however, that this does not im-
mediately imply stability of the nonlinear system since it might be possible for the
stable systems, with solutions x!/ (1) to take ‘longer and longer’ times to stabilise.
However, because € > 0, it is easy to prove that this does not happen. Thus the in-
duction principle and the iteration convergence theorem give:

Theorem 8.3. If the nonlinear system

x=A(x)x

satisfies
H(A(x) <—e<0

forall x € B, where B={x: ||x|| <K} for some K >0, and A(-) is Lipschitz, then it
is asymptotically stable in B.
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It is also easy to obtain a result which is similar to LaSalle’s invariance principle.
Thus we have:

Theorem 8.4. If the nonlinear system

x=A(x)x, xeR"
satisfies

H(A(x) <—e<0

for all x € B\ M where B = {x: ||x|| < K} and M is a (not necessarily con-
nected) submanifold of B of dimension < n — 1 such that the nonlinear dynamics
are transversal to M, then the conclusion of theorem 8.3 follows also in this case.

8.4 Periodic Solutions

In order to apply induction and iteration arguments to the problem of periodic solu-
tions of nonlinear systems, we first recall the basic Floquet theory for linear, time-
varying systems (see, for example [3] or [4])

x=A(t)x, xeR"
where A(+) is periodic with period o:
A(t+ o) = A(r),for all ¢.

It is well-known that this system always has a fundamental set of linearly inde-
pendent solutions uy,--- ,uy, so that any solution x(¢) may be written as a linear
combination of the u;’s:
n
= z oc,-ui(t )
i=1

for some constants ;. However, since A(-) is periodic, u;(t + ®), 1 <i <n, are also
solutions of the equation and so they may also be written as linear combinations of
the u;(¢)’s

(D) = Zﬁijuj(t), 1<i<n,
j=1

for some other constants f3;;. Hence the general solution x(f + @) becomes

n

=, > 0ipiju;(t)

i=1j=1

and so if we assume that

x(t+ o) = Ax(t) (8.3)
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for some A, then

=

Y 2 oy (1) (z Ooul-) .

i=1j= i=1

Since the u;’s are linearly independent, we have
det(ﬁ,-j — 15,']‘) =

i.e. A is an eigenvalue of the matrix B = (f3;;). Moreover, if A is chosen as an eigen-
value of B, then the general solution will satisfy (8.8). If we put A = ¢*®, then the
function e *x(¢) is periodic:

e MO (1 4 @) = e M e HOx(t + w)
= e ML x(t + o)
= e Mx(1).
Hence the equation has a solution of the form e x(r), where x(¢) is periodic. If

u = 0, then the solution of the system is periodic.
Now consider the nonlinear system

x=A(x)x, x(0) =xo
and introduce the usual iteration sequence x! () by
Ay = AU (@) (1), €1(0) = x. (8.9)

Suppose we choose L0 (t) to be periodic with period T. Then £ (t) is given by

() = AGL (1)) (1)

which is of the form _
2y =A@l (),

where A(r) is periodic with period T. Hence by the Floquet theory above, x[!(¢) is
of the form exp(ult)EM(r) where E[(z) is periodic with period T. Now consider
the equation

SRORMIE OO

instead of (8.9) above. Again this is periodic with period 7', and so has a solution of
the form

(1) = exp(uln) g (r)

where &?(1) is periodic with period 7'. Continuing in this way, we obtain a sequence
of functions &1 (¢) which are periodic with period 7 and a sequence of numbers !/,
such that x! (1) = exp(ullr) £l (1) satisfies the equation

() = A& ()l ().
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Hence, if ul! — 1 as i — oo, then the sequence & (1) converges to the solution x/ (1)
of (8.9) as i — o and the nonlinear system has a periodic solution.
Now consider the logistic system

X1 = filx)x

X = fo(x)xa

Xn = fu(x)x,
and introduce the sequence of approximations

8 = A0 o)
3 = p0 )

A = £ (T (),
Hence, if x!! (0) = xp, we have the solution
(1) = el Nods )
— AT < k<,

The system has a periodic solution of period 7 if and only if

T .
| A6 sas =o.

Let ‘ -
ull(ry = /0 Sl (s))ds.

If the sequences { ‘uIP] (T)}1<k<n are bounded and bounded away from 0, then they
must have a convergent subsequence, which must tend to zero or else the solutions
would diverge or tend to zero. The nonlinear system will then have a periodic solu-
tion. The conditions clearly hold for Volterra-Lotka type systems.

8.5 Conclusions

In this brief chapter we have shown that the original iteration technique can be re-
garded as a kind of fixed point theory, although to obtain global convergence from
this point of view, we must assume that our systems are globally Lipschitz and so
the original theory is more general. However, as we have seen, fixed point theory
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does provide some useful insights into the method and leads to the idea of using
induction arguments, coupled with the iteration technique to prove that nonlinear
systems possess certain properties, such as stability or the existence of periodic
solutions.

We have shown therefore that the iteration technique is not just a numerical pro-
cedure, but coupled with the induction argument, it can be used to prove the exis-
tence of certain properties of nonlinear systems. Such properties will carry over from
similar properties of linear, time-varying systems in the limit. This demonstrates the
usefulness of the method for general nonlinear systems theory and it appears that it
will be useful in many other areas (see chapter 12).
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Chapter 9
Nonlinear Partial Differential Equations

9.1 Introduction

In this chapter we shall show how to generalise the results of the previous chapters
on finite-dimensional nonlinear systems to partial differential equations. Rather than
try to cover any significant part of this vast field, we shall concentrate on two prob-
lems, since the ideas then apply to many other nonlinear distributed systems. These
two problems are concerned with moving boundaries in heat flow and the motion
of solitary nonlinear waves (solitons). The basic idea is as before, i.e. to write an
evolution equation of the form

where @(t,x) € L?(0,00,L%(Q)) for some open set 2 C R”" and N is a nonlinear
differential operator, as a pseudo-linear one:

o =A@)e ©.1)

for some nonlinear differential operator A(@). Then we introduce a sequence of
approximations ¢!/ () given by

(i . .
70 10) = AloH (e, )0 1, 1) ©2)

The main difference between this and the finite-dimensional problem is the
greater technical difficulty in proving convergence of the solutions of to those
of (O.1). A simpler approach, which we shall take here, is to apply the technique to
partial differential equations which have ‘regular discretisations’ in the sense that
a sequence of finite-dimensional discretisations exists which converge pointwise
almost everywhere (a.e.) to the solutions of the partial differential equations (so
long as they are sufficiently smooth). We then apply the iteration technique to each
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finite-dimensional system in the discretisation sequence and use a diagonal argu-
ment to get the desired convergence of the linear, time-varying approximations to
the solutions of the partial differential equation.

9.2 A Moving Boundary Problem

We shall illustrate the general ideas about using linear, time-varying approximations
to nonlinear partial differential equations by considering the well-known two-phase
Stefan problem. The basic theory of the Stefan problem is given in [1]. Consider a
region 2 C R” which is divided into two (unknown) regions €;,£2; (which may
not be connected) in which a material exists in the liquid state (in £2) and the solid
state (in £2,) such that

Q=0Q,U,.

The phase change, of course, takes place at the boundary of £2; (and that of £2,):
00 = 0J.

In each of the regions £2; and €2, we assume that the process is simply one of heat
conduction. Thus we have the equations

aT

0 = o V2T, (x,1) € [} = Q) x (0,7) (9.3)
T
‘;t = asV>T, (x,1) € I3 = 2, x (0,7)

for some time 7 > 0, where ¢ and oy are the thermal conductivities associated,
respectively, with the liquid and solid phases. In this form, the problem consists of
a pair of linear equations defined in some regions in 2 with unknown boundary
between them. The moving boundary problem causes considerable difficulty in the
theory of partial differential equations and so we reformulate the problem as a single
nonlinear partial differential equation which can be tackled easily by our approach,
as we shall see. Thus, first note that the classical Stefan boundary condition states
that the amount of latent heat at the boundary is given by the difference in thermal
gradient there:

T +
pLV, = l:—Ka } on dI7,
on | _
where V,, is the velocity of the moving boundary, p is the density, L is the latent

heat, x is the thermal conductivity and # is the normal to the phase boundary. The
energy content in the liquid region is given by

T
HT)=L+ | CL(T)dT,T > Ty
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and b
y .
eS(T) :L+/T Cs(T)dT, T < Ty

where Cy and Cy are the respective specific heats. The corresponding conductiv-
ity coefficients (assuming the densities of each phase are equal and constant) are

given by
K1, Ks

= peur) = peyr)

and the energy expressions can be unified by defining the specific heat

OtL(T)

LT —Tu)+CL(T), T > T,
C(T) _{ CSAZT), ’ T<TAA/;I,

and so the conductivity coefficient becomes

{0 =xk/pCu(T). T>T
1) ={ o) ermeur 1 < 1o

For simplicity we shall assume the conductivity coefficient is constant in each
phase, i.e.
or, T>Ty

This gives a reasonable approximation in most cases. We can also use a smooth
function o by defining a C* function which is equal to o for T < Tjy — € and equal
to oy, for T > Ty + € (see Figure[@.). This will avoid any technical difficulties in
the existence and uniqueness theory of the partial differential equation. Thus, the
equations can be unified into the equation:

‘Z = a(T)VzT, (x,1) € Q x (0,7), 9.5)

where o(T) is given by (9.4).

9.3 Solution of the Unforced System

To solve the uncontrolled system (9.3), we introduce a sequence of linear, time-
varying problems:

oTll
ot

with some initial conditions

(x,1) = (T (1)) V2T (x,0), 9.6)
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O 5

v

and a Dirichlet boundary condition
Tl(9Q,1) =0, say.

Note that we are taking the whole of the zero” approximation equal to the initial
function f(x), for all 7. We could take any other (reasonable) function here. This
effectively means that we are taking, for the first approximation 7', the solution of
the system
or!! 0 271

5 () =a(Tn) V2T, 9.7)
ie.

ol

ot

It is well-known that each of the equations (9.7)) has a unique solution. To prove
the convergence of the sequence of solutions, we approximate each system by
a finite-dimensional approximation. For simplicity, we shall consider only the one
spatial dimension case; the general case follows similarly. Thus, consider a one-
dimensional bar with temperature 7 (x,7), 0 < x < £. Write

(1) = a(f(x) VT (x,1).

Wl .
T/(t) =T (1, j¢/N), j=1,2,-- .

Then we have the system

dthQli

where
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7l
= : |,
T
—20(rfy @™y 0 0
o o™ ey @y 0 0
(Ax)2 ’
0 e 0 (i —2a(mi
T[l](o) - T07 T[l] - (Tl[i]7' o 7T]\[Ii])T7
and

To = (f(€/N), f(2U/N),---, fF((N = 1)E/N), f(£)).

(f is the initial condition, as above.) Hence we can write the system in the form

7 o
(9;; (1) = A(TE)T, 7(0) = T, 9.8)

Since A is locally Lipschitz, we have the following theorem ([2], see Chapter 2):

Theorem 9.1. The sequence of temperatures T (t) defined by [@8) is uniformly
convergent on any compact time interval.

Combining this with the well-known convergence theory for finite-dimensional ap-
proximations to diffusion systems, we have

Theorem 9.2. The sequence of temperatures Tl (t) defined by (O.8) converges uni-
formly almost everywhere on compact time intervals, as t — oo and N — oo, to the

solution of (9.6).

To illustrate the technique in a simple case of heat flow in a two-phase system,
the unforced diffusion system has been solved with f(x) = e*@=D)_ so that some
regions are liquid and some solid at # = 0. Here we have taken / =2 ,N =30 and 7 =
0.75; 300 time steps were used. Two vales of the thermal conductivity coefficients
were used and it can be seen that the method correctly predicts the phase boundary

and converges in 4-5 iterations (see Figure[0.2).

9.4 The Control Problem

We now consider the problem of controlling the temperature profile in a one-
dimensional bar with a pointwise laser heating control. The physical setup is shown
in Figure[0.3] The equation of the system is given by
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a,=0.8, 1;=0.05, T _=0.5 a) a,=0.8, 0;=0.05, T,=0.25 b)

Fig. 9.2 Plots of the solution of the unforced system with f(x) = *=1? and various values
of or, 05

Laser heating
4 X onlyinx_.
T=0 T=0
YA P i Lo
TR R (TR
) ; J
[ i

Fig. 9.3 The basic laser heating system
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oT
ot

where u is proportional to the heat input power from the laser and x is the point of
injection of the heat. We shall apply the iteration method as before to the problem,
so that we consider the finite-dimensional approximation

= o(T)V?T + 8(x — x)u, T(0) = Tp. (9.9)

li . .
aaTt ) = AT )T (1) + Bu, 9.10)

where A is the matrix defined above and
B=(0,0,---,1,0,---,0)" 9.11)
and the ‘1’ is in the m" place corresponding to the point
x=ml/N. (9.12)

If T;(z) is the desired temperature profile, we shall solve the optimal tracking prob-
lem of minimising the cost functional

1

J = 2(Tm (1) = Taltp)) F (T (1p) = Tu(t))

—|—;/0’f{(T[i](l‘)—Td(t))TQ(T[i](t)_Td(t))+uTRu}dt

where F and Q are positive semi-definite matrices and R is positive-definite.

In order to consider the ‘trackability’ of a given desired temperature profile, we
shall first look at the general problem in terms of the nonlinear (finite-dimensional)
control system

x= f(x,u).

Suppose that we desire to track the function x,(¢); then there must exist a control
uy(t) such that

Xa(t) = f(xq(1),uq(r)) (9.13)
forall + >t > O for some finite . Let

y(t) = x(t) = xa(t)-

Then
y(1) = x(1) = x4(1)
= f(x(1),u(t)) = f(xa(t),uq(r))
= g(y(t)vv(t)vt)
where
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and
g(O’ 07t) - 07

by Taylor’s theorem. We can write this equation in the form

¥(t) =AW (@),v(2),0)y(t) +B(y(1),v(1),0)v(1)

for some matrix-valued functions A and B. Hence, we can always rewrite a tracking
problem as a regulator one provided the system can track the desired function x,(r),
i.e. there is an open-loop control u, () such that holds. If x; is constant then
becomes
F(xa(t),uq(t)) =0 (9.14)

and so, for trackability, there must exist a (constant) control u; such that
holds.

Specialising to the heat control problem, if we want to track a given temperature
profile 7¢, then we must have

0
20(Td) a(Td) 0 e e 0 ri
1 (T8 —2a(T¢) (T 0 -~ 0 L ;
(Ax)2 - Ud-
4\ _0 (T :
0 0 o(Ty) —20(Ty) ¢ 0

Hence, if the input is in the m”" place, we require

o(Ty! d | 7d
2T +T,) = 0
(AX)Z ( 1 + 2)
o(T3) g d | 7d
(Ax)2 (Tl —2T2 +T3) = O
o(Te )
(AX)2 (Zﬁ—Z_ZTrz—ld‘_Tn‘f) =0
o(Tyt) a d | d
(Ax)2 (Tmfl _2Tm +Tm+l) = —Uq
(T )
(Ax)2 (T]Gl—Z_lefll—l+T1</l) =0
o(T) (g d
(Ax)2 (TNfl _2TN) = 0.

An elementary calculation shows that

T =mTy, ,Tpy=(N—m+1)Ty
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so that T
mT
T =
NTN—m+1
and
; :a(Tm) N+1 1
T (AxEN—m+1"

159

Hence, the only constant (in time) temperature profiles which are trackable are

piecewise linear about the control point.

In the case where we allow time-varying desired temperature profiles, Tl-d (1), we

must satisfy the following equations:

I
jd
) = g0 4210 -1
d
10 = ) 20 =10

and

BT
jd
RS SURE T
jd
T = gt A0~ Tial)

where B = (1/(Ax)?)a(T). To solve these equations we write

Td
- (3)
h

01
I = (_1N>Fk—1

where N is the operator defined by

Then the equations become

(9.15)

(9.16)
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Hence

I = KT
where

01
()

and so

Li=K"DL
so that

o= K" 7w d
ﬁTld(,) +2T1 (t) )

where (-), means the second component. Similarly, starting with (9.14) we have

d
T = (KN"” ( B0 iVZTd(t)>>
137}\‘;(’) N 1

and so we have proved:

Theorem 9.3. A necessary and sufficient condition for the system (@.9) to be able
to track a desired temperature profile is that (9.15) and (9.16) are satisfied and that
Tld and TA”,Z are related by

T4 T4
<Km2 ( Tld(t) —-12Td(l) ) > - (Kle ( T[\‘}(’) _:IZTd(t) ) ) .
BT (1) 1 5 BT (¢) N 1

Moreover, the (open-loop) control is given by
ug = Ty = B(T) (T = 2T + Tt ).
Of course, for the case of laser heating, we also have the condition that
ug(t) > 0forallz >0.

These conditions are highly nonlinear and can be used as a test for any given
desired tracking function. In general we will expect perfect tracking only for a very
restricted class of functions.

Finally we apply the above results to a real problem. Consider the case of holding
a one-dimensional bar such as the one in the above figure at the melt temperature,
i.e. T%(x,t) = Ty for all x and ¢. The parameters used were N = 30, £ = 2, oy =
0.8, os = 0.02, Tyy = 0.25 and R = 0.5. The heating point was taken to be in the
middle of the bar, i.e. m = 15 and the time step was 0 = 0.001s. The initial condi-
tion was T1% (x,0) = 0. Figure 9.4 shows results obtained with around 5-7 iterations
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when the approximations have converged. Better tracking can be obtained by reduc-
ing oy, / .

5 iterations a) 7 iterations b)

e 0.5

0.5
) T
0.25 0.25
0 2 &1 2
0.1
t ] t 0 X

Fig. 9.4 Plots of the controlled laser heating problem

9.5 Solitons and Boundary Control

In the second half of this chapter we shall illustrate the iteration technique for par-
tial differential equations by considering the generalised Korteweg-de Vries (KdV)
equation

O+ P k(@)Px + Prre =0 (9.17)

defined on the spatial interval (a, ), mentioned in Chapter 1. We shall assume that
the system is controlled by the boundary values

@(ot) =ui (), @(B,1) = ua(t), @x(B,1) = u3(2).
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The exact boundary control problem for this system can be stated as follows:
Let 7 > 0 and s > 0. For any f,g € H*(a, ), find boundary controls u;, j =
1,2,3 such that the solution ¢ € C([0,T];H*(c,3)) satisfies

(,D(X,O) :f(x)v (p(X,T) = g(x)

(in the distributional sense) on the interval (o, 3).
We write the system in the form of an abstract equation on some Hilbert space X:

dy

g =+ F()+Bu (9.18)

where A generates a C°-semigroup W (¢) in X and u is the control.
First we study the linearised equation:

Definition 9.1 We say that the linear evolution

dy

=Ay+B
dr y + Bu

is exactly controllable on X if there exists a bounded linear operator G : X X X —
L2(0, T;X) such that, for all f,g € X, the unique solution of

y _
e =Ay+BG(f,g),y(0) = f

satisfies y(T) = g.
This simply expresses the control u, if it exists, as a linear function G of the de-
sired starting and ending values f and g. If the linearised system is exactly control-

lable, then we can prove that the nonlinear system is also exactly controllable in the
following way. Write the nonlinear system in integral form:

¥(t) = +/Wt—r dr+/ Wt — 7)B(u())dx.
Then we define .
UT) = [ We-DF((e)ar
and the operator I" by

rO) =W+ [ We-DFG@)T+ [ W= 0BG~ (7)) (@)

If we can prove that I has a fixed point, then this point is a solution of the nonlinear
system with the feedback control

=G(f,6—UT,y))(1)
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such that
ry)o)=r
and
roy)(T)=«T,y)+g—4T,y)=g,

proving exact controllability. The exact controllability of the linear system is fairly
standard and can be found in [3]. In order the use the above approach to prove the
exact controllability of the nonlinear system, we consider an equivalent problem on
the whole of R rather than the boundary control problem on (o, ). We then ask if,
for any given functions f,g € H*(R), we can find a solution ¢ of the equation

O+ Qx+ k(@) Px + P = 0 9.19)
which satisfies
¢(x,0) = f(x), o(x,T) = g(x)

on the interval (o, 3). We then get a solution to the original control problem by
choosing

(1) = @(a,1), Qua(r) = @(B,1), u3(1) = @u(B,1)

and take the restriction of ¢ to [er, B] x [0,T]. To prove that the above operator I"
has a fixed point we need a number of smoothing properties of the linear system.
Let W (¢) be the unitary group generated by the operator

Af:_f/_f///

from L?(R) to itself, with domain D(A) = H>(R). Then the solution of the linear
KdV equation

O+ Qx + Qrxx = 0
¢(x,0) = f(x)

is given by
@) =W()f.

If le, denotes the weighted Hilbert space L?(e***dx) for ant b > 0, then ([4]) A
generates a semigroup Wj(¢) in this space, given by

Wi (1) = exp(—1(D—b)* (D~ b))
where D is a differential operator. Moreover, we have the estimate
”Wb(t)”L(HJ(R)ﬂd (R)) < Cf—<s _S)/zexp(b3t)

for s < s’ and if
O+ Qe+ Qe =p, 0 <t <T

and
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¢ € L7([0,T;H'(R)), e”p € L7([0,T]:H ' (R))

then
e’ € C([0,T);H) NC([0,T];H®) fors' < s+ 1.

Moreover, we have

Po(r) = —|—/W;,t—‘ce “p(t)dT.

To determine a better smoothing property we define the space Y;;, (a,b € R) to be
the completion of the space S(IR?) of tempered distributions with respect to the norm

I, = [ [ (+1e-g -8NP+ g)>IfE nPdgds.
where f is the Fourier transform of f. Then, if s > —1 and b > 1/2,

feYy,= fe YR I2(R))

loc

forany 0 < o < 14s—[1+s],and so

fer?, (R;L*(R)), 1<p<oo.

's,loc

The smoothing property we need is (see [S])
Lemma 9.1. Let s > —3/4, 0 € C5 (R). Then there exists B € (1/2,1) such that for
allb € (1/2,B), there exists ¢ > 0 such that

[o@)d(@W) v, < cllolly,, vy,

forall o,y €Y,

Since Y, ;, € C(R;H*(R)) for b > 1/2, it follows that

for some functions 61(r),02(t) € C5'(R).
We can now state a result from which the boundary controllability of the system
will follow:

Gl(t)/OtW(f—T)Gz(T)(axUPllf))(',T)dT

<cllolly,,llwlly,,
Yip

Lemma 9.2. Consider the nonlinear KdV equation

O+ @+ k(@) + (a(x,1) Q)+ Qrey = 0, x,t € H
?(x,0) = h(x),
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where a(x,t) € Yy, and k is of the form
k(o) =p'(@)9+p(e)
where p is differentiable and

1p(@)ly,, < cllolly,,

for some constant c.Let s > 0,T >0 and b > 0 be as in Lemma 9.1. Then there exists
6 > 0 such that if f,g € H*(a, B) with

£l a5 () < 65 18l s p) < 6

there exists h € H*(R) such that the solution of the equation satisfies

(,D(X,O) :f(x)a (p(X,T) :g(x)7 RS (aaﬂ)'

Proof. We have
!
(1) = Walt)h /0 Wa(t — 1) (k(9)py) (T)dT 9.20)
where W, is the C%-semigroup introduced above. Let

(1.9) = [ Walt = 2)(k(9)p (7).

Then we can choose
h=G(f,g+4T,0))
in ([5], Proposition 4.1) to give

0(1) = W)Gf 8 + £T,9)) ~ [ Walt — ) (k(9)g) (2)dx

and then
(,D(X,O) = f(x)a (p(X,T) = g(x)'

All that remains is to show that the map

F(9) = WG, +(T.9) — [ Walt = D) k(9)p0) (e

has a fixed point in Y ;, by demonstrating that it is a contraction. This follows from
the inequality
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[ wate =2 k(o)p0 (7raz

H(R)

< supics |010) [ Walr~ Dos(0) k() g0) (e

0 5 (B)
= supicn [010) [ Walt ~ D)0(0) ulp(0)9)p) (D)

0 5 (®)
<cllolf,

We can now state the main result:

Theorem 9.4. Suppose that k(@) is of the form

k(@) =p'(@)p+p(o)

where p is as above and let T > 0 and s > 0 be given. If [, ] C (oy, 1), suppose
that
w(x,t) € C”[(0y,P1) x (—&,T +¢€)]

for some € > 0 satisfies
wr +wyx +k(W)wy + Wy =0, (x,2) € (0, B1) x (—€,T +¢€).
Then there exists a & > 0 such that for any f,g € H*(a, B) satisfying
1£C) =w(,0) || ms(apy < and|g(-) —w(-,0)||gs(q,p) < 6

one can find controls uy,uz,u3 in L*(0,T) (u; € C[0,T], j =1,2,3 if s > 3/2) such
that the system has the solution

¢ € C((0,T]:H*(r, B)) NL*(0, T3 H* (o, B))

satisfying
(p(X,O) = f(x)a (p(X,T) = g(x)

on the interval (a, ).

Now that we have controllability we can apply the iteration method for optimal
control in a fairly standard way. For the details, see [6].
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9.6 Conclusions

In this chapter we have outlined the application of the iteration scheme to nonlin-
ear partial differential equations. We have shown that moving boundary problems
and boundary control systems can be effectively treated by our methods. In order
to avoid technical difficulties with nonlinear partial differential equations, we have
solved moving boundary problems by using a discretization of the system and con-
sider it as a finite-dimensional problem. Boundary controllability has been shown
using standard techniques from Sobolev theory. Clearly the method can be applied
to a wide variety of such problems.
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Chapter 10
Lie Algebraic Methods

10.1 Introduction

In this chapter we shall consider systems of the form
x=A(x)x (10.1)

where A : R” — g and g is the Lie algebra of a Lie group G. The classical structure
theory of Lie groups and Lie algebras (see Appendix B and [1,2]) will be used to
decompose the system (I0.I) into simpler subsystems in a way which generalises
the classical Jordan decomposition of single matrices. In the latter case, of course,
if we have a linear system

X =Ax,

then we may use the generalised eigenspaces of A to write the system in the form
y=Jy

where J is a Jordan matrix of the block-diagonal form

Ji
J= )
J;
and each J; is of the form
Al
Al
Ji= R
Al

M. Tomas-Rodriguez and S.P. Banks: Linear, Time-varying Approximations, LNCIS 400, pp. 169
springerlink.com (© Springer-Verlag Berlin Heidelberg 2010
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where A4 is some eigenvalue of A. Here,
y= P 'x
where
P 'AP=1J

and P is the matrix of generalised eigenvectors of A. (One drawback here is that P
is a complex matrix if the eigenvalues are complex, but one can always use the real
normal form, if necessary.)
In the case of the nonlinear system (I0.1), we first decompose g into the Levi
form
g=s5+g1 (10.2)

where s is a solvable Lie algebra and g; is semi-simple. Note that the sum in (I0.2)
is not direct. Since g; is semi-simple it has a direct sum decomposition

glzb@zga

acA

where f is a Cartan subalgebra and g, is a one-dimensional root space. It follows
that any system of the form (I0.1) may be written as

x=S(x)x+H(x)x+ Y, eq(x)Eqx

aEeA

where S(x) € s, H(x) € h and E4, € g, for each x € R" and o € A. Note that all the
matrices in b are simultaneously diagonalisable.

10.2 The Lie Algebra of a Differential Equation

In this section we consider the basic properties of a Lie algebra associated with a
nonlinear system. Thus, consider the nonlinear system

x=A(x)x (10.3)
where A is continuous and let
Zia(x)y = Lie subalgebra of g/(n,C) generated by A(x), x € R".

If A is also (real) analytic, we may expand it in a Taylor series:

Alx) =Y A
i[>0
where i = (i1, -+ ,iy), X' =x]'x7---x" and A; is a constant matrix. Then we also

consider the Lie algebra %}, defined by
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£y, = Lie subalgebra of gf(n,C) generated by A;, |i| > 0.

Lemma 10.1. IfA(-) : R" — R™" is analytic, then £ 5y, = Za;-

Proof. If {B;}<i<k is a basis of .Zj,, then

where p;(x) exists for all x € R” by the analyticity of A(-). Hence we have A(x) €
Ly and 50 Liay € Liay-

For the converse, we show that A; € X{A(x)} for each i. Clearly, Ag = A(0) so it
is true for i = 0. We prove that A ... o € .i”{ A(x)}s the others being similar. Now,

_d .. A(he;) —A(0)

If {Bé}lgigM is a basis of E{A(x)}’ then

M

Ayp..0= }liﬁ(l) Y 4i(h)B;
—Yi=1

for some functions g;(h). Since the B!’s are linearly independent, each limit
limy, o gi(h) must exist, so that Ay o.... 0 € Ly (v)}- ]

Remark 10.1. (a) The Lie algebra £ y)) is defined even if A(+) is not analytic, so
this is the more general case.

(b) Z(a(x)y depends on the representation ({I03); however, different representa-
tions are equivalent in the sense that they operate on R" to give the same solutions.
Hence we denote the Lie algebra of (IO1) by £4.

Theorem 10.1. Any nonlinear system of the form ({I0_1)) can be written (in a suitable
basis) as
Ii(x)
I(x)
x=8(x)x+ . X

I;(x)
where (S(x),S(x)) = 0, S(x) = [S(x),S(x)] and T; belongs to one of the simple Lie
algebras An,B,,Cy,D,,Go, Fy,E¢,E7 or Eg where (-,-) denotes the Killing form
Of.,gA.
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Proof. Let t be the radical of %4 and let
Lry=t+m

be a Levi decomposition of %4, where m is a semi-simple subalgebra. (Note that
the sum is not direct, so the decomposition is not unique.) The semi-simple part m
may be written

m=mo---Om,

as a direct sum of simple Lie algebras m; (which are ideals in .%). The condition
(S(x),S(x)) = 0 follows from Cartan’s criterion for semi-simplicity. m|

Theorem 10.2. Any system
x=A(x)x

where £y is generates a simple Lie algebra can be written in one of the following
forms:

Type A:
x=A(x)x, tr (A(x)) =0.
Type B:
0 ulx)  v(x)
= —vI(x) A(x) Ap(x) |x,
—u" (x) A2 (x) —AT; (x)
AL () = —An(x), A3(x) = —Ax(x)
Type C:
¥ = <A11(x) Alz(x) )
An(x) —Af (x) )77
AL () =An(x), A3(x) =An(x)
Type D:
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0  —rbi(x) —rby(x) —rbs(x) raj(x) rax(x) rasz(x)

—raj(x) M(x) cax)  e3(x) 0 b3(x) —by(x)
—rap(x) ca(x)  A(x)  es(x) —b3(x) 0 Dby(x)

x=| —ras(x) cs(x) c6(x) - byx) —=bi(x) O X
rby(x) 0 —a3(x) ax(x) —A(x) —ca(x) —ca(x)
rby(x)  az(x) 0 —ai(x) —ci(x) —A2(x) —ce(x)
rby(x) —ax(x) ay(x) —c3(x) —es(x)  u

where X;,Y; satisfy

X, Y] =Y XY, 1<i<r 1<j<s
J pitP
p=l1

p
[Ye,Yp] = inxﬁx,-, 1<a,B<s
i=1
where X; = (x’;xﬁ) and X;,Y; can be realised on a 16-dimensional space for type Fy

(with r = 36,5 = 16) or a 2"-dimensional space for types Es,E7,Eg. For Eg,r =
120,s = 128 and E¢, E7 are subalgebras of dimensions 78 and 133, respectively.

(See Appendix B.)

Example 10.1. The system

X1 = 4x1 —x2x3 +X3X3
Xo = —X1 +X1Xx3 —x%x3

X3 = x1+4x3 — xlxé +x%x2

can be written

X1 4 00 X1 0 —x3 x‘é X1
X |=(-100 x|+ x3 O —X% X2
*3 104/ \x3 -4 220 X3
400
The matrix [ —1 0 0 | belongs to a trivial solvable Lie algebra and
1 04
0 —x3 x5
x3 0 —x% belongs to the simple Lie algebra g3 generated by the matrices
-5 20
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00 0 001 0-10
Mi=[{00-1), M= 000|,M;=(100
01 0 —-100 000
Note that
[M;, M| = M

where (i, j,k) is an even permutation of 1,2, 3.

10.3 Lie Groups and the Solution of the System

In this section we consider solution of the equation
x=A(x)x, x(0) =xo
and show that it is given by
x(1;x0) = explA(t;x0)]x0,

where A(1;x9) € %4 for each 1,xp; i.e. the solution can be regarded as an operation
of the Lie group of the Lie algebra % as a transformation group on R”, since we
have

explA(t;x0)]xo = exp{A(t2;exp[A(1;x0)] } exp[A(t15x0)]x0, fort =11 +1,.
Theorem 10.3. Consider the nonlinear system
x=A(x)x, x(0) =x0 € R"

where A : R" — R" s locally Lipschitz. Then the solution for each t (for which the
solution exists) can be written in the form

x(1;x0) = exp|A(t;x0)]x0
where A(t;xo) € %4 for eacht,xy. Moreover we have
explA(t;x0)]xo = exp{A(t2;exp[A(t1;x0)]  exp[A(t1;x0)]x0, fort =11 + 1.

Proof. Since the last equation is obvious from the group property of the solutions of
differential equations, we need only prove the first part. As we know from Chapter
2, we can replace the system (on any compact time interval on which the solutions
exist) by a sequence of linear, time-varying approximations

) = Ao (1)
i) = A0 (0), (0) =x0, i >2
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the solutions of which converge uniformly on compact time intervals on which the
nonlinear system has a solution. Now recall that for any time-varying system

x=B(t)x, x(0) = xo,

2. .
where B(+) : R — R™ is continuous, we have

x(t) = lim {exp {;B ((n— 1);)]exp {;B((n—z)tﬂ

n—o0 n

exp {;B (;)] exp (B(O))xo}

(see Chapter 3). Applying this to each term in the sequence x/ above and
taking a diagonal subsequence, the result follows from the Campbell-Hausdorff
formula, which we recall says that if A and B are sufficiently close to 0, then
C =In(expAexpB) is given by

C—B+ /1 " alexp(tA dA) exp(A dB)](A)dr

where
Inz
8(z) =
z—1
—1+1(1 )+1(1 )+
= ) z 3 Z
=1
=y, D
e+l

O
Of course, this result states that the solution of an equation of the form (IQ.3) is
given by
x(t;5x0) = y(t;x0)x0

where y(t;x0) = exp|A(#;x0)] is a smooth curve in the Lie group G4 of .Z4.

Example 10.2. Any system of the form

ayp(x) -+ apy(x)
x= oo, x, x(0) =xp

an (x) -+ anp(x)
where a;;(x) = —aji(x). that is A is skew-symmetric, has a solution of the form

x(t5x0) = O(t;x0)x0
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where O(f;xp) is an orthogonal matrix for each ¢. Thus, all systems of this form
generate rotations of x( for each ¢. Of course, in this case, this result follows also
from the elementary fact that the norm ||x(#;xo)|| is invariant; for

d n ) n n
it ||x(t;xo)H2 = Zixixi = 2{ zllxiaij(x)x_,- =0.
i= i=1j=

Example 10.3. For any system which satisfies Y | a; = 0, i.e. A has trace 0, the
solution is of the form
x(t;x0) = D(t;x0)x0

where det[D(#;x0)] = 1 for each ¢, since in this case the Lie algebra Ly is s/(n) and
Gy is SL(n). For example, the equation

()= (o) () w0 (32)

has solution

so that

x(t) = (exp(f) exp(t) (exp{[1 —exp(—1)lxa0x10}) 10 ) <x10> .

0 exp(—t) X20
Note that we have
exp{[l —exp(—t)]x20} — 1)/x20 — 1 —exp(—1)
as xp0 — 0, and so this function is well-defined. Note however that, just as with A(x),

this representation of the solution is not unique.

Example 10.4. Let J denote the 2n x 2n matrix

01
J= ( 0 0) .
A symplectic matrix A is one which satisfies the relation
ATJA=1.

Differentiating this gives the Lie algebra sp(n) of infinitesimal symplectic matrices
B which satisfy the equation
JB+B"'J=0.
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Thus any differential equation of the form
X = <A11(X) Al% x) > , x(0) =xp, x0 € Rzn,

2 . .
where A1(x),A2;(x) € R™ are symmetric, has solutions of the form

x(tsx0) = (Bn(t;xo) Blz(f;xo)>xO7

By (t;x0) Baa(t:x0)
where
B! By — BB =0,

BBy — BB =1
—BY,Bo1 + B{,Bx» = 0.

10.4 Solvable Systems

In this section we shall generalise some results of Chapter 3 on solvable systems.
Thus, consider again a system of the form (I0.3) where the Lie algebra %, of the
system is solvable. Then all the matrices A(x) can be put simultaneously in triangu-
lar form. Therefore we can write the system as

ayy (x) app(x) -+ ap(x)
a1 (x) -+ az(x)

X = . . X.

A (x)

From the results of Chapter 2 we know that the solution of this system through the
initial point xq is given by the limit of the sequence of systems

an(10) apGd(0) - an(E0)
an (1)) -+ an (1))

(1) = , , (1), 21(0) = xo.
ann(x[iill(t))
We can solve each of these upper triangular time-varying systems explicitly to
obtain ‘ ‘
Al () =S @), X)) = xo,

where

o1(5(1))

02(5(1))
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and
Gn(E(1)) = exp ( A ann@(s»ds) o
GL(E (1)) = exp ( A akk@(s))ds) wt [ 3 adE0)oE)

(=k+1
X exp (exp (/t akk(é(r))dr>> ds,
n—1>k>1. A
Hence, iterating this sequence gives the solution
(1) = ST @),

We can obtain an explicit expression for A(z;xp) in this case:

Gu(E (1)) = exp ( [ ann<é<s>>ds) X0 = O (£50,)¥o0n, say.

O-nfl(é(t)) - anfl,nfl(é;oat)xo,nfl +
/0an—l,n(g(s))an—l,n—l(g;sat)x(]nds

= 04— 1,2-1(;0,8)x0 n—1+ Oy—1,2(§:0,7)x0,, say,

and so we can write
S(E())(1) = A(E:1)xo,

where

0517](6;0,1‘) 061_’2(6;0,1‘) a17n(€;0,t)

A(E;t) = : :
(5 t) Oln,]ﬁ,](é;o,l‘) anfl,n(é;oat)
00 (:0,1)

and therefore ‘
A(t:x0) = lim[S' (U (DA 1) x).

This gives the following stability result, for example.

Theorem 10.4. Let K > 0,M > 0 and suppose that

ai[(x)§—85<0, 1<i<n
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and put 0 = min;(&/2), o =min;(g — §). Moreover, suppose that
lae| <L, k# L, ||lx]| < K.

Then if
(a)nL/o < 1
(b) |xok] < (1—nL/o)M, 1 <k<n
(c)M < K/n'/?
the system is asymptotically stable in the ball {x : ||x|| < K}.

Proof. We assume that |oy(1)] < Nexp(—0t), k+ 1 < ¢ < n. This is certainly true
for £ = n by the above assumptions. Also we have

01(0)] < exp(—exlaanl+ [ 3 laal&)llon(s)exvl—(r —s)exlds
l=k+1

!
< exp(—&t)|xox| + LM (n — k) exp(— ekt)/ exp(—0s)exp(s€)ds

< LMnexp(—0t)exp[— ek—S)/exp (—0 + &)slds
0
)

ot
< exp(—&)|xor| +LMn exp(

< Mexp(—6t1)
by the assumptions of the theorem. It follows that if we have
Y@ < K
then we have
K@) < K

and in fact _
% (£)]| < Kexp(—&¢).

However, the same argument shows that ||x[% () | < K and so the result follows by
induction and the convergence of the sequence x (). O

10.5 The Killing Form and Invariant Spaces

The Killing form of a Lie algebra is given by (see Appendix B) the symmetric bi-
linear form
(X,Y)=Tr(ad X,ad Y).

Since the Killing form is important in determining the structure of semi-simple Lie
algebras we consider next the determination of the Killing form of the Lie algebra
%, generated by the differential equation
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i= (éoAixi) x.

Recall that this is the same as the Lie algebra .%,,. We suppose that, as a vector
space, dim .4 = M. Since the dimension of the vector space spanned by {4;} is no
larger than M we suppose that its dimension is K < M. Thus, there are K linearly
independent matrices in the set {A;} - denote them by Cy,--- ,Ck. If K = M then
we have a basis of .Z}; if not, we can extend them to a basis of £, by adding the
matrices Cg41,- - ,Cy, Where

Cj= [leacjz]a K+1<j<M,

for some j, jo» < j. Let
[Ca,Cp] = Zdéﬁcy:
Y

ie. dg are the structure constants of £, with respect to the basis Cj,--- ,Cyy.
Then we have:

Lemma 10.2. The Killing form of £ is given by
X,Y)= ZZZZygxdeid,iy7
i 0 kv
where X =Y x;.Cr., Y =Y. y,Cy.

Proof. Suppose that
[ aC, (X yeCe,G)] = ;a,-jcj.
Then the left hand side equals
;%yzxk[ck’ [C.Cl]] = ;%ym ;dZi[Ck,Cy]
— ;;; yéxkdgi;d,{ycj

so that

aji= 23 Y yenddy,
koY

and the result follows. O

Corollary 10.1. %, is semi-simple if and only if the form
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((xlu" )X ) Vi, vyM ZZZZygxkd/l
il kY

is non-degenerate.

Proof. This follow from the lemma and Cartan’s criterion for semi-simplicity (see
Appendix B). a

Example 10.5. Define the matrices

00 0
00 -1
01 0
001
000
-100

0-10
My={100
000

M,

M,

The matrices are linearly independent and involutive in the sense that
[Mi 5 M j ] - Mk )

where {i, j,k} is an even permutation of {1,2,3}. Hence we have dim %, s, 51 =
3 and the structure constants are non-zero only if i, j, k are distinct and hence a per-
mutation of {1,2,3}. Clearly,

(X,Y) = =2(x1y1 +x2y2 +x3y3)

where
X =x My +xoM +x3M3, Y = y1 My + yo,Ms + y3 M3

and s0 Ly, m,.m) 18 semisimple (in fact, it is simple). Consider the system
X =[fiMy + faMa + f3M3]x.
By Theorem 10.3, this has a solution of the form
x(1) = explA(#:x0) o,
where

3
A(txo) = z 0;(t,x0)M; € Ly My Mz}
i—1

for some functions o, 0, ,03. In fact, the system generates rotations as can be
seen directly:
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d 5 S

dt”x(t)” =2i=21xixl-
= 2x1(fox3 — fa3x2) + 2x2(— fix3 + faxy) + 2x3(f1x2 — fox1)
=0.

Hence, spheres are invariant for this dynamical system. Now suppose that f =
(f1, /2, f3) is of the form

dv dV 9V
f n <8x1 ’ 8x2’ aX3> B gradV

for some function V. Then the equation becomes

and the level curves of V are also invariant, i.e. dV /dr = 0, as can easily be checked.
Hence for this system, the trajectory starting at xy remains in the set

{o: [lxll = llxoll,V (x) = V(x0) }-
Consider now the more general system of the form
3
y= Y hi(y)Epy,
i=1

where [E;, E | = E} for an even permutation {i, j,k} of {1,2,3}. Then

LB, By B3y = Lty My M3 )
and so there exists P such that

Ei=P 'MP, 1 <i<3.

Hence if we define the new coordinates x = Py, then we have

3
X = 2 h,‘(Pilx)M,‘x
i—1

and if there exists a function V(x) such that

(hl<P—1x>,h2<P‘1x),h3<P—1x)):(‘W v ‘W),

8x1 ’ 8x2’ aX3

then the system will be invariant on the level curves V (x) = V (xo). For this we must
have
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ohi(P~'x)  9hj(P'x)

axj axl ) l#.}?
ie. () hi(y)
i) Oj\Y)

where Pl/ is the " column of P~!. Hence we have proved:

i# ),

Theorem 10.5. Given a system of the above form where [E;,E;] = Ey for an even
permutation {i, j,k} of {1,2,3}, if the functions h; satisfy the condition

ohi(y) y _ hi(y) y ., .

where P is given by the condition
Ei=P 'MP, 1 <i<3,

then there exists a function W (y) such that the trajectories of the system with initial
state yg lie in the set

{y = 1Pyl = lIPyoll, W(¥) =W (y0)}-

Example 10.6. Consider the system

0-2/31/3 ~1 02/3
y= 1m0 =1 1 |+m@)| -3/201/2 |+
0 -2 1 30 1
0 2/3-1/3
hs(y) | —=3/2 0 1/2 ||y
0 0 0

= (ME1+ha(y)Ez+ ha(y)Esly.

The matrix P given by
30 —1
P=10-21
00 1

satisfies the condition
PEP '=M;, 1<i<3

and the conditions in (T0.4) become
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1ok 19k
20y, 39y
1oy 10hy o 13k

+ =
3dy1 2dy: dys 39dy
10hy 10k _ohy 13k

3dyir 29y, dys 20y’

These equations are satisfied by the functions

hi(y) = 6y1 —2y3,
ha(y) = —12y;+ 6ys,
h3(y) = 6y3,

as can be easily checked. Substituting x = Py, we obtain

av

=2
8x1 xl
av

=6
(9)62 2
av

= 622
ax3 X3,

from which we see that V' is given by
V(x) = x3 +3x3 + 223,
ie.

W(y) =V(x)
=V(Py)

10 Lie Algebraic Methods

= (3y1 —y3)? +2y3 +3(—2y2 +3)7,

and so for the system

0-2/31/3
y=[(6y1—=2y3)[ 0 =1 1 |+ (=12y:+6y3)

0o -2 1

0 2/3-1/3

63| =3/2 0 172 ||y
0 0 0

ie.

-1 02/3
—3/201/2 | +
~30 1
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. 20 10
Y1 = 8y1y2 —4y1yz — < 3 )yzyg +4y2y§ + < 3 )y% —2y§
Y2 = 12y1y2 = 3y1y3 — 9y1y3 — 4y2y3 +3 + 393
¥3 = 24y1y2 — 12y1y3 — 8y2y3 + 4y3,
the sets
{y: (3 —Y3)2 +y% +(—4 +y3)2 = constant }

and
{y: Gy —y3)*+ 2)’% +3(—2y; +y3)? = constant }

are invariant.

10.6 Compact Lie Algebras

We next consider systems which generate compact Lie algebras. For the general
theory of compact Lie algebras, see Appendix B. As one would expect, compactness
of a Lie algebra has consequences for stability and invariance. First we have

Lemma 10.3. [f the system
x=A(x)x (10.5)

generates a compact Lie algebra £y then it is stable. Moreover, the system
y=—0oy+A(Q)y (10.6)

is asymptotically stable.

Proof. The Lie group G, generated by %, is compact and the solution of (T0.3) is
of the form

x(r) = explA(t;x0)]x0

by Theorem 10.3, where exp[A(t;x0)] € G4 (and A(t;x0) € Z4). Since G, is com-
pact,

Ix(@)|] < Kllxol|
for some K independent of xg and hence we have stability.
In (I0.6), put
z=-exp(atr)y.
Then

z=A(exp(—ar)z)z

and A generates a compact Lie algebra, so the system is stable. Hence, y =
exp(—out)z is asymptotically stable. O
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Lemma 10.4. Let A and B be two square matrices and let K = ker B. Suppose that
K1 C K is the largest invariant subspace of K under A, i.e. AKy C K. Then

exp(A + B)x = (expA)x,
foralx € K.
Proof. Use the power series expansion of exp(A + B) and note that, for any term
in the expansion which contains at least one B, it must be zero when operating on
x € K since K is invariant under A. O
Theorem 10.6. Consider the nonlinear differential equation
x=A(x)x (10.7)

and suppose that {A(x)} generates a semi-simple Lie algebra £, which has a Car-
tan decomposition
Zx = to+Po-

Let ker pg denote the set
ker po = N{ker B: B € py}
and let K be the largest invariant subspace of ker po under 4, i.e.
AK CK

forall A € ty. Then the solutions of (I0.2) are stable in K and we can choose appro-
priate coordinates so that the equation has the form

()= (") ()

where {A|(y)} generates a compact Lie algebra and

Y1
0
parameterises K.

Proof. By Theorem 10.3 and the decomposition of .Z, we may write the solution
in the form
x(r) = explA1 (t;x0) + Az (2;x0) %0

where A| € ty and A, € py. If xg € K then, by Lemma 10.6, we have

x(t) = exp[A; (t;x0)]x0
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and so stability follows from lemma 10.6, and the decomposition of the system fol-
lows by standard linear algebra. m|

Note that we can obtain a similar result in the general case where %, is not neces-
sarily semi-simple. We simply write it in the form

Lr=g+s
where g is semisimple and s is solvable. Then if g = to + pg is a Cartan decomposi-
tion of g we may replace pg by po + s in the theorem.
Example 10.7. Consider the system

X = [XlAl —|—x%x4A2 +x%A3 + x0x3A4 +xpc3x4A5]x

where
00000 00-100
00100 00-100
Ai=11-1000], Ap=]1100 00|,
00000 00 000
00100 00 000
00000 000O0O0
00010 000O0O0
A3=100000 |, A4=]1-10 01
00000 000-10
00010 1-10 01
and
00000
00000
As=10 0 000
1-1001
00010
Then,
Ly =L{A1,Ar,Az,A4,As}
which has basis
00000 00-100 00000
00100 00-100 00010
1-1000 |, 10000, 00000 |,
00000 00 000 00000

00100 00000 00010
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00000 00000 1-1000
00000 00000 2-1000
1-100 1}, |00O00O0 00000],
000-10 1-1001 00000
1-10 0 1 00010 1 0000
000 0O 00000 —-1100 -1
000 00 1-1001 —-1100 -1
000-10 000001, 00000 |,
000 00 00000 00000
000 0O 1-1001 00000
00000 00000 00010
00000 00000 00010
00010 [, |-1100-11], {00000
-2200-2 00000 00000
00020 00000 00000
The Killing form is

K(&,n) =—6&m —65m2 — 6516 — 56810M10 + 14844 + 14E57s,

as can be easily checked by using a computer algebra package. Since this is degener-
ate, the Lie algebra . of the system is not semi-simple so we cannot use Theorem
10.6 directly - we must use the remark following that theorem; i.e. we find a semi-
simple subalgebra. By examining the structure constants we see that the subalgebra
generated by the basis elements

00000 00-100 1-1000
00100 00-100 2-1000
1-1000 100 00 00000
00000 00 000 00000
00100 00000 1 0000

is compact and is isomorphic to the Lie algebra {M;,M,, M3} above. By a change
of coordinates, therefore, we can write these matrices in the form

010 001 000

—100 = 0 00 = 001 *

000 —-100 10-10
x ok Xk * *

Such a map is given by y = P~ 'x, where
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00100
10100
P=101000
00010
10001

The system then becomes

y=[x1By —|—x%x4B2 +x333 + xox3B4 +x1x3x4B5}y

where
01000 00000
—10000 00100
Bi=| 00000]|, B,=|0o-1000],
0 0000 00000
0 0000 00000
00010 000 0O
00000 000 0 1
Bs=]00000]|, B,=|000 0 0
00000 000-10
00000 000 0 1
and
00000
00000
Bs=|00000 |,
00001
00010
ie.
0 y3 0 (1 +y3)} 0
—y3 0 Yl 0 (1 +y3) (1 +s)
y=1 0 —yn 0 0 0 y.
0 0 0 —(i+y3)yi+ys) Y2y3y4
0 0 0 Y2Y3Y4 (1 +y3) (1 +ys)

It follows that the sphere y% + y% + y% =const., y4 = y5 = 0 is invariant under the
dynamics of this equation and so the sets

{(oc1,x2,%3,%4,X5) © 2x7 — 2x1x2 + X3 +x3 = constant,

x4 =0, x;] —x2+x5 ZO}

are invariant for the original system, i.e. the system
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X = —X%X3X4

Xy = X1X3 — X%X3X4 + x%)m

X3 = x% —X1X2 + x?x4 + —x%xs —|—x2x§

X4 = —X2X4X5 —|—x%x3x4 — X1X2X3X4 + X1X3X4X5
X5 = X1X3 —|—x%x4 + X1x2X5 —x%x5 —&—xl)@x%.

We see, therefore, that a careful study of the Lie algebra generated by a differential
equation, involving a Cartan decomposition of the algebra can give some insight
into the invariant sets of the system.

10.7 Modal Control

In the classical theory of control and servomechanisms, an effective technique for
linear systems
X =Ax+bu

is to diagonalise A (or reduce it to Jordan form) by changing the state variables to
y= P lx
so that, in the y-coordinates, we have
y=Ay+ (P 'b)u,

where
A =P AP

We can then choose the control u (if possible) in a simple way to stabilise the system.
In this section, we generalise this approach to nonlinear systems of the form

X=A(x)x+b(x)u

by using the above Lie algebraic methods. Thus, let £ denote the Lie algebra
generated by the system and let

ZLy=s5+g

be a Levi decomposition of .Z4. Here, s is the solvable part and g is the semi-simple
part of Z4. (This is not unique, of course.) Now choose a Cartan decomposition

g=b+ Y g“

acx

of %4, where §j is a Cartan subalgebra and the root spaces g% are one-dimensional,
where X is the set of non-zero roots. Thus, we can write the system in the form
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X=S(x)x+Hx)x+ Y eq(x)Eqx+b(x)u
oexr

where S(x) is upper triangularisable and H(x) is diagonalisable (simultaneously,
independent of x). Let P be an invertible matrix which diagonalises H (x), i.e. if
y= P~ 'x, then

P H(x)P = A(x) = diag (A (x),- -+, An(x))
and the system becomes
y=APy)y+R()y+P'b(Py)u, (10.8)

where

R(y)=pP"" (S(Py)+ > ea()’)Ea> P,

acx

Suppose that there exists a control # = u(y) such that

n
2 2i(Py)yi +y P b(Py)u(y) < —pyl?
i=1
for some p > 0. Then we clearly have

1d

2 _ T

= —p|yl*+y"R()y,

and so
191 = exp(=2u) ol + [ 2expl—2u(e —s)"RO)yds
< expl—2un)]yoll*+ | 2expl=2410~ 9y PIRO() s

If we assume that
RO <4

fory e Bya = {x: ||x|| < A} then, by Gronwall’s inequality, we have

IlylI < exp[~2(ut — A)t] 1o

and so we have stability if A < u. The original system will therefore be stable in the
set
{x:xT(PT)" P x < A}

and we have proved:
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Theorem 10.7. Consider the control system
X=A(x)x+b(x)u

and suppose that £y = s+ g =5+ b+ Xycs 8% Then we can write the equation in
the form
X=H(x)x+ R(x)x+ b(x)u

where H(x) € b, R(x) € s+ qcx 9% Suppose that P is a non-singular matrix which
diagonalises H(x) (independently of x) and that the pair (P~'H(x)P,P~'b(x)) is
exponentially stabilisable in the sense that we can choose a control u = u(y) so that
(L08) holds for some 1 > 0. Moreover; if

IP~'R(Py)P|| < A

for y € Boa and A < |, then the system is exponentially stabilisable in {x :
xI(PTY 1P~ x <A} and

[l < exp[~2(u — A)e] 1Pl %ol ?,

where || Px||> > p?||x||*.

Example 10.8. Consider the system

2 2

X1 3—x% —4+x5 x5 X1
| = R x5 X2
X3 —5—)6% 4—x% —2—x%—x% X3
1/3
+(1+x3sin’x3) [ —1/6 |u
-2/3
3—x% —4 0 X1
= 0 —1-x3 0 x2

-5 4 -2 —x% X3

11 1 X
4ol 1 0 1 || x

—1-1-1 3
1/3
+(1+x3sin’x3) | —1/6 | u.
—-2/3
The matrix
1 01
P= 100
—11-1
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diagonalises the first matrix on the right hand side of the equation, so that if y = P~ !x
then we have

—1-x 0 0 010
y = 0 —2-x3 0 |y+x3[o000]y
0 0 3-x 100
1/3
+(14x7sin®x3)P | —1/6 | u.
-2/3

The Lie algebra of this system is .£4 = s + g where g = A, and s is generated by

000
000 |3
003

However, it is better to combine this part into the Cartan subalgebra generated by

—1-x 0 0
0 —2-x2 0
0 0 3+2x

since the combined system is stable everywhere. If we choose the control

1

U= —12120)x
147 sin®x3 ( )
12
= —110)Py,
147 sin® x3 ( )Py
then we obtain the equation
—1-x 0 0
y= 0 —2-x 0 y+y.
0 0 -3-x2
In this case we have u = 1 and
010
3000
100

and the system is stable in the region ||x||> < § < 1 for some §. By choosing the
control to move the poles of the Cartan subalgebra further into the left-half plane,
we can obtain a larger region.
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10.8 Conclusions

In this chapter we have studied systems by using the theory of Lie algebras and their
decompositions. We have seen that the Lie algebra of a system generates a Lie group
which operates as a transformation group on the state-space, so that the solutions are
represented by continuous curves in the Lie group operating on the initial condition.
Thus the system solutions have the properties of the Lie group so that studying the
Lie algebra of the system can give some insight into the invariant sets of solutions.
Compactness of the Lie algebra (or group) is strongly connected with the stability
of the system and we can use Cartan decompositions of the system Lie algebra to
obtain a generalization of modal control to nonlinear systems. We can also use the
theory to study chaos in high-dimensional systems (see [3]).
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Chapter 11
Global Analysis on Manifolds

11.1 Introduction

In this chapter we shall consider the non-local theory of systems — i.e. the theory of
sections of the tangent bundle of a differentiable manifold which are called vector
fields. Most control systems are described in terms of local operating points, i.e.
they are linearised about some equilibrium point and then local feedback control is
applied to hold this system ‘near’ this point. (Such is the case, for example, with air-
craft systems, where the operating point is called a ‘trim condition’.) Thus, suppose
that

x= f(x,u) (11.1)

is some local representation of some system on a manifold and suppose that (x,, )
is an equilibrium point, i.e.

f(xq,uq) =0.
Then the control u; keeps the system at the point x,. Let

Y=X—X4, V=U—Ug.

Then, by Taylor’s theorem, we have

€2 flxaa) 4 5 g ta) )+ ) Osasta) =) -

ie.
y=Ay+ By (11.2)
where

) d
A= axf(xdvud), auf(xdvud)~

This is a local linear approximation to (IT.2)) ‘near’ the operating point (x4, ). The
system (L1.2)) is then controlled by standard linear techniques.

M. Tomas-Rodriguez and S.P. Banks: Linear, Time-varying Approximations, LNCIS 400, pp. 195
springerlink.com (© Springer-Verlag Berlin Heidelberg 2010
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There are various questions which naturally arise from the above considerations.
Firstly, given a number of local versions of the system (i.e. operating points), how do
we switch smoothly between these operating values? Secondly, given a number of
local representations of a system on a manifold, how do we reconstruct the manifold
and the global vector field from the local models? We shall tackle these problems
in this chapter and show how to obtain information about the underlying state-space
(e.g. its topology and differentiable structure) from the local models.

11.2 Dynamical Systems on Manifolds

Let X be an n-dimensional differentiable manifold and let U be an m-dimensional
vector space, regarded as a differentiable manifold in the obvious way. Then we
form the product manifold X ®U and let T(X U = T(X)®T(U) 2 T(X) DU be
its tangent bundle. Let

P:TX)®U—T(X)

be the projection. Then a control system (with controls U) on X is a section of the
bundle 7'(X & U) followed by P. (See Figure[[T.1])

Fig. 11.1 Global control systems

Thus, in local coordinates x, a control system has the form

x= f(x,u). (11.3)

We shall assume that the system has a local operating point (xg4,uy) at x; € X, i.e.
for certain x; € X, there exists a control u; such that

f(xa,uq) =0.
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Then, as seen above, at x; € X, we have a local linear approximation

i =A%+ By (11.4)

X ) xg.ug) W

in terms of the local coordinate.

11.3 Local Reconstruction of Systems

In this section we shall consider the problem of the local reconstruction of a system
of the form from a number of local systems (IL4). Suppose we have some
open subset & of R"™™ together with a finite open covering {O;} of ¢ such that
a linear system of the form (IT.4) is defined on each O;. We write the i/ linear
system as

X(i) = Ay, aeg)X(0) T By g Ui (11.5)

where (xg4,,ug,) € O;, 1 <i < K. We shall assume that the function f(x,u) has a
polynomial approximation:

K
fleuy= Y ocijxiuj

li]=0,]j|=0

for some K, where

xilei‘ <o xin

_ 1 j
n,uJ uy' --oulm

and oj; is an n-vector for each index i, j. From the ‘trim’ conditions for each point
(x4,,uq,), we have

K .
0= f(xapua) = 2, Oy, 1 <C<K. (11.6)
[i=0,]j|=0
Also, we know that

af

(xdp“d[) = ax ('xd/‘VMd/)
af

(xdp“d[) = al/t ('xd/‘VMd/)

and so if we write

_ (A ¢
A(xdwudk) - (auv)7 B(xdwudf) (b” )
(I<pu,v<n, 1< <n, 1<V <m)

then we have

l 8f . X i—1
a,y = ox deud, z OZH lkotleé "u' (11.7)
k=1 il
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T S ol 11.8
wv' = oy, xd[’udé 2 2 Jk Gy X, Uy, (11.8)
v =1 =050

where
i_lk:(ilﬂ"'aik_lu"'7i}’l)7 j_lk:(jlv"'7jk_17'“7jm)'

Wr1t1ng the unknowns a (1<u<n,0<l|i]) <K, 0<]|j|) <K as acolumn vector
=, the Equations 11.6 — 11 8 give a linear equation of the form

MZE =N.
If M is invertible then the solution is
E=M'N.

If M is not square then we can use the generalized inverse (M M)~'M” if M" M
is invertible. In general, it will be necessary to have the information contained in
the local linear systems at an appropriate set of points, so that the above system is
soluble.

Example 11.1. As a trivial example, suppose that we have just one linear approxi-
mation to a two-dimensional nonlinear system at the point (x4, X24,uq) = (2,6,2),
where the linear approximation is

. (111 0
(o) (V)
and suppose we assume that the nonlinear system is of the form

2
X1 =N ()C],)Cz) = ajx1 +axxy +azxy +a4x:1" +asu

Xy = fo(x1,x2) = aex) + azu.

Then
A B <a1+2a3X1+3a4x%a2) —<_111>
(xd,ud a6 a7 (xl,xz):(2.,6) 1 0
as 0
Bx u = ( > - ( >
(area 41/ (1 302)=(2,6) !
and

0 = ax1g+ axxyy+ a3x%d + a4x?d + asuy = 2a; + 6ay + 36as + 8as + 2as
0 = agx1qg +aug = 2a¢ + 2a7.
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We see that
ar=1, ax=1, a3 =0, ag=—-1, a5=0, ag=—1, a;=1
so that the system is
. 3
X1 = X2 —X] +X|
X = —Xx1+Uu

i.e. a controlled Van der Pol oscillator.

11.4 Smooth Transition Between Operating Conditions

Now that we have a method of joining together distinct operating conditions to
obtain a nonlinear system

x= f(x,u)

we can consider the question of smooth transition between such operating points.
Thus, suppose (x(1),u(1)) and (x(2),u(2)) are operating points and let
t — (x4(t),uy(t)) be a differentiable function such that

(xq (ti),uq () = (x(0),u(i), i=1,2
and which satisfies the equation
Xq(t) = f(xa(t),uq(t)), x4(0) =x(1), x4(T) = x(2), (11.9)

i.e. there exists a control u,(+) such that we can track the desired trajectory x4 (-).
Hence u, is an open-loop control and so we will require to control the system around
x4(+) to ensure good tracking. First consider the existence problem for uy(-). The
System can be written in the integral form

xa(t) = x(1) + /0 " xa(s),ua(s))ds.

For a fixed desired trajectory ¢ — x4(¢), we consider the map u € C°[0,T;R"] —
F(u) € C'[0,T;R"] given by

F)(0) =xa(t) =x(1) = [ flaa(s).u(s))ds.

where we assume that x,, f(x4(-),u(-)) € C'[0,T;R"] for all u € C°[0,T;R™]. The
Fréchet derivative of F is given by

tof

Fow=-[ 9

(xq(s),0)ds

and it is a linear operator acting as
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FO)w0 = [ 7 (), 0u(s)as.

If g{: (x4(s),0) is non-singular along the trajectory x4, then the operator F/(0) is
bounded and invertible, with inverse

[ wa0] o

Note that the above reasoning is a special case of the implicit function theorem in a
Hilbert (or Banach) space (see Appendix D). If the condition for the existence of a
local trim controller is satisfied along the desired trajectory joining operating points,
then we expand the system around this trajectory (x4(¢),u,(¢)). Thus we put

(1) = x(t) = xa(t), v(t) = u(t) —ua(t).

Then,
(1) = x(1) — %4t
= f(x(t),u(t) — f(xa(t),ua(t))
=g((t),v(1)),
say, where

Writing g in the form

we have the system

¥(6) = Aly(2),v(0))y(1) + B(y(1),v(t))v(7)

and so we can introduce the iteration scheme

W) = AGT (@) )y ) + B @) ) ).

These systems can be controlled by any of the methods studied earlier in the book
an we will have smooth transfer from one operating condition to another.
The above theory has been presented for ‘local systems’ — i.e. ones of the form

X = f(xu),

written in terms of a local coordinate. Now suppose that we have a global system of
the form defined in Section 11.2. If we two operating points as in Figure 11.2, then
(assuming the manifold is totally geodesic for simplicity), we can choose a geodesic
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connecting Py to P> and cover it with a finite set of local coordinates. (See Figure
[[1.21) In each local coordinate system, the system may be written in the form

x= f(x,u)

and we may apply the above theory, provided the control keeps the trajectory in the
same coordinate neighbourhood (See Figure[11.3])

Fig. 11.2 Controlling along a geodesic

Fig. 11.3 Controlling to a desired trajectory

11.5 From Local to Global

We now ask the converse question to the ones above; namely, if we are given a
number of local systems

X = foXwuw), 1<k<K (11.10)
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defined in local coordinate systems (on R” x R™), how do we piece them together
to form a (parameterised) vector field on a (compact) manifold M, and how do we
get topological (and possibly differential) information about M? For this we shall
need some algebraic topology and differential geometry, the background for which
is given in Appendix C.

We shall assume that the local systems are complete in the sense that
there exists some differentiable (C™) compact manifold M covered by K coordinate
patches (Uy, @) with Uy, open in M and ¢y : U, — R” together with a parameterised
vector field X, such that in Uy, X, defines the local system in (ITI0). To simplify
matters we shall assume that the topology and differentiable structure of M can be
determined entirely from the unforced systems. Hence we shall consider the local
systems

X(k)Zf(k)x(k),O), 1 <k<K. (11.11)

In many cases, the topology of M will be reflected in these unforced systems. How-
ever, if the control spaces are very ‘twisted’ then characteristic classes of the more
general bundle 7' (X & U) may have to be considered.

In the first instance, let us consider the case of two-dimensional local systems.
The two invariants of a compact surface are its genus and its orientability. In the
case of orientable 2-manifolds S we have the Poincaré index theorem:

Iy = xs (11.12)

where X is a vector field on S, Iy is its index and ) is the Euler characteristic of the
surface. Suppose each of the local systems (IT.11) has only one fixed point of index
I, 1 <k < K. (Of course, some local systems may have no equilibria, in which case
we take [y = 0.) If we know that the local systems are such that their equilibria (if
they exist) are not shared by any other local system, then from the index theorem
(IT12) we can immediately say that the global system must be defined on a surface,
which if it is orientable, has genus g given by

2(1—g) = xs =Ix = Y {indices of local systems},

ie.
1
g=1—, Y {indices of local systems}.

Since g is an integer, for orientable surfaces, we see immediately that
Y {indices of local systems}

is an even integer. Hence if the sum of all the indices of our local systems is odd, we
know that it cannot fit onto an orientable surface.

If the manifold is non-orientable, then (IT.10]) is still valid, but the Euler char-
acteristic s may not be even. For example, for the projective plane § = P!(R) we
have ys = 1 and g = 1/2. (For example the system shown in Figure [T.4] on the
unit disc has one saddle and two nodes, one stable and one unstable. By identifying
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antipodal points on the unit circle, we obtain a system on the projective plane with
total index 1.)

Fig. 11.4 A system on the projective plane

Of course, several local coordinate neighbourhoods may share some equilibria
and so the best we can say is

20l—g)=ys=Ix = Z{indices of non-equivalent local systems},

where we define local systems to be equivalent if they share an equilibrium point and
can be pieced together with a local change of coordinates. In the next few sections
we shall make some remarks about the possible structures of 2, 3 and 4-dimensional
systems on compact manifolds which in many ways generalise the notion of index.
We first need to recall some basic facts about Smale systems.

11.6 Smale Theory

In this section we outline Smale’s theory of dynamical systems (see [35]) on man-
ifolds and the notion of basic set. A continuous dynamical system is defined by an
R-action, on a compact manifold, called a flow, i.e., a map @ : R x M — M such
that:

(a) @(t,-) : M — M is a homeomorphism of M for all ¢

(b) @(0,-) : M — M is the identity on M

() @(t,®(s,x)) = D(t+s,x) forall 5,1 € R, x € M.
We usually write ¢, () = @(1,-).

A subset M| C M is said to be invariant for the flow @ if

¢, (My) CM; forallz.

An invariant set M, is hyperbolic if there is a continuous ¢ invariant splitting of
TM, (= TM|u,, the tangent bundle of M restricted to M;) given by



204 11 Global Analysis on Manifolds

TM, = Ejy, & Ejy, & Efy,

where

IDg ()| <Ce ™ |v]|  VveEEy . 1>0
ID¢—(v)| <Ce~ v VveE. 1>0

(x)
d‘fl’t =0 spans E for all x € M.

E}y, is just the space of all the orbits in the invariant set. Let M C M; be a subset of
a hyperbolic invariant set of a flow @ on M. The local stable and unstable manifold
of M are defined by

Wie(M) = {y € M : lim||¢:(M) — ¢:(»)[| =0,
and 3 & > 0 such that ||¢; (M) — ¢,(y)|| < &, V1 >0},
Wise(M) = {yeM: 1im ||:(M)— 6,(y)]| =0,

and 3 € > 0 such that ||¢; (M) — ¢,(y)|| < &, V1 <0}.

The classical stable (unstable) manifold theorem (see [1]) then says that these local
manifolds have global extensions. Given a flow ¢ on M we define a kind of recur-
rence in terms of the chain-recurrent set. Thus x € M is a chain-recurrent if for any
€ > 0 3 points {xj,x2, - ,x,_1,%,} where x| = x, = x and positive real numbers
11, ,tp—1 such that ||¢y, (x;) —xiy1]] <€, for 1 <i<n—1.Then we have

Theorem 11.1. If M is a compact orientable manifold and ¢, is a dynamical sys-
tems defined on M. Then if the chain recurrent set is hyperbolic, then it is the union
of a finite number of disjoint basic sets, each of which is closed, invariant and con-
tains a dense orbit. Moreover, the periodic points in the basic sets are dense in each
such set.

Similar results hold for discrete dynamical systems (i.e., homeomorphisms of M). A
variety of dynamical behaviours have been defined, largely with a view to studying
structural stability (i.e., the rigidity of the topology of the dynamics under ‘small’
perturbations in the vector field (or homeomorphism). Thus we define:

(a) An Anosov system on M is one which is hyperbolic everywhere on M.

(b) A flow ¢ is Morse-Smale if:

(i) the chain recurrent set is hyperbolic,
(i) the stable and unstable manifolds of basic sets meet transversely,
(iii) each basic set is a single closed orbit or a field.

(c) a Smale flow ¢; on M is one for which:

(i) the chain recurrent set R is hyperbolic,
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(i1) the basic subsets of the chain recurrent set are zero or one-dimensional,
(iii) the stable manifold of any orbit in R and the unstable manifold of any other
orbit in R have transverse intersection.

The importance of Smale flows on compact manifolds is that they are structurally
stable under C' perturbations. They are not dense, however, in the space of C! flows.
The suspension of s Smale horseshoe at a saddle point is a Smale flow.

11.7 Two-dimensional Manifolds

We can find dynamical systems on surfaces of genus p by using the hyperbolic plane
to ‘unfold’ the surface. Thus we have the following results (see [2]).

Theorem 11.2. Suppose that we choose distinct points {p1,--- , pr} on a torus such
that there exists a set of points {qy,- - ,qy } in a fundamental parallelogram in C for
which

& & (e L (hi

Yait+ Y <2+1>Qi_ > <2>qi mod £

i=1 i=k1+1 i=ky+1
where

1 ko 1 k
k i — hi=0
T, 2 h, X
i=kj+1 i=ky+1

and Q is the lattice
Q={k+li:kleZ},

then there exists a dynamical system on the torus such that p1,--- , py are stable or
unstable points, p; has e; elliptic sectors, ki + 1 <i < kp and p; has h; hyperbolic
sectors for ky + 1 <i < k. Then the equation is given by

¢=E(2),

where E is an elliptic function.

To generalise this result to higher genus surfaces, we must use automorphic func-
tions. let I" be a Fuchsian group, i.e., a discrete subgroup of PSL(2,R) given by

F:{T0:I7TlaT27"'}a

and let

=3

01(z) = Y (ciz+d;) *"H;(T;(2))
i=0

be a ‘generalised’ 0-series. Then we have
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Theorem 11.3. The function

_ 6:(2)
Fla)= 01 (z)
satisfies
idi — bic;
F(Tz) = E‘Cﬁdi;m)

for each i and defines a I' -invariant vector field if m > 3. Functions of this type give
rise to dynamical systems on the Riemann surface of the Fuchsian group I in the
Jorm
z=F(2).

The existence of periodic cycles in a dynamical systems cannot be obtained from the
Poincaré-Hop f theorem, but there are more general approaches using Morse theory
and Floer homology which give a more general index theorem (see [3]). Moreover,
any surface of genus p > 0 can carry an infinite number of knotted trajectories.
However, we have the following result (see [4]).

Theorem 11.4. A dynamical system on a orientable surface of genus p can carry at
most p topologically distinct knot types as periodic solutions.

Another simple way of generating systems on 2-manifolds is by the operation of
connected sum. Given any two 2-manifolds S; and S,, we define their connected
sum S1#S, as the 2-manifold obtained by cutting out disks from S; and S, and
sewing together their boundaries (see Figure [[1.3). Recall (see [1]) that for any

Fig. 11.5 Connected sum of S and S,

two-dimensional polynomial vector field the equilibria have the general local form
consisting of e elliptic sectors, & hyperbolic sectors and p parabolic sectors and the
index of such a point is given by

1:1+(e;h).

Suppose we have two 2-manifolds S; and S, on which there are defined dynam-
ical systems and suppose one has an equilibrium point with the local structure
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consisting of e elliptic sectors, & hyperbolic sectors and p parabolic sectors and the
other has n equilibrium point with the ‘dual’ structure. By this we mean that the
point has # elliptic sectors, e hyperbolic sectors and p parabolic sectors arranged
with the opposite orientation of the first point. Thus if the sectors of the first point
are 01,0, - - , Oy arranged anti-clockwise, then the sectors of the second point are
61,0, -+, 0y arranged clockwise, where

dual hyperbolic sector if o; is elliptic
6; = | dual elliptic sector if o; is hyperbolic
dual parabolic sector if o; is parabolic

The dual sectors are shown in Figure[TT.6] Then we have

P ><

Fig. 11.6 Dual sectors: elliptic-hyperbolic and parabolic-parabolic

Theorem 1. With the above notation we can form a dynamical system on S1#S, by
introducing e + h equilibrium points at the sew boundaries of the excised disks each
of the form shown in Figure[I[T.]

,,,,,,,,,, g
)
@ >>' O ﬁ>
Fig. 11.7 Matching of the system dynamics after performing connected sum

Note that we could also match elliptic sectors to elliptic sectors and hyperbolic
sectors to hyperbolic sectors by introducing saddle points for the hyperbolic points
and the centres for the elliptic points. The topology of invariant sets on general
manifolds is clearly important and the nature of nonlinear oscillations provides an
insight into the global structure of invariant basic sets. In fact, in [5] the system

F+h(x)x+g(r,x)=0

is considered and it is shown that there exists an invariant set A which is not home-
omorphic to a circle if the system contains an inversely unstable periodic solution.
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(This means that the linearised Poincaré map near the solution has one unstable
eigenvalue.) In [6] the following generalised version of this result is proved.

Theorem 11.5. Given a system defined on a genus-p surface which is dissipative
with respect to a knot K on this surface and suppose that there exists an inversely
unstable solution within a knotted attractor Ay, then Ay is not homeomorphic to the
circle.

11.8 Three-dimensional Manifolds

The theory of dynamical systems on 3-manifolds is much more complicated than
that for 2-manifolds, since there is no complete set of topological invariants for 3-
manifolds (see [7]): although a great deal of invariants have been found, the most
interesting being related to quantum groups and braided tensor categories (see [8,9]).
Moreover, the Euler characteristic of a 3-manifold is O so the index theorem does
not give too much information in this case. However, there are useful results in
three-manifold theory which can be used to obtain a kind of decomposition of 3-
dimensional dynamical systems in terms of simpler ones. These results are related to
Dehn surgery, Heegaard splittings and branched covering manifolds, each of which
we shall discuss below. We begin with the important result of [10] and [11].

Theorem 11.6. Every closed, orientable, connected 3-manifold can be obtained by
surgery on a link in S3 (the 3-sphere).

By a surgery on a knot K in S* we mean the following — cut out a tubular neigh-
bourhood of K in §* (which is topologically a torus) and then glue it back in by
some homeomorphism from the boundary of the excised torus to the boundary of
the toroidal ‘hole” in S3. This leads to the possibility of defining dynamical systems
on three-manifolds by first choosing one on $* which has periodic solutions defining
some link in §3. We then perform Dehn surgery on the link to obtain a dynamical
system on the 3-manifold.

Example 11.2. From [12], we know that 3 /4-surgery on a trivial knot in S3 yields
the lens space L(3,4) (= L(3,1)). Consider the non-singular Morse-Smale flow on
$3 with a Hopf link as periodic solutions shown in Figure [[T.8

Now do 3/4-surgery on the trivial knot K; and we obtain a system on L(3,4) with
two periodic solutions such that the stable periodic solution is surrounded by stable
solutions which wind around it three times, as shown in the right half of Figure[TT.8
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N
=
J .

Theorem 11.7. There is a non-singular Morse-Smale system on any lens space.

Fig. 11.8 3/4-surgery on a Morse-Smale flow

We therefore have:

Morse-Smale diffeomorphisms of certain types on 3-manifolds are classified in [13]
and Franks [14] shows how to generate non-singular Smale flows on S°.

Next we consider the concept of Heegaard splittings (see [15]). An genus-p sur-
face bounds a 3-manifold which is a ball with handles attached. A Heegaard split-
ting of a genus-p 3-manifold M is a pair (H;,H,) of such ‘handle-bodies’ of the
same genus (and orientation) such that M = H; UH, and Hy NH, = dH; = JH,.
It can be shown that every closed, connected 3-manifold has a Heegaard splitting.
The Heegaard diagram of a Heegaard splitting M = H; U H, of genus-p is the sur-
face dH; on which p distinct closed curves are drawn to which the fundamental
meridians of dH, are attached. For example, the trefoil knot on the torus is a Hee-
gaard diagram for the lens space L(2,3), as in Figure Clearly any dynamical

Fig. 11.9 Heegaard diagram for L(2,3)

system on a closed, compact 3-manifold M which has an invariant genus p-surface
S that gives rise to a Heegaard splitting M = H; UH, where Hi N H, = § and to
dynamical systems on H; and H;. Conversely any two dynamical systems on solid
genus-p handlebodies Hy, H, such that the induced dynamics on dH; = dH, are
related by ¢/ = y(¢/™) for some diffoemorphism y define a dynamical system
on M = H; UH,. (see [16,17].) Handlebody decompositions are also important for
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systems containing basic sets which are solenoids. To define a solenoid, let M be a
3-manifold and let 7 C M be a solid torus and let K be a knot (non-toroidal) in 7’
which has a tubular neighbourhood K, (topologically a torus) also contained in 7.
Suppose that f : M — M is a diffeomorphism which maps T into K¢, then the set

S= ﬁ JHT)
k=1

is called a contracting (Smale) solenoid. Similarly, if f~' maps T onto K, then we
get an expanding solenoid

S= ﬁf’k(T)-
k=1

It can then be shown (see [18]) that the following statement are equivalent for a
closed orientable 3-manifold:

(a) There exists a diffeomorphism f : M — M such that the non-wandering set
Q(f) contains a Smale solenoid.

(b) M has a lens space L(p,q), (p # 0,£1) as a prime factor.
Moreover, the following two statements are also equivalent.

(a) There exists a diffeomorphism f : M — M whose non-wandering set is the
union of finitely many solenoids (in fact, the only 2 solenoids ).

(b) M is a lens space L(p,q), (p #0).

By using higher genus Heegaard splittings and branched covering manifolds, the
following generalisation of these statements can be proved (see [19]):

Theorem 2. Any 3-manifold can carry a pair of generalized Smale solenoids of ar-
bitrary genus.

The above result is based on the covering theorem of Alexander and Montesinos
[20]:

Theorem 3. Any three manifold is a branched covering of S° branched over a ‘uni-
versal knot’.

Applying this result to the theory of surface homeomorphisms of Thurston ([21])
gives the following result:

Theorem 11.8. Every close, orientable 3-manifold M has a singular Anosov flow.

Moreover, the singularities can be made to occur on the inverse of a figure-8 knot in
the covering projection of M over S°.

Another important aspect of global dynamical systems theory is that of branch
manifolds and templates (Figure[[1.10) on which knots ‘live’ (see [22]). A branched
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(a) Joining Chart (b) Splitting Chart

Fig. 11.10 Two types of chart

manifold in n-dimensions is a topological space for which every point has a neigh-
bourhood which is homeomorphic to R” or to a branched chart. A three-dimensional
template is a compact branched 3-manifold with boundary and a smooth foliation
made up of two types of charts: joining and splitting, as shown in the figure. A
similar definition can be given for a two-dimensional template, this time the charts
are oriented by the dynamics. An important type of template is the Lorenz template
which ‘sits’ in the Lorenz system (Figure[[T.11). It is well-known that this template

Fig. 11.11 The Lorenz template

carries any torus knot and that any link is a positive fibred braid (see [23]). More-
over, there are ‘universal templates’ which contain any knot or link. This follows
from a study of the symbolic dynamics of the strips making up the template. A cru-
cial part of this requires a proof of the fact that any non-trivial template contains a
non-trivial knot. The proof in [22] requires inequality and this is difficult to gener-
alise to higher-dimensional templates. However, in [24] a simple proof of this result
given by showing that a very simple template consisting of just two neighbourhoods
of the form in Figure [[T.11] (plus ‘twists’) is a subtemplate of every template and
these simple templates carry non-trivial knots. In [24] the theory is generalised to
spun knots in R*,
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11.9 Four-dimensional Manifolds

The topology and differentiable structure of 4-manifolds is probably the most dif-
ficult of any dimension and they occupy a unique position in that the topology
of two-dimensional manifolds is well understood, that of three-dimensional man-
ifolds is now well developed and high-dimensional manifolds can be effectively
studied by the h-cobordism theorem (see [25]). 4-manifolds, on the other hand, ex-
hibit somewhat more strange behaviour. In fact, R* is the only Euclidean space to
carry different differentiable structures ([26]). The existence of Smale, More-Smale
and (pseudo) Anosov diffeomorphisms in the case of 4-manifolds then becomes
more difficult because of the complex interaction of the topology and differentiable
structures. The differentiable structure can be, to some extent, measured by some
recent invariants discovered by Donaldson [27,28] and simplified in terms of
Seiberg-Witten invariants. We first give an outline of this theory and then apply
it to questions about dynamical systems on 4-manifolds (see [29]). Thus let M be a
smooth 4-manifold and consider a real vector bundle £ on M given by the transition
function

8ap :UaNUp — GL(m,R),

where {Uy, : o € A} is an open covering of M. These functions satisfy the condition

gaB'gﬁry:ga'y OIanﬂUﬁﬂU%

Let w : E — M be the projection map. (If we take GL(m,C) or GL(m,H) instead,
we get complex or quaternionic vector bundles, if we take a Lie subgroup G of
GL(m,-) we get a G-vector bundle, if G = O(m) we can define a fibre metric <,> ,:
E, xE, — R(orC) where E, = n(p), p € M.) A section of a bundle (E, ) is
a smooth map ¢ : M — E such that 7 o ¢ = id. The transition expressions for local
sections is

Oo = 8ap0Op ON Uy ﬂUﬁ.
The topology of 4-manifolds is strongly connected with the space of connections in
the tangent bundle. A connection on the vector bundles E is an map

dyT(E)—>T(T"M®E),

which satisfies

da(fo+7) = (df)® 0+ fdao +dart,

where o, T are sections of E and f is a function on M. Any connection d4 on a
trivial bundle is of the form

dyo=do+ wo = (d+ w)o, (11.13)
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where d is the exterior derivative and ® is a matrix of one-forms. Thus we can think
of a connection as a collection of differential operator d + wa which wy, transforms
according to
Wy :gaﬁdg&;}—&—gaﬁwﬁg;ll} on Uy NUg.

Moreover, a connection on E is a linear map from the space of E-valued zero-

forms to one-forms:
dy: QUE) — QY(E)

and can be extended to Q7 (M) by

dy(lo®o)=do®o+ (—1)’oNdso, forw € QP (M), o €T (E).

Then (d)? is a tensor field and is called the curvature of dy. In the case of a trivial
bundle we have
di(0) = Qo

where (2 is a matrix of 2-forms. Now

di(0) = (d+ 0g)(do + wo)
= (do+woANo)o
by (I1.13), in any local coordinate system, so £ = d® + @ A @, which gives the
Bianchi identity dQ = [Q, ]. If {Uy : o¢ € A} is an open covering of M, then the
local Q’s transform as
Q= gaﬁgﬁg;;}-

The local diffeomorphism forms Tr[(,. ©q)*], which gives rise to a global
closed form and defines an element of H**(M;R) which is independent of the (uni-
tary) connection and Hermitian metric on E. It is called the characteristic class of E
and is denoted by 7 (E).

The Chern classes ¢y, ¢, of E are defined by

ci(E)=1(E) and c;(E) = ;[rl (E)? —1o(E)].

By the Gauss-Bonnet theorem:
<cl(TM),[M] >= x(M).

The Seiberg-Witten invariants are based on the Dirac operators given by

Dy(y) = iei'dfﬂl/(ei)
i=1
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where the ¢;’s are the standard Dirac matrices forming a basis of a Clifford algebra.
The Weitzenbock formula

S .
D (y)=Ay+ 4W—2FA(6i,ej)(l€t'€j'll/)

i<j

where s is the scalar curvature of M and F, is the curvature of the connection of a
line bundle L. The important point is that D4 splits into two parts

Df:I(We®L)—T'(Ws®L)

where W.. are U(2) bundles. Then the Seiberg-Witten equations are

i
Dy =0, FA+=O'(III)+¢=—2 <y.eiceiy>+o

where F A* is the self-dual part of Fy, o is a quadratic form, and ¢ is a given self-dual
2-form. The solutions of these equations are pairs (d4, ) consisting of a connection
ds on a line bundle L and a section y of Wy ® L.

We form the moduli space Uy of all gauge-equivalent solutions of these equations
—it turns out to have a compact closure which is a manifold. Then the Seiberg-Witten
invariants of a line bundle L over a manifold M are defined by

1
SW(L)=<cl,Uy>,  d= , dimUy

and ¢ is the first Chern class of a line bundle over the space of all gauge equivalent

pairs (da, ).
Using these invariants, it can be shown that the compact manifold

P*C#,P2C

has infinitely many distinct smooth structures. Dynamical systems on 4-manifolds
can be approached in similar ways to those for two- and three dimensions. Thus we
can start with simple systems on $* and use connected sums, covering manifolds or
blowing up techniques to generate more complex systems. For example, we have
the following result.

Theorem 11.9. Given a Morse-Smale system on a smooth simply connected 4-
manifold X with bt > 1, SW invariant SWx and an embedded periodic solution
K with A-polynomial P(t), then we can obtain a dynamical system on a 4-manifold
Xp with SW-invariant SWx, where

SWXP = SWx P(l)

Proof. This follows from Fintushel and Stern [30] and Etgu [31], by doing Dehn
surgery on the knot K. |
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Note that in Gompf [32], the following definition of a generalised connected sum is
given:

Let M and N be smooth, closed, oriented manifolds of dimension n and n — 2, re-
spectively and let jj » : N — M be disjoint embeddings with normal bundle v; over
N and normal Euler classes e(v;) € H*(N;Z) which are opposite: e(v,) = —e(vy).
Then there is an orientation preserving diffeomorphism ¢ : V| — j; (N) — Vo — jo(N)
for tubular neighbourhoods V; of j;(N). Then we denote by #,M to denote the
manifold obtained by taking M — (j;(N)U j>(N)) and identifying V| — j; (N) with
Vo — j2(N) by ¢. If M = M, UM,, then M is the connected sum of M;, M, along N
via ¢ and is denoted by M #yM>.

Thus if M = M; UM, is a 4-manifold and M|, M, carry dynamical systems with
an invariant surface N such that the dynamics on j;(N) and j,(N) ‘match up’ by
0. :T(j1(N)) — T (j2(N)), then we obtain a well-defined system on M;#4M,.

Finally, we can use the theory of covering surfaces to obtain dynamical systems
on any 4-manifold. The theory of branched coverings of S* can be found in [33].
In particular, Piergallini [34] shows that every closed oriented PL 4-manifold is a
single 4-fold covering of S* branched over a transversally immersed PL surface. The
question of whether there exist ‘universal surfaces’ over which all coverings of S*
branch seems to be open. We have:

Theorem 11.10. A 4-manifold which is a simple 4-fold covering of S* over an im-
mersed surface S carries a dynamical system which is the lift of a system of S,
which has S as an invariant surface — so that the immersed double and treble points
of S in §* are invariant sets of the flow.

11.10 Conclusions

In this chapter we have discussed the nature of systems defined globally on mani-
folds and their relationship to local representations in terms of nonlinear differential
equations. The main difficulty is in reconstructing a system from its local repre-
sentatives and determining the topology and differentiable structure of the result-
ing manifold. In the case of surfaces, orientable or not, we can say a considerable
amount from the indices of the local systems. However, when we come to higher-
dimensional manifolds, we are faced with much greater difficulties. To emphasise
the problems we have given an overview of the theory of dynamical systems on 2,
3 and 4-manifolds. The two- and three-dimensional cases are fundamentally differ-
ent from the four-dimensional case since in the former two cases, the topological
and differentiable structures are the same. However in the four-dimensional case,
the fact that many different differentiable structures exists on the same topological
manifold, leads to many different dynamical systems of various kinds. The classi-
fication of the structure of all four-dimensional dynamical systems appears to be
very challenging. Putting together local systems in higher dimensions can only be
approached at present by a consideration of the characteristic classes of the tangent
bundle or some related bundle.
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Chapter 12

Summary, Conclusions and Prospects for
Development

12.1 Introduction

In this book we have presented a theory which provides a general approach to non-
linear problems in systems theory. The method consists of writing a nonlinear sys-
tem as the limit of a sequence of an approximating sequence of linear, time-varying
ones and applying linear theory to each of the approximating systems. We have
proved general convergence theorems and given applications to frequency-domain
theory of nonlinear systems, optimal control, nonlinear sliding control and to non-
linear partial differential equations.

In this final chapter we shall show that there are many more potential applica-
tions of the method by using two illustrative examples which are now in the process
of development. One is the application of the method to the problem of travelling
waves in nonlinear partial differential equations and the other is to the separation
theorem for nonlinear stochastic systems.

12.2 Travelling Wave Solutions in Nonlinear Lattice
Differential Equations

We consider the existence of travelling wave solutions in lattice differential equa-
tions of the form
tijj = —Duij+ f (uij)

where A\ is a two-dimensional difference operator. These solutions correspond to
waves moving through the material to yield different structures on each side of the
wave. These ideas can be applied to discrete Cahn-Hilliard and Cahn-Allen equa-
tions for the dynamical behaviour of binary alloys (see [1], [2]). A two-dimensional
lattice differential equation on the lattice Z> C R? is an equation of the form

ij = F(uipr jrx,0 < |K| < 1)

M. Tomas-Rodriguez and S.P. Banks: Linear, Time-varying Approximations, LNCIS 400, pp. 219
springerlink.com (© Springer-Verlag Berlin Heidelberg 2010
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for some finite natural number ¢. We shall be interested in equations of the form
ij = ADuij— f(uij), (i,)) € Z?
where
Auij = i1 j+ui1,j+ i jr1 + i j-1 — 4uij

and A is a real parameter.

12.3 Travelling Waves

A travelling wave is a solution of the form
uij(t) = t(ivi + jvo —ct),

where ||(vi,v)]| =1 (i.e. (v1,v2) € S is a unit vector). Thus 7 satisfies the functional
differential equation

dt
P At(x+v))+t(x—vi)+

T(x+v2) + T(x—v2) —41(x) — f(7(x)),

where x is the wave parameter. This is a nonlinear functional differential equation
of mixed type and as such is extremely difficult to solve. To simplify matters, we
shall assume that v; and v, are commensurate, so that

vi =mh, vy =nh

for some integers m,n (where m > n) and real number /. We shall also assume that
m,n are large, so that /& is small relative to v; and v,. Thus, we can approximate
dt/dx by (t(x+h) — 7(x))/h. Thus, if x = k — mh, we have

Z(r(k — (m—1)h) — T(k — mh)) = A(t(k) + T(k — 2mh) +

T(k— (m—n)h) + t(k— (m+n)h) —4t(k — mh) — f(t(k —mh)),

(k) = —hc/l Tk — (m—1)h) + ha t(k — mh)
—1(k—2mh) — 1(k— (m —n)h) — t(k— (m+n)h) + 41(k — mh)
+if(r(k—mh))

and so, if we define the state

L(k) = (t(k— (2m— D)h), t(k— 2m—2)h), -, 1(k))T

we obtain the nonlinear difference equation
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(k) =AL(k—1)+F(I'(k—1))

where
010 - « « « « « .« . ... ..0
0010 - - - « « « . . . ..0
00 - B |
_10...0_10...0}&_hL)'LO...O_l()...O
7 7 T 1 T
1 l4m—n 14+m2+m m+n—1
and
0
| 0
F(rk=1)=, :

f(rm+1(k_ 1))

12.4 An Approach to the Solution

Consider the linear system
(k) =AT (k—1), I'(0)=1Iy.

The solution is B
I'(k) = AT,

For the nonlinear problem we shall assume that ' can be written in the form

Then we have

I'k)=AT(k—1))+GI'(k—1)I'(k—1)
= (A+GI'(k—1))I'(k—1).

In order to solve this equation we introduce the system of approximations I" [ (k)
given by ' ‘ '
rik) = (A+Gri-Yg—1)rix—1)

with initial guess
r) =rg.
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These are linear, non-shift invariant systems which can be shown to converge to
a solution of the nonlinear problem in the same way as in Chapter 2, provided that
G is (locally) Lipschitz. This clearly gives a simple way to solve difficult mixed-type
functional differential equations and other kinds of complex nonlinear problems.

12.5 A Separation Theorem for Nonlinear Systems

The theory of nonlinear optimal control was presented in Chapter 6. In this last
section we shall show how to apply similar methods to the nonlinear separation
problem. First recall that the linear separation theorem says that if we control a
system with additive noise of the form

dX; = (AXy + By )dt +0,d B, , t>5; Xs=x

together with a cost functional
1]
J4(s,x) = E> [/ {XzTQ’X’ + u,TR,u,}dt—i-X,lTFX,l} , s<ty,
s

where the matrices A, € R™", B, € R"™", ¢, € R"™*, Q, € R"™", R, € R"™™ F ¢
R ™ are continuous, and %, is a standard Brownian motion, then (see [3]) we find
that the optimal control is given by

w'(t,X,) = —R,'B'PX, ,
where P satisfies the Riccati equation

dk,

4 = AR —PA Qi+ RBR B[P,

=F
If we do not have complete knowledge of X;, but only a noisy observation
dz, = CX,dt +vd%,
then the optimal control is given by
uw*(1,X,) = —R;'BI BX,(0)
where X is the filtered estimate of X; given by the Kalman-Bucy filter

dX; = (A= RC! (wy)'G)Xidt + Buuydt
+RCT (wyl) 7'z, Xo = E[Xo]

where P, = E (X — X) (X — }?,)T] satisfies the Riccati equation
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dP,_A~ PAT —PCT (vl 1C P T.
t - tPt+Pt t PtCt (Yt% ) CtPt+Gth b
5 T
P=—E [(XO — E[Xo)) (Xo — E[Xo]) } .
This is the content of the (linear) separation theorem, i.e. if we have a noisy system
and noisy measurements, then we may separate out the filtering and the control, so
that we may filter the output to obtain an estimate X; of the state and use that, instead
of the unknown state x(7) to obtain an optimal control.
There have been many attempts to solve the nonlinear separation problem (see,
for example, [4,5,6,7,8]) using a variety of methods. Here we shall show that we

can use our methods to give an effective solution to the problem (see [9] for more
details). The problem we consider is given by the nonlinear stochastic equation

dXt = (At (Xt )Xt + Bt (Xt s u,)u,)dl + the@t
together with the nonlinear measurement equation
dZt - Ct (Xt)Xtdt + Ytd«%?t

and the non-quadratic cost functional
1
J¥(s,x) = B { / (X7 (X)X, + uf R (X, bt +X,1TFX,1] .

First we shall give the formal solution and then discuss the convergence of the ap-
proximations. The optimality of the solution is discussed in [9]. As in the case of
linear, quadratic problems, we are lead to a system of approximations of the follow-
ing form:

axXl! = (AR B (Rl ar
+Rcl (R az - c (=R,
x1(0) = xo
together with the Riccati filtering equation

ﬁt[l] _ (X\[t—l])““[t]+ﬁ[t]A ( tl 1])+Qt [ %

(X[’ 1]) -1, (X[' 1])“1]7
Pll(1) = Ry,

the control sequence
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and the control Riccati equation
sz _ _AT(}?[I 1]) U P[’]A ( wli— 1])
_Qt(’\ —1] ) +P B[(X[l 1] u[ifl])
1( [i— 1])BT (X[l 1] [:—1 )f’,[i]7P[i](l‘_f) —F
where B _
R =%y, O =00/
If the sequence of functions {X J AM u,H,PM}>1 converges in some sense, we

denote the limit functions by {X,[wLIS,Tw],u,[M},P,[m]}_>]. The controlled dynamics

then becomes
dX, = (A, (X)X: + B, (X, u™) u,[“’]) dt + ,d B,
and so we must decide in what sense does the sequence of systems
X" = (A (x0) X" + By (x0,0)u,") d1 + 614"

ax = (4, (e84 B ()l ) de+ B =2
i

converge to the solution of the nonlinear problem. (Here #;' can be chosen to be

the optimal control of a standard linear regulator, and we assume that 33,["], i>1
are independent Ito processes.) The sequence of functions The sequence of func-

tions {)?,[i]7ﬁ[i] , u,m, P,m }‘>1 converges uniformly on [0,7¢] by the standard theory of

Chapter 2 and so we need only to consider the last two equations above, which we
can write in the form

ax!V = (A, (xo)x 1 1y 11 (xo)> dt + ,d B
and

ax! = (a, (X vI ) )i+ gazl, 122, X =x,

where each V,M (+) is a (local) Lipschitz continuous function. From the standard the-
ory of Ito stochastic differential equations we see that each of these equations has
a unique solution ([10]). The (unique) solutions of these equations can be shown to
be given by

X = @ (A(x0).) [Xo + @ (— A1 (x0),1) 015" +/0t @ (A, (x0),t — )

X {Vsm (x0) +As(x0)as,%’£” }ds
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and
x' = (A, (x 1) J) {XO +o ( —A(x J) Gz%t[i]]

+ / x1 —s) {VJ” (Xs[i_”)+AS(X}i_1])GS%£i]}ds,

(fori > 2), where @ (A, 1) is the fundamental matrix of A;. To prove the convergence
of the method we note that we have

<1>(_A,(Xt["— .o )XM {XOJF(D( A )@%H]
+ [ o(=ax).s)
x{VS’](XS[’ Uy A, (x s[lill)dy%y]}ds
and
cp(—A,(Xt[HJ)?,)X[I 1 _ |:X+q)( At(Xt[i2])7t>Gt<%,t[il]:|
+/ — A, ([ )
B At

and so
@( —a (T, t) X o ( A (x), t) X
—o(-a(x"").r) o)
( — A, (x) 7t> o, B!
[ oA
[V Al

—cp( A (x}"*zl),s)
) a0t e

If we denote the right hand side by ¥, then we have
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o~ a0 ) 5 — @A (x).)x

= o =A%

—o(—a () )x e
and so
X x = o (a(x ) ) o= (x ) )XY
X o (A (X))

It follows that

B(1% X 1P) < £ (210 (a () .)
% (p(_At (Xt[i_z]) 7f>Xt[i_1] _Xt[i_l] ||2)
+2E(||<D(A, (X,[il]),t)‘I’Hz)

To estimate the first term on the right note that
@ (A (X))o (= (x0T X = o (4 )
x {qn( — A () )
~o(—ax") J)]X,[i_l]

and this can be bounded by ||X,[i_1] —X,[i_2]|| as in [11]. The second term in the
inequality is bounded by

£ < 38 (o~ )r) ol - o a (' ).) o)
+3/ (||q> A (xF! )73)
X {VJ’] x4 a,(x ) 6,80 } ||2> ds
! i i—1] [y li—
+3 51 (a0 )5) {7 (!

£, ol P as
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Applying Ito’s isometry (see [10]) to the second two terms and using the indepen-
dence of the Al1’s and #l~1s, the proof of local and global convergence then
follows as in [11]. For a discussion of the optimality of the process and a numerical
example, see [9].

12.6 Conclusions

The two problems considered in this chapter show that the iteration method does
have a wide variety of applications, particularly because the conditions for the ap-
plicability of the technique are very mild (local Lipschitz continuity of the system
vector field), unlike many other nonlinear methods. The ideas also have applications
to the control of chaos for secure communication (see [12]) and for the stabilisation
of semiconductor lasers ([13]). By choosing the matrices Q and R in a cost func-
tional to be dependent on the state x and the control u, it may also be possible to
study hard constraint problems by this method. (This is the case, for example, when
the control function u satisfies a pointwise bound of the form |u| < 4y, rather than
an average energy bound as in the standard quadratic regulator problem.) Of course,
this is the more practically useful form of control, since in most systems the con-
trol action is limited by some maximum value, such as the aileron deflection in an
aircraft. The development of the control in this case is much more difficult than the
linear, quadratic regulator case, since we must use the full Hamilton-Jacobi equa-
tions to solve the problem. If we can solve the problem by a sequence of linear,
quadratic regulators then we could provide an easy classical solution to the hard
constraint problem.
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Appendix A
Linear Algebra

A.1 Vector Spaces

We outline here briefly the basic ideas of linear algebra and spectral theory used in
the book — more details can be found in many standard texts on vector spaces (see,
for example, [1,2]). We begin with the definition of a vector space:

Definition A.1. A vecror space (V,+,-) over a field F (here, as usual, F = R or
C) is a set on which there are defined two operations of addition and scalar multi-
plication by elements of IF which satisfy the following axioms:

(@ v+w)+x=v+ (w+x), forallv,wx € V.

®)v+w=w+v, forallvweV.

(c) There exists an element O such that 0 +w=w+0=w forallw € V.

(d) For all v € V, there exists an element —v such that

v+ (—=v)=(—v)+v=0.

@A(v+w)=Av+Awforall A e Fandv,we V.
O A+pu)v=Av+puvforall A,y eFandveV.
(g) (Au)v=A(uv)forall A,p e FandveV.
(h1-v=vforallveV.

Axioms (a)—(d) say that (V,+) is an abelian group, (e) and (f) are distributive laws,

(g) is the commutativity of scalar multiplication and (h) says that 1 € [F behaves as
an identity.

Example A.1. R" and C" with their usual structures.

Example A.2. C[0,1] = set of functions f : [0,1] — R which are continuous. The
vector space operations are
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(f+8)(t) = f(t) +g(t),forall f,g € C[0,1]
(Af)(t) = A(f(t)),forall f € C[0,1],A € R

Definition A.2. A metric space (M, 0) is a set M together with a metric (or distance
function) 6 which satisfies the axioms:
(a) 6(x,y) > 0forallx,y € M.
(b) 0(x,y) = 0if and only if x = y.
(¢) 8(x,y) = 6(y,x) (symmetry).
(x,y) <6

(d) 6 < 8(x,z) + 6(z,y) (the triangle inequality).

Definition A.3. A norm on a vector space V is a function f : || - || : V — R™ such
that

(N1) ||v]| = 0 if and only if v = 0.

(N2) ||aev|| = |e| ||v|| forallv € V and o € F.

(N3) [[v+w| < |Iv|]| + |||, for all v,w € V.

Example A.3. R" with the usual Euclidean norm

. 1/2
[, )l = (zle) )

i=1
or the norm
||(V17' o 7Vn)H = maXi|Vi‘.

Note that all norms on R”" are equivalent in the sense that they define the same
topology (which has a neighbourhood basis consisting of open balls By, (6) = {v:
v —voll < &}).

Example A.4. C" with the norm

., 1/2
1(z1,--+ )l = <lez-|2> :
i=1

Example A.5. C[0,1] with the sup norm:

/1l = max |f(z)], f € C[0,1].
t€[0,1]

Definition A.4. An inner product space (V, (-,-)) is a vector space V together with a
map (+,-) : VXV — F such that:

(a) (v,v) > 0forall v € V (in particular, (v,v) € R.

(b) (v,v) =0if and only if v=0.

(©) (v,w) = (w,v) forall v,w € V.

(d) (Av+ puw,x) = A(v,x) + u(w,x), forall vw,x € Vand A, u € F.

An inner product is also called a scalar product. A vector space with an inner product
is a normed space if we define
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vl =/ (vv).
Example A.6. R" and C" with their usual structures.

Example A.7. C[0, 1] with the inner product

1
(r.9)= [ r0s
(or (f,g) = fol f(t)g(¢)dt if we allow complex-valued functions). Note that this in-
ner product gives a different norm on C|0, 1] from the one above.
A.2 Linear Dependence and Bases

If V is a vector space over I, a linear combination of the vectors vy,--- , vy € V is
an element of V of the form

w=0ovi+--+ o, acl.

We say that the vectors vy,---,v are linearly dependent if there exist scalars
ap, -+, 04 € IF, not all zero, such that
ovy 4+ ogvg = 0. (A.1)

If, on the other hand, expressions of the form (A.I) always imply that o) = - =
oy = 0, we say that vy,---,v; are linearly independent. A maximal linearly inde-
pendent set in V is called a basis of V, and the number of elements in such a set is
called the dimension of V (this is clearly well-defined and can be infinite).

Definition A.5. The standard basis of R” (or C") is the set {ey, - ,e,}, where ¢;
is the n-vector with a single ‘1 as the /" component and zeros otherwise.

Definition A.6. A linear operator (or homomorphism) A from a vector space V
into a vector space W is a function A : V. — W such that

A(ovy + Bva) = aA(vi) + BA(v2), forall o, B € F,vy,vp € V.

If A maps V onto W, it is called an epimorphism, if it is one-to-one it is a monomor-
phism and if it is both it is an isomorphism . For finite-dimensional vector spaces, A
is an isomorphism if and only if dim V = dim W.

Theorem A.1. Every finite-dimensional vector space over R is isomorphic to R"
for some n and every finite-dimensional vector space over C is isomorphic to C" for
some n.
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Because of this theorem, we can think of any finite-dimensional vector space over
R (or C) as a set of n-tuples (x1,- - ,x,) (or (z1, - ,2,)) with their usual operations.
Thus any basis can be thought of as the columns of a matrix £ which is invertible.
To find the components (v, ,v,) of any vector v in terms of the basis determined
by E is equivalent to solving the linear equation

Vi Vi
E =
Vn Vn
where vy, --- , v, are the components of v in the standard basis.

If A: R™ — R" is a linear operator (similar remarks apply, of course, if A :
C™ — C"), we define the matrix of A with respect to the bases b},--- b of R™
and b}, -+ b of R" by

n .
Aby =Y ajib}, 1<i<m.
j=1

If the bases are clear from the context, we usually denote the operator and its matrix
representation by the same letter A. Hence, if we write an equation of the form

Av=w,

we shall mean an operator equation in basis-free form or a given matrix represen-
tation. Since different matrix representations A and B are related by a similarity
transformation of the form

A=P'BP

for some invertible matrix P, we can define invariant properties of A as in the fol-
lowing definition.

Definition A.7. Let A : R" — R” (so that A is represented by a square matrix). The
kernel of A (Ker A) is the set of vectors v € R” such that Av = 0. The range of A is
called the image of A (Im A) and the determinant of A (det A) is the determinant of
any matrix representation of A.

Note that the equation
Av=w (A.2)

has a unique solution if and only if det A # 0, i.e. if and only if Ker A = {0}. In this
case, Im A = R". If Ker A # 0, then A is not one-to-one and the Equation[A.2] has
a solution v if and only if w € Im A, in which case v+ ax is also a solution for any
x € Ker A and all o € R.
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A.3 Subspaces and Quotient Spaces

Definition A.8. If a subset W of a vector space V is closed under the operations of
addition and scalar multiplication, it is called a (linear) subspace of V.

Definition A.9. If W C V is a subspace, we define the quotient space V /W to be the
set of affine subsets of V ‘parallel’ to W, i.e. the sets of the form

viEW={v+w:weW}.

We can make V /W into a vector space by defining

(Vi+W)+(n+W)=(vi+wn)+W
AVv+W)=Av+W.

This is clearly well-defined. If by,--- ,b, is a basis of V such that by,--- ,b,, is a
basis of W (i.e. dim W = m), then

bm+1+W7"' abn+W
is a basis of V /W and we have
dimV = dimW + dimV /W.

We usually write v = v+ W. Note that vi = v; if and only if vi —v, € W and if we
write v ~ vy if and only if vi — v, € W, then ~ is an equivalence relation, so the
sets v, v € V partition V.

Now let f: V — X be a linear map between vector spaces V and X and suppose
that f(U) C Y where U is a subspace of V and Y is a subspace of X. Then we define
alinearmap f:V/U — X /Y by

In particular, if V. = X and U =Y, we say that U is an invariant subspace if f(U) C
U. In this case, f induces a map

f:v/u—-=Vv/U.
If V = {0}, then X /Y = X and so if f: V — X has kernel Ker f, then
f:V/Ker f —1Im f

is an isomorphism.
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A.4 Eigenspaces and the Jordan Form

Definition A.10. An eigenvector of a linear operator (or matrix) A is a non-zero
vector v which satisfies the equation

Av=Av
for some (complex) number A, called an eigenvalue.

Thus an eigenvector spans an invariant subspace of A. The eigenvector equation
can be written
(A—Alv=0.

This equation can have a non-zero solution v if and only if

det (A—AI)=0.
This is called the characteristic equation of A and has n solutions (counting multi-
plicity).
Suppose first that A has n linearly independent eigenvectors vy, - - , v, with cor-
responding eigenvalues Ay, - - - , A,. Then

(A—ﬂ,,‘)v,‘:(), l§t§n
and the n X n matrix
P= [V],Vz,"' ,Vn]
is invertible. Hence,

AP = [Av,Avy, - -+ ,Avy]
= [Mvi, Aava, - A
= PA

where A = diag [A1,A2,- -+, Ay], and so
P 'AP=A

and therefore a similarity transformation diagonalises A.
If A does not have a linearly independent set of n eigenvectors, we consider the
generalised eigenspace of A, i.e.

Va(A) ={veC": (A— Al)*v = 0 for some integer k}.

(We must consider C" because the eigenvalues may be complex.) We have:

Theorem A.2. IfA : C" — C" is any linear operator and V4(A) are the correspond-
ing generalised eigenspaces, then:

(a) Va(A) is an invariant subspace of A.

(b) V(L) # {0} if and only if A is an eigenvalue of A.
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(c) Aly,(x) has all eigenvalues equal to A if Va(A) # {0}.
(d) If Va(A) # {0} and m = dim Vo (L), then

(A=AD)"v=0forallv € V4(1).

(e) The multiplicity of the eigenvalue A of A is m = dim V4 ().

(f) C" =@D; ca Va(A), where A is the set of distinct eigenvalues of A.
(Here €@ means the direct sum of subspaces, so that if v € Vi @Va, then v has a
unique representation in the form v = vy + v, where v € Vi,v, € V».)

Proof.

(@) If v € V4 (L), then (A — A1)*Av = A(A — A1)y = 0, s0 Av € V.

(b) If A is an eigenvalue, then (A — AI)v = 0, so v € V4. Conversely, if V4 #
{0}, then (A — AI)*v = 0, for some minimal k > 0 and v # 0. Then (A — AI)(A —
ADF1y =0, 50 A is an eigenvalue with eigenvector (A — A1)¥~'v # 0, by minimality
of k.

(¢) If A #  is an eigenvalue of Aly, ;. then Av = pv for some v # 0 in V4 ().
Then (A — AI)*v = 0 for some k > 0. Substituting Av = pv into this gives (u —
A)%v =0, so v = 0, which is a contradiction, so A = u.

(@ IfveVi(A)and v #0, let

vo=v, vi =(A—ADv,i>1.

If v) = (A—AI)"v # 0 for p > m and v,4; = 0, then vo,vy,---,v, are linearly
independent, since if not,

opvo+ 0y + -+ 0y, =0

for some o’s, not all zero. Applying (A — AI)” to this equation gives oy =0, and then
applying (A — A1)~ ! gives o = 0, etc. Thus,vg, - - - , v, are linearly independent for
p > m, which contradicts the definition of m.

(e) We must show that A : C"/V4(4) — C"/V4(A) does not have 4 as an eigen-
value. If it does, then there exists 0 # v € C"/V,(A) such that

(A=Aly=0
" (A—AD)v e Vs(A)

so that
A=Ay =0

i.e. v € V4(A), which contradicts v # 0.
(f) Let Ay,---,A, be the distinct eigenvalues of A. We show that the sum
1 Va(4;) is direct. Suppose that

2 _~_..._’_\;r:O7 Vi EVA(Al)
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If m; = dim V4 (A;), we define the polynomials

S0) =TT =A™, &i(A) = (& — 2™,
T

Then f; and g; are relatively prime (by the distinctness of the A;’s) and so, by classi-
cal number theory, there exists polynomials p, g such that

p(A)fi(A) +4(A)gi(A) = 1.

Substituting A into this equation gives

p(A)fi(A) +q(A)gi(A) =1
ie. .
pA)TT(A =2, +g(A) (A= Ad)™ =
7
Now apply this to v; (==, , ! vj, by assumption). This gives v; = 0, so the sum is

direct. Since m; is the multlphclty of A; and Y, m; = dim C" = n, the result follows.
O

This theorem says that we can choose a basis of C" consisting of generalised eigen-
vectors of A so that A takes the form

Ay
Ay

A

where r is the number of distinct eigenvalues of A. To determine the structure of
each A;, let A; be the corresponding eigenvalue. For each element v of V4(4;), we
have

(A—20)Pv=0and (A—A1)" v #£0

for some integer p > 1 (depending on v). Let v; be an element of V4 (A;) for which
p is maximal. Then we have the linearly independent vectors

wi=vi,wa=A -y, -, w, = (A—?L[I)”flv

which span a subspace V; of V4 (A;). The matrix of A restricted to this subspace is
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(a p x p matrix). If V; # V4(A;), we consider V4(A;)/V; and repeat the process.
Using the resulting basis for C" gives the Jordan form of A.
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Appendix B
Lie Algebras

B.1 Elementary Theory

In this appendix we give a brief outline of the theory of Lie algebras. Most of the
proofs are omitted and can be found in a number of excellent monographs on the
subject (for example, [1,2]). Lie algebras abstract the notion of non-commutation
of matrices; they are vector spaces with an additional (non-commutative) product
structure:

Definition B.1. A Lie algebra g is a vector space over F, together with a binary
operation [-,-] : g X g — g which satisfies the axioms:

(a) [llxl +/’I,2X2,Y} =N [Xl,Y} —‘y—/’Lz[Xz,Y] forall X1,X5,Y € g.

(b) [X,Y] = —[Y,X], forall X,Y € g.

©) [X,[Y.Z]| +[Y,1Z,X]] +[Z,]X,Y]] =0, forall X,Y,Z € g.

The dimension of g is its dimension as a vector space. Axiom (c) of Definition
B.1 is called the Jacobi identity. Note that

[X,X]=0forall X € g.

Example B.1. Any vector space V with bracket [X,Y] =0 forall X,Y € V. These are
the abelian Lie algebras.

Example B.2. R3 with the usual vector space structure and the bracket
3
[x,y] =xxy, x,y€ R,
where x denotes the vector cross product.

Example B.3. The set of all n x n complex matrices gf(n;C) with the obvious
bracket
[X,Y] = XY —YX.
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More generally, if V is any given vector space, we write g/(V) for the set of all
linear operators L: V — V)

Example B.4. Any associative algebra A (i.e. vector space with an associative prod-
uct), together with the bracket

[a,b)=a-b—1Db-a, forall a,b € A,
where - is the algebra product. (This clearly generalises Example B.3.)

If g is a finite-dimensional Lie algebra, let {b;};<;<, be a basis of g. Then we have

[bi,b}] ZQﬁb

for some 1> constants cé‘j called the structure constants of g. Using the axioms (L1)-

(L3), it is easy to prove the identities

== 1<ijk<n

n n
3 3 (chci+elac+elieh) =0 1<igk<n
I=1m=1

The structure constants clearly determine the Lie algebra, for any given fixed basis.
A linear map (operator) A : g; — g, from a Lie algebra g; to another Lie algebra g,
is a homomorphism (of Lie algebras) if it preserves the bracket, i.e.

A[X,Y] = [AX,AY], forall X,Y € g).
Monomorphisms and isomorphisms are defined as in the vector space case.

Definition B.2. Let g be a Lie algebra and h a subspace of g. Then h is a subal-
gebra of g if
[b.b] S b

and an ideal if

[b,9] Cb.

A Lie algebra g with no non-trivial ideals (i.e. # g or {0}) is called simple. The
(unique) 1-dimensional Lie algebra is the trivial simple Lie algebra.

Clearly, if by, b, are ideals, then so are b + by and h; N h,. If h C g is an ideal, then
we can define the quotient space g/ and make it into a Lie algebra by defining

[X,Y]=[X,Y], forall X,Y €g.

Induced maps then behave in the same way as induced linear maps of vector spaces.
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Definition B.3. If g is a Lie algebra, then Dg = [g,g] is called the derived alge-
bra of g. The derived series of g is the sequence of ideals

9:53(0)9233(1)92-..2©<">gg..-7

where
g =(®" V).

The sequence of ideals

g=¢O0goelgo...0elgo....
where ¢ g = [g,&("~Vg], is the descending central series of g.
If D" g = {0} for some finite n, then g is called a solvable Lie algebra. If (" g =
{0} for some finite n, then g is called nilporent. Note that

so that if g is nilpotent then it is solvable. Subalgebras, homomorphic images and
direct sums of solvable (nilpotent) Lie algebras are solvable (nilpotent). It follows
that any Lie algebra g has a unique maximal solvable ideal v called the radical of g.
If the only solvable ideal in g is {0} then g is called semi-simple. Thus, if g is not
solvable, then g/t is semi-simple. (Any decomposition of the form

g=t+m

is called a Levi decomposition. It is not a direct sum and so the decomposition is not
unique.) Also, g is solvable if and only if ©g is nilpotent. If g is a solvable subal-
gebra of g/(V), then there exists a basis of V such that the matrix representations of
each operator in g in this basis are all upper triangular.

Definition B.4. If g is a Lie algebra then, for any X € g, we define the map
adX:g—gby
(ad X)(¥) = [X.Y]

Then g is nilpotent if and only if for any X € g, ad X is nilpotent. Moreover, if g is a
subalgebra of g¢(V), then if every element X of g is nilpotent (i.e. X¥ = 0 for some
k), then g is a nilpotent Lie algebra.

B.2 Cartan Decompositions of Semi-simple Lie Algebras

Definition B.5. Let h be a subalgebra of g/(V). A function A : ) — C is called a
weight of b if there exists 0 # v € V such that
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Hv=A(H)v, forall H € .

The vector v is called a weight vector.

Nilpotent Lie subalgebras of g/(V) have a decomposition similar to the Jordan de-
composition of a single n x n matrix. In fact, we have:

Theorem B.1. Let i) C gl(V) be a nilpotent Lie algebra and let A : ) — C be a
linear function. Define the weight subspace

Vo(A) ={veV:(H—AH)I)* =0 for some k >0 and all H € h}.

Then:
(a) Vy () is an invariant subspace and Vy (A) = gy V(L)
(b) Vy(A) # 0 if and only if A is a weight of b, and A is the only weight of by in
Vi ().
(c) If Vi () # 0, then (H — L(H))™Vs(M)y = 0, for all H € b, v € Vi (L).
(d)V =@jcaViy(A), where A is the set of weights of b.

This gives an immediate generalisation of Jordan’s theorem:

Corollary B.1. If ) C gl(V) is nilpotent, where V =2 C", then b is isomorphic to a
subalgebra of n(n;,C)@® - --n(n,,C) where ny + - - - +n, = n and r is the number of
weights. Here, n(m,C) is the set of upper triangular matrices with equal diagonal
elements.

We now apply this to a general Lie algebra g with a nilpotent subalgebra . Then
the set
adgh = {adgH : H € b}
is a nilpotent Lie subalgebra of g¢(g) = g/(C"), if dim g = n. By the above theorem
we have the decomposition
9= P aun(), (B.1)

A€EA

where A is the set of weights of ad h. (Note that A is also referred to as the set of
weights of f).) To study this decomposition in more detail we introduce the Killing
Jorm of g to be the symmetric, bi-linear function (-,-) : g x g — C given by

(X,Y)=tr[(ad X)(ad Y)], X,Y € g.

Note that
((ad )X,Y)+ (X, (ad)Y) =0.

For each X € g, the characteristic polynomial Kx(A) of ad X is called the Killing
polynomial of X. Since
(ad X)X = [X,X] =0,
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Kx (1) has at least one zero root (i.e. ad X has a zero eigenvalue), so that Kx (1) has
the form
Kx(A)=A"+ou(X)A" -+ a,,k(x)(X)),k(X)

where k(X) > 1. Set
K = mink(X).
Xeg

K is called the rank of g. If X € g is such that k(X) = k then X is called regular;
otherwise it is singular.

Returning to the decomposition (B.I), the following properties of the weight
(root) spaces gaq  (4) are simple consequences of the definitions:

(@) [Gad 5 (), 8ad 5 (B)] € gaa (o + B), forall o, B € A, so that g,q 1, (0) is a sub-
algebra of g.

(b) If oc + B is not a root, then [gaq n (¢), gaa 5 (B)] = 0.

(©) (gaa p(@),8aa 5 (B)) = 0,if x4 B # 0, where (-, -) is the Killing form.

(d) b € gaa(0).

Definition B.6. If h = g,q , (0), then b is called a Cartan subalgebra of g and (B.I)
is the Cartan decomposition of g.

Theorem B.2. (a) A Cartan subalgebra of g is a maximal nilpotent subalgebra.
(b) Every Lie algebra has a Cartan subalgebra.
(c) If Xy is a regular element of g, then gaqx,(0) is a Cartan subalgebra.
(d) If b; is a Cartan subalgebra of g;, (i = 1,2), then h; @ b, is a Cartan subal-

gebra of g1 D g2.
(e) If b is a nilpotent subalgebra of g and

n(h) ={X €g:[X,b] S h}

is the normaliser of by in g, then by is a Cartan subalgebra if and only if h = nb.

(f) Cartan subalgebras of a given Lie algebra g are conjugate under inner au-
tomorphisms (i.e. automorphisms of the form exp(ad X) where ad X is a nilpotent
linear operator).

The decomposition (B.I)) can be written in the form
g=hoPar)
AEX

where b is a given Cartan subalgebra, g(4) = gaq s (4) and Y. is the set of non-zero
roots of g. If ny = dim g(A), then the Killing form is

(X,Y) =Y mAX)A(Y).
AeX

Theorem B.3. (Cartan)
(a) A Lie algebra g is solvable if and only if (X,X) =0 for all X € Dg.
(b) g is semi-simple if and only if the Killing form (-,-) is non-degenerate.
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It follows that a semisimple Lie algebra is the direct sum of all its minimal ideals,
which are simple Lie algebras which are orthogonal with respect to (-,-).

B.3 Root Systems and Classification of Simple Lie Algebras

Now consider the Cartan decomposition of a semisimple Lie algebra g with Cartan
subalgebra h. If dim g = n and dim h = m, then the Cartan decomposition of g is

g=hoPad)

AEX

where ) is an abelian subalgebra and (-,-)|, is non-degenerate. Moreover, there are
m linearly independent root subspaces g, (A # 0) which are one-dimensional and if
A € Zthensois —A and kA ¢ X for k # +1. Note that if A + u is a root, then

[92,0u] = 921 u- (B.2)

Since the restriction of the Killing form (-,-) to b is non-degenerate and any root
A :h — Cis alinear functional on b, i.e. A € h* (the dual space of ), there exists a
unique H) € b such that

(H,H))=A(H), forall A € X.

Clearly,
A(Hy)#Oforall A € X.

Also, for any A € X and any E, € g;, there exists a unique E_; € g_, such that
(EA,E_A):I and [ElaE—k] :Hl- (B3)

Now let A, 1t be roots such that A # 4. Then there exist non-negative integers p, g
such that

—pl+/.t7—(p—l)7t+/.t7 7_l+‘uauvl+“7 ,ql—‘rﬂ
are roots, but —(p + 1)A + u and (¢ + 1)A + u are not. Then we have

(H17Hl—l)

=p—q.
(Hy,Hy)

Note that the elements H, span b and since dim h = m, there exist H ,H;,,- - ,H),

m

which form a basis of ). Moreover it follows that we can write any H), in the form

m
Hl = z OCI'HA[.
i=1
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where ¢ is a rational number. If hr denotes the real vector space corresponding
to b (i.e. the space generated by the H) over R) then the Killing form on hr makes
it into a Euclidean space of dimension m, i.e. the Killing form (-,-) is a standard
Euclidean inner product. Note that, by duality, this gives a metric on by by defining

(A, 1) = (Hy, Hy).

We define a total order < on by (this is a standard set-theoretic total order which
satisfies L < = A +v<u+v,forall A,u,vandif A < g and 0 < r € R, then
rA < ru). Every real vector space has a total order defined lexicographically. For
a given total order on b, we call 7 the set of positive roots (i.e. A € X such that
A > 0). A fundamental system of roots I C X is a subset of positive roots A such
that

A#uU+v

where (1,v € X7 (U #A, v# 1). We have:

Theorem B.4. (a) Every root in X is a sum of roots in I1.
(b)If A, u € I and A # p, then (A, 1) <O0.
(c) Any fundamental system of roots 11 is a basis of by.

If IT={A, -, An} is a fundamental system of roots of a semisimple Lie algebra
g, then the matrix A = (4;;) defined by

(liﬂlj)

=2 00)

, 1<ij<m
is called the Cartan matrix of g.
From (B.2)) it follows that, if E; is chosen as in (B.3), then we have

[EMEM] = NM,LE11+/.1

for some constants N, , € C. (These numbers are sometimes also called the structure
constants of g.) They satisfy the properties:
(@) Nyy = =Ny, forall A, u € X with 4 +u # 0.
b)IfA,u,veXand A+ u+v =0, then

NA‘IJ :NIIV :NVA.'

©Ifa,B,y,6 € Xand oo+ B + v+ 6 =0, and the sum of any two of o, 3,7, 8
is not zero, then
NopgNys +NoyNsg + NosNgy = 0.

@IfA,u,veXandA+u#0,and u—pA,u—(p—1)A, -, u+qAis
a maximal chain of roots, then

g(p+1)

S ().

NNy =~
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It follows that for any semi-simple Lie algebra g, there exist root vectors E; (A € X)
such that (Ej,E_j) = 1 and all the structure constants Ny, (4,1,4 +u € X) are
non-zero real numbers such that

Nyy=-N_j u

and

The basis {H1,Hy, - ,Hn} U{E; : AL € £} of g, where the E) s satisfy the above
conditions and {H;} is any basis of the Cartan subalgebra § of g, is called a Weyl
basis of g.

Recall now that a fundamental system of roots IT is a linearly independent set of
vectors such that if A, € IT and A # u, then 2(A,u)/(A, 1) is zero or a negative
integer. Since

so(Lp)) =4 BB () (Aot

A2 (o)~ (AA) T (wop)’

where Z(A, ) is the angle between A and i, we have

cos( () =~ Vr

where r =0,1,2 or 3. If 2(A, ) /(A,A) # 0 for A, u € I, we say that IT is a simple
root system. Then the possible angles between roots in a simple root system are
120°,135° and 150°. We construct a graph called a Dynkin diagram of I1 with
one vertex for each root in IT and 1,2 or 3 lines joining pairs of roots if the angle
between them is respectively 120°,135° or 150°. Note that if Z(A,u) = 120° then
(i, 1) = (A,A4) so the roots have the same length, while if Z(A,u) = 135° then
(u, i) =2(A,A) and if Z(A,u) = 150° then (i, 1) =3(A, ). It can be shown that,
for a simple IT system of roots, the possible Dynkin diagrams are as shown in Figure
B.1. (The shorter roots are denoted by a circle o and the larger ones by e.)

It can be shown that a Lie algebra is simple if and only if it has a simple IT system
of roots, so the above Dynkin diagrams characterise all (finite-dimensional) simple
Lie algebras. The fact that each one of these diagrams represents a valid simple
Lie algebra can be shown by using representation theory. We shall simply give a
realisation of each one — the details can be found in the references.

Type Ay

Consider the subspace Ly of gf(n+ 1) consisting of matrices with trace zero.

Then Ly is a simple Lie algebra and has the decomposition

Ly=H ECE,-J-
i#]j

where H is the set of diagonal matrices of trace zero and E;j is the (n+1) x (n+1)
matrix with zeros everywhere except for a 1 in the i j// place. If diag (A1, , A, 1) €
H, then the roots are the functions
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Ay XL}L.Z—}? .. .xn.i.}”n n>1
B, MM ke
C, 751:k,2_7‘,3. . MM n=>2
D o s o ey

F, %1 Ay Ay Ny
G, M M

Fig. B.1 Dynkin diagrams of the simple Lie algebras

diag (2,1’ ’2,"+1) _)A’I_A‘jy i#‘].

A fundamental set of roots is given by
diag (l],"' ,A,H,l) Hli—lj, 1 § i S n.

The dimension of L, is n(n+ 2). Note that Lie algebras of type A, are also writ-
ten s¢(n+ 1,C) since they are the Lie algebras of SL(n,C) = {g € GL(n,C) :
detg=1}.
Type B,

The Lie algebras are the subspaces Lg of gf(2n+ 1) consisting of matrices X
which satisfy X" M + MX = 0 where M is the matrix

2 O1><n O1><n
M= OVL><1 0n><n In
OVl><1 In 0n><n
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where the zeros represent zero matrices of appropriate dimensions. We have the
decomposition
Lg=HPY CE)
A
where
H={X:X=diag (0,A1,-, Ap,— A1, ,—An)}

and the (non-zero) roots are ¥ = {+A; £ A4;,i # j;A; }. The matrices E;, for each root
type are

0 0
El,‘*lj = El] aEflrFlj = E]l , 1<,
—Eji —Ejj
0 0
Ekﬁ“lj: 0E;—-Ej |, E*Aiflj: 0 , 1< J,
0 —Eij+E; 0
0 0 e; 0 —€; 0
E)L,- = —eiT 00 s E—l,- = 0 00 y
000 el 00

where ¢; is the standard i unit basis vector (of dimension ). The generators of H
are

0
Hy ;= | Ei—Ej s i<
—E,‘i-i-Ejj
0
HAH“%' = Eii—FEjj , 1<
—Ei—Ejj
0
Hy=| Ea
—Ej

Lie algebras of type B, are also written so(2n + 1, C) since they are the Lie algebras
of the Lie groups SO(2n+ 1,C) - the special orthogonal group.
Type Cn

In this case we consider the Lie algebra of matrices X which satisfy X" M 4+MX =

0 I,
0 where M = <_In 0>.Then

Le=H Y CE,
A

where
H:{XX:dlag (llu"'aa‘nv_a‘lu"'a_ﬂ’")}
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and the roots are {+A; £ A;,i # j;£2A;}. The matrices E, are

C(Ej 0 C(Eqi 0\ ..

E)L,-—)Lj - < 0 _Eji>7 E_)L,'—‘r)tj - < 0 _Etj , 1<,
O0FE;;+E; 0 0 . .
EX;“FA/':(O JO ]>7 Ekikj:<Eij+EjiO>’ 1<,

0E; 00
B = (O O”>’ En= (Eii O)’

and the generators of H are

_ ( Ei—Ejj 0 .
H/'Li/'Lj_< 0 —E: A 1<

Lie algebras of type C, are also written sp(n,C) since they are the Lie algebras of
the Lie groups Sp(n,C) = {g € SL(2n,C) : g'Jg = J, where J = ( OI I(')‘)} - the
—In
symplectic groups.
Type Dy
Here we consider the Lie algebra of matrices X which satisfy X" M +MX =0

(01,
where M = (In 0>.Then

Lp=H@Y CE,
A

where
H:{XX:dlag (llu"'aa‘nv_a‘lu"'a_a’")}

and the roots are {+A; £ A;,i # j}. In this case,

o E[j 0 o Ej[ 0 . .
Eﬂ,i—ﬂ,j_ < 0 _Eji>7 E_A,,‘-‘rﬂ,j_ < 0 _Elj 5 l<,]?

o OEI'J‘—E]',' o 0 0 . .
El,“%lj - <0 0 )7 Efliflj - <_Elj+Ele>’ l<]-

and the generators of H are

(Ei-E; 0 o
Hlf—lf_< 0 —EitEj; s
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- Ei[+Ejj 0 . .
HA,H—A,I’_( 0 _Eu_E“ 3 l<,]

Lie algebras of type D,, are also written so(2n,C).

The Lie algebras A,,B,,C, and D, are called the classical Lie algebras. The
remaining simple Lie algebras Eg, E7, Eg, F4 and G, are the exceptional (or sporadic)
Lie algebras. We begin by giving a realisation of G».

Type G2
The Lie algebra G, has a realisation as a subalgebra of B3. We know that

H= {X X = dlag (Oa/’l'17)‘27)‘3a _)‘17 _;LZa _)‘3}
is a Cartan subalgebra of Bj3. Let H be the subalgebra
H={X€H: A +M+2 =0}

Then G, can be seen to be the 14-dimensional Lie algebra generated by the matrices

co-vri | (030
G(i+3)=V2E_j, +Ep, | 7 (3:1:2)
G(7) =Ej 2,

G(8) = Ey, 3,

GO9) =Ej 2
G(10) = Ey,

G(11) = Elz*/h
G(12) = E3, 3,

and H. If A1, A, are fundamental roots of G,, then all the roots of G, are given by

{/’1,1,)1,2711 + /’Lz,l] + 2/12,)4 + 312,2)1,1 + ?)/’Lz7
=1, =2, — AL — Ap, — A — 242, — A1 — 3, =241 — 34, }.

In order to find a realisation of the Lie algebra Fy, we need the following definition

Definition B.7. A representation of a Lie algebra g on a vector space V is a homo-
morphism p : g — gl(V).
Thus, in particular, p preserves the barcket:

plX.Y]=[p(X),p(Y)].

Definition B.8. A representation p of g is reducible if there exists a proper invariant
subspace of V under p, i.e. there exists a subspace V; of V such that V; # {0} and
Vi #V and
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p(X)Vl CVforall X € g.
Then, p(X)v = p(X)v is a representation of g on V / V.

Definition B.9. A representation p of g is irreducible if it is not reducible.

The representation p : X — ad X (X € g) of g on itself is called the regular (or
adjoint) representation. The representation p : X — 0 is called the trivial represen-
tation. Then we have the following theorem of Witt [3]:

Theorem B.5. Let g be an n-dimensional simple Lie algebra with basis {X;,--- ,X,}.
Let V be a vector space of dimension m with basis {e,--- ,em} and let p be an
irreducible representation of g on 'V, which is not the trivial or regular representa-
tion. Suppose that Y; = (yj.k|1§j7k§m is the matrix of p(X;) with respect to the basis
{e1, - ,em} of V, for 1 <i<n, and assume that it satisfies the properties

(a)Y; is real and skew-symmetric for 1 <i <n.

(b) Tr (Y,Yj) = —m5,-j.

(c) Tr (Z;;(Y:Y))?) = Snm?.
Then g’ = g @V is a simple Lie algebra with bracket defined by

Xi X)) = Y ciXe, i j=1,n
k=1

m .
—[ei, Xj] = [Xj,ei] = D yier, 1<i<m,1<j<n
k=1

n
[eiaej] - zyf{jxk? 1<ij<m.
k=1

Type Fy
Define the following 16 x 16 matrices:

(I O (01
M1_<0—18>’ M2_<18 0)’

0 L
B 1,0
Iy O
0 b
(0N | -no
M4— <N2T 0) whereNz— 0 _12 s

L 0
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Ny O 01
0 NT 10
Ms = 1|, where Nj = ,
NIT 0 0—1
0 N 10
N, 0 01
_ 0 NT , | =10
Mg = N;T 0 , where N| = 01l
0 N; —-10
1
([ 0 N3 _(Ns O - -1
M7_<N3T O>WhereN3—(ON4T> and Ny = |
-1
1
[ O Ns (0 Ns _ 1
Mg = <N5T 0) where N5 = <N6 O) and Ng = 1
-1
and
My= MM, ---Msg.
If we define

X,‘ZM/'Mk, 0§]<k§8, 1<i<36

where i = 1 corresponds to j =0,k =1;i=2to j =0,k =2, etc.,, we obtain a
set of matrices which satisfies the conditions of Theorem B.5 with n = 36. Since
Tr (ij) = —16, 1 < i < 36, we must choose m = 16. Hence, F; has dimension
36+26=52. The roots of Fj are (for basic roots A1, -, A4),

2= {:ﬁ:lj,:l:ﬂ,,‘:tlhi R ;(:ﬁ:ll +AEA; :tl4)}.

A matrix realization of Fj is easy to produce in R52x52, namely, we can take the
regular representation using the expressions at the end of Theorem B.5. Thus the

matrices for X; are

((CZ)IS/',K% 8) 1<i<36

and for ¢; they are

0 —(v*) -
( . (y”)1<j<16,1<k<36>7 L<i<1s.
(yij)lgjgl6,1§k§36 0
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Type Eg

In this case we choose the 128 x 128 matrices

253

I3
[ 0 g | I
Ki= <_164 0 )7 k= —I3
I3
L6
(L 0 | —le
K3—<0L1T>,WhereL1— N
he
he
o Ly 0 i —Ii6
K4 = ( 0 Lg) s whereLz = 116 s
—Iis
he
- 0 L o —li6
K5—<L3 O),WhereLg— I ,
L6
L6
(0L | —he
K6_<L4 O),WhereLA,— Ie |
=l
Mg
(0 Ls B My
Ky (Ls 0 ) , where Ls = My
Mg
M;
0 L —M;
Kiy7 = (Li+7 O+7> , where L; g = M '
M;

fori=1,---,7 where M; is as for type F4 and

Kg =K|K>---K7K9Kj( -+ - K;5.

Then we define

Xi=KiKp, 1<j<k<15, 1<i<120

where i = 1 corresponds to j = 1,k = 2, etc. Since Tr (ij) = —128 for all j, we
have dim Eg = 248. The roots of Eg are



254 B Lie Algebras

{i/lli/l]al#JahJ: 17 78a;(:|:)‘1i/12:|:)‘8)a

with an even number of negative signs}

Type E7
This is a subalgebra of Eg with roots

1
(EAEA i # ), ] =2, T (A + Ag)s ) (E1ds + -+ ),
& ::I:17H£i: l,e =&}

and dimension 133. Type Eg This is a subalgebra of Eg with roots

1
{FAi£Ai#jij=3,- ,7;i(ll+/18);2(81)»1+~--+8818)7
& ::I:17H£i: l,eg=¢g 288}

and dimension 78.

B.4 Compact Lie Algebras

We shall outline the theory of compact Lie algebras — more details can be found
in [4].

Definition B.10. A real Lie algebra g is called compact if one can define a sym-
metric, negative-definite bi-linear form B(X,Y) on it for which

B((ad A)X,Y)+B(X,(ad A)Y) =0, forall X € go.

The Lie group of a compact Lie algebra is compact in the topological sense.

If g is a complex Lie algebra, we denote by g® the real Lie algebra obtained from
the vector space g by restricting to real scalars with the same bracket (which satisfies
[X,i¥] = i[X,Y]. Note that on g, J = i is a isomorphism for which J? = i> = —I.
Such a map is called a complex structure. Then g is said to have a real form g if

g“ =g0®Jgo
(vector space direct sum). Every element Z € g can be written
Z=X+JY=X+iY, XY €go
and so g is isomorphic to the complexification of gg. The map
o:X+i¥ - X—iY¥, X,Y € go
is called the conjugation of g with respect to gg. A direct sum decomposition

go=to+po
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where t( is a subalgebra and p is a vector subspace is called a Cartan decomposition
if the complexification g of go has a compact real form g; such that

ogr € gk, to=0g0Ngk Po=goN (ige)-

Lemma B.1. (a) A real Lie algebra is compact if and only if its Killing form is
strictly negative definite (and hence the Lie algebra is necessarily semi-simple).
(b) Every compact Lie algebra g is a direct sum

g=3+[g.4],
where 3 is the centre of g and the ideal [g, g] is compact (and semi-simple).

Lemma B.2. Let gy be a real semi-simple Lie algebra which is a direct sum to+ pg
where t is a subalgebra and pg is a vector subspace. Then the following statements
are equivalent:

(a) go = to + po is a Cartan decomposition of go.

(b) B(T,T) <O0forallT #0inty, B(X,X) <0 forall X # 0 in py and the

mapping s : T+X — T —X, T € ty,Xinpg is an automorphism.
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Appendix C
Differential Geometry

C.1 Differentiable Manifolds

There are many excellent books on differential geometry and vector bundles and so
we give only a brief outline of the ideas we use in the book (see [1,2,3] for further
details).

Definition C.1. An n-dimensional (topological) manifold M is a Hausdorff space
which is locally homeomorphic to R".

This means that, for each x € M, there exists a neighbourhood U of x and a home-
omorphism ¢ : U — R" called a local coordinate map. If U,V are open sets in M
such that UNV # 0 and (U, @), (V, y) are local coordinate maps then yo ¢! and
@ oy~ ! are homeomorphisms of R”.

Definition C.2. If ${ = {(U;, ¢;) }ic; is an open covering of M by local coordinate
charts such that the maps @; o q)j_l are C" on the intersections of their domains, then
M is called a C"-differentiable manifold and 3 is called a C" differentiable structure
for M.

(If r = o we simply call M a differentiable manifold and if r = @ we call M an
analytic manifold. Similar definitions apply if we use C" instead of R”, in which
case we obtain complex manifolds.) To emphasise the dimension of a manifold M
we write M,,.

Example C.1. Let
P"=P(R") = {[x] : x€R""!, x+0and [x] is the line through x}.

Define the open sets
Ui={[x1, xp1] : x; #0}

and the maps
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X1 X2 -~ Xn+1
) = (1.2 g ).

Then, on U;NU;, we have

(PiO(Pj_l(xla"' ,Xn) = (ylv"' 7yn)

L k#E
Yk = ! k:]

where

x;’
(provided i # j). The manifold P" is called the n'" real projective space.

Definition C.3. If f : M — N is a continuous map between smooth manifolds M,
and N, such that if (U, @), (V, y) are coordinate neighbourhoods of some point p €
M and f(p) € N, then f is said to be C*~ at p if

yof log:R" —R"

is C™ at the point @(p). If f is C* at all points of M, then we say that f is C* or
smooth.

Definition C.4. If f : M — M is smooth and f~! : M — M exists and is smooth,
then f is called a diffeomorphism.

C.2 Tangent Spaces

Let M be an n-dimensional manifold and let (U, @) be a local coordinate system at
p € M. If I C R denotes an interval containing 0, then a smooth curve on M (at p) is a
map o : [ — M with o(0) = p. Two curves ¢ and o are equivalent if (pocy)'(0) =
(¢ 0 0)'(0). This is clearly an equivalence relation and is independent of the chart
¢. The set of all equivalence classes of smooth curves at p is called the tangent space
of M at p and is denoted by T,M. It is clearly isomorphic (as an n-dimensional vector
space) to R".

Let f : M, — N, be a smooth function. We define the differential df, of f at
p €M by

dfyp(la]) = [fo o]

where [ | denotes an equivalence class of curves. Clearly, d f), is represented in local
coordinates (¢, y) by the Jacobian matrix of yo fo¢@~!. If (U, ) is a chart at

p € M, then we denote by (ﬁ) the image of ¢; = (0,0,---,1,0,---,0) € R" (i.e.
i/p

the standard i basis vector) under the map

-1 .mpn
d(P(p(p)'R —T,M.
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Then any tangent vector X, € T,M can be written as

n 8 >
X, = a;
! Zi (99@ »

where a = (ay,- - ,a,) is given by

a=(poa)(0),

where X, = [a].
The cotangent space of M at p is the dual space (T,M)* of T,(M). Note that
(T,M)* is usually written as (7, M).

C.3 Vector Bundles

A (smooth) real vector bundle E of rank m on a differentiable manifold M, is a
differentiable manifold together with a smooth projection 7 : E — M such that for
each p € M the set 7! (p) has the structure of a (real) m-dimensional vector space
and there exists a neighbourhood U of p in M and a homeomorphism ¢ : U x R" —
7~ 1(U) such that the map v — ¢(g, v) is a vector space isomorphism for each g € U.
(The latter condition says that the bundle is locally trivial.)

Example C.2. The tangent bundle T M of a differentiable manifold M is the (disjoint)
union of all tangent spaces to M:

TM = UpemuT,(M)
with the obvious differentiable structure and projection.

Example C.3. The cotangent bundle is the disjoint union of the dual spaces
U ,,GM(T;M ) again with the obvious differentiable structure and projection.

Example C.4. The normal bundle to M C R¥, (k > n) is the union of all spaces
NyM={veR*: v L T,M}
with the structure induced from the tangent bundle.

Definition C.5. A section of a vector bundle 7 : E — M is a smoothmaps: M — E
such that
mos=idy,

i.e. such that s(p) € ! (p) for each p € M. The set of all sections of a vector bundle
7 : E — M is usually denoted by I'(E).
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C.4 Exterior Algebra and de Rham Cohomology

Definition C.6. Let V be an n-dimensional vector space. The vector space A"V,
(0 < r < n) is defined to be the collection of all linear combinations of products of
the form vi Ava A--- Av, (v; € V) subject to the relations

vAw = —wAvforany v,w eV,
(vAW)Ax =vA(wAx), forany v,w,x €V

with the obvious linear structure.

If {e;}1<i<n is a basis of V, then any element £ € A"V can be written

E= T e nee,

i1<<iy

Note that dim(A"V) = (?)

Definition C.7. If M is an n-dimensional smooth manifold, the bundle of exterior
r-forms on M is defined as

Ao = U A(T;m).

pPEM

The space of smooth sections of A\"(M) is denoted by

and is called the space of (exterior) r-forms on M. The space of exterior differential
forms on M is the set

AM) =Y A" (M).
r=0
Clearly, we have a map
/\:AT(M) x AS(M) — A" (M)

given by
(@1, @)(p) = o1(p) A w(p).

In local coordinates (U, @), x = ¢(p), we have

o= Zail'”ird‘xil ARER /\dx,-,
i

for any r-form ®.
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The most important operation on A(M) is the (unique) differential operator d
called the exterior derivative - it has the properties:

(a)d(w) + ) =dw, +dw, o, € A(M).

(b) If w, is an r-form, then

dlojNam) =dojNap+ (—1) o) Adw,.

(c) If f is a smooth function on M, then d f is the differential of f.
(d) If f is a smooth function, then d(df) = 0.

In fact, these properties uniquely specify d.
Therefore we have the differential complex

L AR ) L AR () L A () s

for an n-dimensional manifold M, where A*(M) = 0 if k > n. Clearly, A°(M) = set

of smooth functions on M.

Definition C.8. The " de Rham cohomology group of M is defined as

H'(M) =Ker (d : A"(M) — A"\ (M))/Im (d : A” (M) — A" (M)),
It is a topological invariant and, in fact, also a homotopy invariant.

C.5 Degree and Index

Let f : M,, — N, be a smooth map between n-manifolds M and N. We define the
degree of f to be the unique number deg(f) which satisfies the equation

[ 7@ =dee(r) [ 0, we \"W).

where f* denotes the pull-back of f (this is essentially the change of coordinates
in an integral). Note that deg(f) is a homotopy invariant and satisfies the functorial
condition

deg(fg) = deg(f)deg(g)-

Now let f : M,, — N, be a smooth map. We say that p € N is a regular value of f if
dyf : T,M — T,N is surjective for all ¢ € f~!(p). Regular values of f are dense in
N by Sard’s theorem [3].

Now, if f : M,, — N, is a smooth map and p € N is regular, then if g € f~!(p),
then index of f at g is given by

. _f lif det(d,f) = +1
ind (f), = { —1if det(cqiqf) =-1"
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Then we have
deg(f) = 3, ind(f),-

qef~'(p)

Next consider a vector field f € C*(U;R") on an open subset of R"), such that
0e€U, f(0)=0and f(x) # 0 (i.e. f has an isolated singularity at 0). Then we
define amap f, : S" ! — §" I by

_ flpx)
17 (px)ll

for p > 0 sufficiently small. Then the homotopy class of f, is independent of p and

we define
ind(f)o = deg(fp)-

Note that deg is functorial in the sense that
ind(y. f)o = ind(f)o

for any diffeomorphism y. (Here (y..f)(q) =d,w(f(p)), w(p)=gq, whered is the
Jacobian derivative.) Hence, for any vector field X on a manifold M, we can define
the index of a singularity of the vector field at p € M by

Tp(x)

ind(X), = ind( 9. X, )o

where ¢ is a local coordinate system at p where p € U C M.
The index of a vector field on a compact subset K C M is just the sum of all the
indices at all the singularities in K (assuming these are finite in number).

Lemma C.1. Let f : My, — N, be a smooth map, where M and N are oriented,
compact and connected manifolds, and let K be a compact subset of M with smooth
(n-dimensional) boundary B = dK such that

B=B'UB*U---UBF

is a disjoint union of submanifolds of M, then
k

deg(fi) =0
=1

where f; = flgi.
Proof. We have .
deg(flp) = Y deg(fi),

i=1
and if @ € \"(N) with [y w =1, then
deg(f1y) = [ 1'(@)= [ df* (@) = [ f'(dw) =0,

by Stoke’s theorem. O
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It follows from the lemma that if M,, is a compact manifold and X is a smooth vector
field on M, containing a discrete (finite) set of singularities at p; € M, 1 <i <k,
then the index of X is given by

k
ind X =

ind (X),,.
i=1

(To prove this, just remove ‘small’ balls around each p; and apply the theorem.)

If M, is a smooth manifold embedded in R"t*, then we define a rubular neigh-
bourhood T, of M, in R"* to be an open set containing M in its interior, has a
smooth boundary and such that, for x € T, there exists y € M such that ||x —y|| < &.

Definition C.9. The Gauss map G : 9T, — S""*~! is the map which takes a point
on the boundary of T; to its outward pointing unit normal.

Then by the above lemma we can see that, for any vector field X on M,,, we have
ind X =deg G,

so that the index is independent of the vector field and is just a property of the
topology of M.

In order to prove the Poincaré-Hopf theorem, therefore, we can consider any
vector field X on a compact manifold M. This theorem states that

ind(X) = x(M) = Euler characteristic of M.

We shall choose a gradient vector field on M. To illustrate the idea consider the ori-
ented, two-dimensional case. Then M is a surface of some genus, say 2. A gradient
vector field is shown in Figure[C.1l Note that it has four saddle points and two nodes,
one stable and one unstable. The gradient field is so-called because it is essentially

12

Mip O

0

Fig. C.1 A gradient vector field on a 2-manifold
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the gradient of the height function % as in Figure [CIl At the singular points, & is
locally a quadratic form which is non-degenerate and has signature (i.e. the number
of negative eigenvalues of the Hessian matrix) equal to the index. The theorem then
follows by some elementary algebraic topology. The general case is an extension of
these ideas (called Morse theory). The important point is how the topology of the
level set of i changes as we pass a singular point. In the two-dimensional case, we
see that between level sets which contain a single singularity, we either get a disk or
a ‘pair of pants’.

In the general case, some standard analysis shows that, for a compact manifold
M, we can find a Morse function h which is similar to the two-dimensional case, in
that it is a ‘height function” and has only a finite number of non-degenerate critical
values (i.e. the Hessian matrix is non-singular). Let

M,={xeM: f(x)<a},

i.e. the manifold with boundary consisting of the subset of M which is ‘below’ a.
(For example, M| ; is shown in Figure[C1}) If there are no critical values of H in the
interval [a;,a;] then clearly M,, and M,, are diffeomorphic. Suppose that in [a;,a;]
there is a single critical values with one critical point p. Then we can find a small
neighbourhood U of p in M such that U is diffeomorphic to an open contractible set
in R" and

UNM, =8 'xv

where V C R /+1 ig open and contractible and
M,, is diffeomorphic to U UM,,.
Then, elementary algebraic topology shows that
X(Maz) = %(Mln ) + (_l)éu

and the index theorem follows from this.

C.6 Connections and Curvature

Sections of vector bundles on manifolds, such as the tangent bundle, take values
in different spaces (i.e. the fibres of the bundles) and so it is not possible to dif-
ferentiate such a section s directly. This is because a standard difference quotient
(s(t 4 0t) —s(t))/ St is not defined since the values s(¢ + 0t) and s(¢) are in differ-
ent vector spaces. In order to overcome this difficulty we need a connection on the
manifold, which relates different fibres of the bundle.

Definition C.10. A connection D on a vector bundle 7 : E — M is a map

D:T(E)— T (T*(M)®E)
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such that
(1) D(s1 +s2) = D(s1) + D(s;), forallsy,s, € I'(E),
2)D(fs)=df®s+ fDs, forallseI'(E), fe€C”(M).

Letey,---,ex € I'(E) be sections such that e (p),--- ,ex(p) is a basis of E for each
p € U (= a trivialising neighbourhood). Then the elements of 7*(M) ® E can be
written as Y, f; @ ¢; for some f; € T*(U) and so

k
D(ei) = Za),-j@)ej (C.1)
=1

where w;; € T*(U ) is a matrix of one-forms, called the connection form with respect
to {ejy,---,ex}. We write @ = (wjj). If (-, -) is the pairing between T'(M) and T* (M),
then we define Dys for any X € T(M) and any section s € I'(E) by setting

k k
Dxei= (X, Y w;j®ej) = Y (X, 0;))e;
=1 j=1

J=

and extending by linearity. Dy s is called the covariant derivative of s along X .
Note that Dy satisfies the properties:

(a) D¢xs = fDxs, feC”(M).

(b) DX_H/S = DXS +DYS.

(c) Dx (Sl + SQ) = Dxs1 + Dxs».

(d) Dx(fs) = (Xf)s+ fDxs, fe€C*(M).

Definition C.11. Let D be a connection on a differentiable bundle « : E — M,
of rank m and let (U, @) be a local coordinate system on M, with coordinates x',
1 <i<m.Lets;, 1 <j<mbem smooth sections which are linearly independent
on U. Then T,; ® E), has a basis dx' ®s; at each point p € U. The set of sections
{sj}1<j<m is called a local frame for E on U.

‘We have ‘
Ds; = ZI}Ide’ ® Sk,
ik

since Ds; is a local section of T*(M) ® E, for some constants ;. From (CI) we
have
Ds;j =Y 0;i®s; (C.2)

so that, locally, )
wij = Zlﬂ]’kdxk

We can write (C.2)) in the matrix form

DS=0®S;
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then w is called the connection matrix. Since it depends on the local frame, we can
check what happens if we change the frame: in that case, the new frame is

S'=PS

for some invertible matrix P, whose elements are smooth functions on U. By the
definition of a connection, we have

DS' =dP®S+P-DS
= (dP+P-0)®S
=dP-P'+P-w-P S

and so the connection matrices are related by
o' =dP-P"'+PoP". (C.3)

From this it can be seen that any vector bundle has a connection. If we (exterior)
differentiate (C3)), we obtain

do' - P—o'NdP=dPNw+P-do

and since
dP=w'-P-P- 0,
we have
(do'—o'N@') - P=P-(do— o)
ie.
Q' =pop!
where

Q=do—oNo

is the connection matrix of D on U. We can show that €2 satisfies the Bianchi identity
dQ=0/NQ2-QNo.

If we think of I'(T*(M) ® E) as the space of sections of vector-valued one-forms,
we will write it as I'' (E). Similarly, the space of sections of vector-valued r-forms
will be denoted by I'"(E). Then it can be shown that we can extend the definition of

a connection to a map

r~Yey2rre),

and so we get a differential complex

0-T°E)Y2TrYEY2TYE) S ...
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This complex is not exact, in general, so that
DoD#0.
We write
F=DoD.

Then F is called the (global) curvature form; it is the global form of 2. The above
sequence is exact precisely when the connection is flat, i.e. F = 0. Not every vector
bundle has a flat connection. Note that, in the case of complex line bundles, the con-
nection matrix is one-dimensional, so the wedge product commutes and the Bianchi
identity becomes

dF =0.

C.7 Characteristic Classes

In this section we shall outline the theory of characteristic classes which relates the
topology of a bundle to the cohomology groups of the base manifold. If G is a Lie
group with Lie algebra g, let S(g) = @,>05"(g) denote its symmetric algebra, where

§(g) =T"(a)/1

and
T'(g)=9® ®g

is the 7" tensor algebra of g and [ is the ideal generated by elements of the form
Al®"'®Ar_Ac(1)®"'®Ao(r)7

for all permutations 0. An element P € S"(g) is G-invariant if it is invariant under
the adjoint action of G, i.e.

P(AdyAy, - ,AdgA,) = P(Ay,-- ,Ar)

where AdgA; = g~ 'A;g, for g € G. Let .#7(G) denote the G-invariant elements of
S”(g). We can define a multiplication map

H: I (G)® I (G) — I177(G)

by

1
r1+r2)! ;P(AG(I)V o 7AG(F1))Q(AG(V1+1)7'“ 7A6(r1+r2))

‘U(PQ)(A] [ aAr1+r2): (
making .7 (G) = ®,>0-#"(G) an algebra.

Now, if : E — M is a smooth (complex) vector bundle, we can extend the above
ideas to g-valued p-forms on M as follows. If u; € APi(M) (i.e. y; are p;-forms on
M) and A; € g, 1 <i<r, then we define
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P(Alulv'“ aAr.ur) = Hi /\/\,urP(Alv 7Ar)~
The most useful case is when A| = --- = A,. Then we have invariant polynomials
PA)=P(AA,--- A).

If D, D and D, are connections on the bundle £ with corresponding curvatures
F, F| and F;, then it can be shown that

dP(F)=0

and that
P (k) - P(F)

is exact (i.e. it is equal to dy for some 1-form ), for any invariant polynomial
Z. Since dZ(F) = 0 for any connection D with corresponding curvature F, it
follows that Z2(F) is closed and so defines a cohomology class in H*(M;C) (the de
Rham cohomology algebra). Moreover, by the above remarks, it is independent of
the connection.

In particular, if we define

p(F)= det(l + 2iﬂF)

(where the det is expanded as normal, except that we obtain sums of even forms),
then
p(F)=1+pi(F)+paF)+--

and we write '
ci(F) = [pi(F)] € H¥(M;C)
and
c(F)=1+[pi1(F)]+[p2(F)]+-=1+ci+crt-.

Then we call ¢(F) the total Chern class and c;(F) the i'" Chern class of the bundle
E.If E is a rank k vector bundle, then

co(F) =1
i
c1(F) = 2ﬂtrF
1
o(F) = —Snz[trF/\trF—tr (FAF)]

ity = (1) aur
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Note that the Chern classes are natural in the sense that
c(f'E) = f*e(E)
for any smooth map f: N — M and if E ® F is a Whitney sum bundle, then
c(E®F)=c(E)Nc(F).
For a sum of n complex lines bundles
E=L & DL,

we have
C(E) = c(Ly)-+-c(Ly)

so the Chern class cannot distinguish between an n-dimensional vector bundle and
a sum of line bundles (this is the splitting principle).

Many other types of characteristic classes exist such as Pontryagin classes (for
detemining if 2-manifolds bound another), Steifel-Whitney classes which are useful
for determining embeddings of projective and similar spaces, etc. For more details
see [4,5].
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Appendix D
Functional Analysis

D.1 Banach and Hilbert Spaces

In the first four sections we give an introduction to functional analysis. More details
can be found in [1,2,3].

Definition D.1. A real (complex) Banach space X is a complete normed vector
space over the field of scalars R (or C) such that the following axioms for the norm
are satisfied:

(@) ||x|| = 0 if and only if x = 0.

(b) [|ox|| = |ot]||x]|, for all @ € R(C), x € X.

©) [lx+ [ < llxll +[Iyl], forall x,y € X.

If X is a Banach space and M is a closed subspace of X we define the quotient
space

XvéX/M:{x:x:x+M}.

Thus, X is the set of all affine subspaces parallel to M. It is clearly a linear space,
and is, in fact, a Banach space under the norm

= inf = inf ||x —m| = di M).
] = inf ] = inf Jlx—mi| = dist (x,M)

Definition D.2. A real (complex) Hilbert space H is a Banach space the norm of
which is defined by an inner product (-, -) which is linear in the first slot and conju-
gate linear in the second. In order to emphasise the space H we sometimes write the
inner product as (-, ).

The structure theory of Hilbert spaces is based on the parallelogram law and the
projection onto closed convex subspaces which are described by the following two
lemmas.
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Lemma D.1. In any Hilbert space H we have
e+ 11+ [l =y = 211>+ 21y [,
forallx,y € H.

Lemma D.2. If A is a closed and convex subset of a Hilbert space H, then there
exists a unique vector x € A such that

[x—hll < lly—nhll, forallyeA.
Definition D.3. Two subsets S;,S, of H are orthogonal (written S 1 S») if
(h1,h2) =0
forallh; €S, i=1,2.

Lemma D.3. If E C H is closed, then every element h € H has a unique represen-
tation as h = hy + hy where hy € E and hy L E.

Definition D.4. A set of vectors {e;}ic; C H if orthonormal if
(eirej) = Oijs

for all i, j € I. The set {e; }ics is @ maximal orthonormal family if it is not a proper
subset of another orthonormal set.

Definition D.5. Let S be any subset of a Hilbert space H. We define span(S) to
be the smallest closed subspace of H containing S. It is clearly the closure of the set
of all finite linear combinations of elements of S.

Every Hilbert space contains a maximal orthonormal family {e; };c; such that
H= span({ei}iel).

Such a family is called an (orthonormal) basis of H and if the index set [ is count-
able, we say that H is separable. Most Hilbert spaces which appear in applications
are separable.

Theorem D.1. If H is a separable Hilbert space and {e;}ic; is a basis,then we have
(a) K, |(x,ei) > < ||x||% for all x € H and k = 1, cdots, .
(b) x =7 |{x,ei)|e; and

Ix[? =[x ei) 2.
i=1

The inequality in (a) is called Bessel’s inequality and the second equality in (b) is
called Parseval’s relation.
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Definition D.6. Let X be a (real or complex) Banach space. The dual space X* of X
is the linear space of all continuous linear forms on X, i.e. linear maps x* : X — R
(or C). X* is a Banach space under the norm

¥l = sup [, 0]
=1

Definition D.7. The Banach space X is reflexive if the map
J:X - X"

defined by
(I (x),x") = (", x)

is onto X**, where (x*,x) = x*(x).

Lemma D.4. [f H is a Hilbert space and h* € H*, then there exists a unique element
h € H such that
(h*,x) = (x,h)

forallh € H, and ||h*|| = ||k]|.
Two of the main classical results of functional analysis are the following.

Theorem D.2. (Hahn-Banach) Let M be a proper closed subspace of a Banach
space X. If m* € M is a linear form defined on M then it can be extended to a
linear form x* € X* such that || x*|| = ||m*||.

Theorem D.3. (Banach-Steinhaus) Suppose that {x} : i € I} is an indexed collec-
tion of linear forms such that the set

{xi,x): iel}
is bounded for each x € X, then the set

{llxll: iel}
is bounded.

Another result useful in the theory of partial differential equations is

Lemma D.5. Let B be a continuous function (with values in the field of scalars) on
a Hilbert space H x H which is linear in the first variable and complex-linear in the
second. Suppose that

|B(x,y) > ml|x||%, forall xe H
for some m > 0. Then if f € H*, there exists a unique h € H such that

f(x) =B(x,h), forallx e H.
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D.2 Examples

In this section we present three examples of Banach and Hilbert spaces which occur
frequently in systems theory.

Example D.1. Let Q C R”" be an open and bounded set and let C¥(€2) (k a non-
negative integer) be the set of all real or complex-valued functions on £2 whose
partial derivatives to order k exist and are uniformly continuous on 2. We define a
norm on C¥(Q) by

I£1le = sup [fup(B/BX)”f(X)] , fech(Q)

Ip|<k LxeQ
where p e N, |p| = p1+ -+ p, and
(d/dx)P = (d/dx1)Pt---(d/dxn)P.

It can be shown that C¥(Q) is a Banach space which is not a Hilbert space. We also
write
c(Q)=CQ)

and
C(Q) = NP, CH Q).

Example D.2. Let 2 be an open set in R” with smooth boundary (i.e. it is a smooth
(n— 1)- dimensional manifold. We define the spaces L”(€Q) for all real numbers
p > 1 to be the space of all Lebesgue measurable (real or complex valued) functions
defined on €2 such that

1/p
I fllzr () 2 (/f(x)|1’dx> < oo

if 0 < p < o, and
A
1fll=(@) = ess sup weqlf(x)] <o

It can be shown that each space LP(£2) is a Banach space for 1 < p < co. Moreover,
L?(Q) is a Hilbert space for the inner product

<f,g>L2(g)=/Qf(x)g(x)dx.
Example D.3.

Let £7, 1 < p < co be the space of all (real or complex) sequences x = (x;)i=1,2,...
such that the following norms are finite:

oo 1/p
A
Ixller = { X 12l
i=1
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if p < oo and
A
[[x]l= = sup |xi.
1<i<oo

The linear spaces ¢7 are again Banach spaces and ¢2 is a Hilbert space. In fact, any
separable Hilbert space H is isomorphic to £2, so that in some sense this is a ‘uni-
versal’ separable Hilbert space. This can be seen easily be choosing an orthonormal
basis for H.

We have seen the map J above which is an isometric isomorphism between a
Banach space and its second dual. Lemma D.1.4 also shows that there is a map
Jju : H— H* which is also an isometric isomorphism between H and H*. Note,
however, that while J is functorial (i.e. is a natural map, independent of any specific
coordinates), jg is not. To see the effect of this, let H be a (separable) Hilbert space
and let V be a dense subspace of H such that the injection

iy:VCH
is continuous. This means that there is a constant ¢ such that
12llg < c||h|lv, forall h e V.
Thus we have a sequence of injections
vEne 'y

The map iy= o jy oiy is different from the map jy .

D.3 Theory of Operators

A linear operator A between Banach spaces X and Y with domain Z(A) (which
may be different from X) is a function for which

A(ox+By) = aA(x) + BA(y)

for all real (or complex) a, 3 and all x,y € Z(A) (the latter being assumed to be a
linear subspace of X). The kernel of A is defined as the linear space

kerA={xe€ 2(A): Ax=0}.

Clearly the operator A is one-to-one if and only if ker A = {0}. The range %(A) of
A is the linear subspace of Y consisting of all images of elements of Z(A). If ker
A = {0} then we can define the inverse operator A~! : Z(A) — Z(A). If B is another
linear operator with domain Z(B) C Z(A) then we say that A is an extension of B
and write B C A, if

Bx = Ax, for all x € (B).
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If 2(A) =X and the norm
A
|A[| = sup [[A[lx

[l =1

is finite, then we say that A is a bounded (linear) operator from X to Y. The set of
all bounded linear operators from X to Y is written Z(X,Y) or #(X) in the case
where X =Y. Note that Z(X) is a Banach algebra since

[A1A2]| < [|Ar][[[Az]

for all bounded operators A1,A;.
An important result for solving many types of equations is the Neumann series:

Theorem D.4. [f X is a Banach space and A € A (X) satisfies ||A|| < 1, then (I —A)
is invertible, (I — A)~' € B(X) and it is given by

(I—A)'=T+A+A%+-..

where the convergence is in the uniform topology of #(X).

An important class of bounded operators is the class of projections. An operator
P € #(X) is a projection operator with range Z(P) if it satisfies P> = P. In the
Hilbert space case, projections onto a closed subspace are particularly important,
since we have

H=Ma&M"

for any Hilbert space H and closed subspace M. Here M~ is the orthogonal com-
plement of M given by
M* ={hecH: (hm)=0forallme M}.
Of course, the map
Py(h) =m, h=m+m"

where m € M and m € M is a projection operator with
[P < 1.

The notion of transpose of a matrix can be generalised to operators in the following
way. If A € $(X,Y) for two Banach spaces X,Y, let y* € Y*. Then we define the
linear form x* by
(@ x)xex = (0, Ax)yy
and if we put
X* :A*y*

then A* € B(Y*,X*) and ||A*|| = ||A||. A* is called the transpose or dual of A. In the
case where X and Y are Hilbert spaces we can identify X* with X and Y* with Y,
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using the maps jy, jy defined above. Then the dual operator is called the adjoint
and. However, it is usually defined by j;lA* Jv, i.e. by the identity

<A*h1,/’l2>x = </’11,A/12>y7 /’l] EY, /’l2 eX.

Bounded operators form the most convenient class of operators and of those, clearly
(finite) matrices are the simplest, for which the Jordan decomposition gives a com-
plete structure theory, as seen in Appendix A. The next most amenable class consists
of compact operators which are bounded operators belonging to Z(X,Y) which
have the property that any bounded subset of X is mapped to a relatively compact
subset of Y. The class of compact operators is denoted by .# (X,Y ). There is a com-
plete spectral theory for these operators. If an operator is not bounded, such as the
operator

d

dx

defined on a dense subspace of C[0, 1] then it may have the following useful prop-
erty.

A=

Definition D.8. A linear operator A : Z(A) C (X) — Y is said to be closed if its
graph is closed, i.e. if x, — x and Ax, — y then x € Z(A) and y = Ax. It is closable
ifx, € Z(A) and x, — 0, Ax, — y imply that y = 0. We denote the class of closed
operators by %' (X,Y).

If an operator A : 2(A) C X — Y has dense domain, i.e. 2(A) = X then we can
define the dual of A by

<y’Ax> = <A*y’x>7 X € @(A)7 S Q(A*)v

such that Z(A*) = Y*. If A is closable and has dense domain, then A** = (A*)* is
the closure of A.

D.4 Spectral Theory
Let X be a complex Banach space and suppose that A is an operator with domain
and range in X. For a complex number A € C, the operator (A/ —A) may or may

not be invertible.

Definition D.9. The resolvent set p(A) of the operator A is the set of all A € C
such that the inverse of (A — A) exists and is bounded, i.e. (Al —A)~! € B(X).

Definition D.10. The spectrum of A, denoted by o (A) is the complement of the
resolvent set, i.e. 6(A) =C\ p(A).
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The spectrum of A consists of three disjoint subsets:

op(A) = {A € o(A): (AI—A)isnot1-1}
oc(A) = {Aec(A): (AI-A)' =X}
or(A) = {Aec(A): (AI—A)1 £X}

called, respectively, the point spectrum, the continuous spectrum and the residual
spectrum.
For A € 0(A) we write

R(AA) = (AI—A)!
and we call R the resolvent operator of A. It satisfies the resolvent equation
R(A:A) ~ R(1:A) = (1 — MR(A:A)R(:A)

forall ,u € p(A). The resolvent operator R(A;A) is analytic on p(A) and it can be
used with a generalisation of the Cauchy integral to define a functional calculus for
operators and to obtain spectral decompositions. Consider first the case of bounded
operators A € %(X). For such an operator, let f be any function which is analytic
in a neighbourhood U of 6(A) such that U is open and has boundary dU consisting
of a finite number of oriented rectifiable Jordan curves. Then we define the operator
f(A) by |
A=, Ly

Note that f(A) depends only on f and A and not on the choice of neighbourhood U.
If f and g are analytic on a neighbourhood of 6(A), then so is their product f - g and
we have

F(A)R(A;A)dA.

(f-8)(A) = f(A)g(A).

From this we can obtain the spectral mapping theorem:

for all functions analytic on a neighbourhood of 6(A). We define a spectral subset
of A to be an open and closed subset of 6(A). Then the characteristic function of a
spectral set o defined by

1 ifAeo
e(“:{o i1 eo(4)\o

can be extended to an analytic function on a neighbourhood of 6 (A) since a spectral
set is open and closed in 6(A). Hence we can define the operator

E(0;A) = e(A).
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Clearly, E(0;A) is a projection operator and if we define

X = E(0;A)X
As = Alx,
then we have
AXs C Xo
6(Ag) =0

and, for any function f analytic on a neighbourhood of 6(A),

Hence, if 6(A) consists of a finite number of spectral subsets oy, - -, 0, then we
have

E(0;A)* =E(0i;A), E(0;A)E(Gj;A) =0, ifi# j
and we obtain a decomposition of the identity

n
1= ZE(GI’A)’ X = EB?:IXG,"
i=1

Theorem D.5. Suppose A € # (X). Then the spectrum of A is countable and has
no accumulation point apart from 0. Every point A € 6(A) is in the point spectrum
and the eigenspace

E(A;A) = {x: (A—ADK =0, for some k >0}
is finite-dimensional.

To apply the theory in the more general case of closed operators, we take a closed
operator A and consider the homeomorphism ¢ : CU {eo} — C U {eo} defined for
any o € p(A) by

pA)=(A-a) !, A#a

and
¢(2) =0, @(a)=-co.
Then the operator A’ = —R(a;A) is bounded and
¢(o(A)U{e}) = o(A')

and ¢@ maps functions analytic on the spectrum of A to functions analytic on the
spectrum of A’. Hence, if f is analytic on the spectrum of A, we can define

f(A4) = fo~1(A").
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It follows that |
) =g+, [ FORGA)IA

where I" consists of a finite number of Jordan curves containing 6(A). Moreover,
we have the spectral mapping theorem

o(f(A)) = f(o(A)U{=}).

From this we can get the spectral theory of closed self-adjoint operators on Hilbert
space with compact resolvent.

Theorem D.6. If A is a closed self-adjoint operator (i.e. A* = A) on a Hilbert space
H and R(A;A) is compact (for some and hence all A € p(A)), then the spectrum
of A consists of just eigenvalues A; with finite multiplicities such that |A;| — oo as
i — oo. Moreover, there is an orthonormal set of eigenvectors @; such that, for any
xX€H,

=

x= 205000, Ax=Y Li{x,0;)¢i
P i=1

and

> ]
R(A;A)x = (x, @) @i
Zo

Jor A € p(A). (Note that we count the eigenvalues with multiplicity.)

D.5 Distribution Theory

In many types of linear and nonlinear partial differential equations it is necessary to
consider non-classical (i.e. non-differentiable) solutions, which requires the theory
of distributions. Here we shall give a brief outline of the theory; more details can be
found in [4], [5].

Definition D.11. A topological vector space E (over the field F =R or C) is a
vector space over F together with a topology which is compatible with the vector
space structure, i.e. the maps

(a) (x,y) — x+yfrom E X E into E

(b) (A,x) — Ax from F x E into E
are continuous.

Definition D.12. A filter § on a set X is a collection of subsets of X such that:
(@)IfACXandADBeF, thenA €§.
(b) 0 does not belong to §.
(c)IfA,BcF, thenANBE 3.

A basis of a filter § is a non-empty sub-collection B C § such that if A,B € ‘B
then there exists C C AN B with C € B.



D.5 Distribution Theory 281

Definition D.13. A subset A of a topological vector space E is called absorbing if
for any x € E there exists an ¢ > 0 such that

x€ AA, forall A € F such that [A]| > o.

Definition D.14. A subset A of a topological vector space E is called balanced if

AA CA, forall L € F such that 1| < 1.

Definition D.15. A basis for the filter of neighbourhoods of a point x in a topological
vector space is called a fundamental systems of neighbourhoods of x.

Since the translation map y — y+ x is a homeomorphism, the topology of a topo-
logical vector space is determined entirely by a fundamental systems of neighbour-
hoods of 0.

Definition D.16. A locally convex topological vector space is a topological vector
space with a fundamental system of convex neighbourhoods.
The basic result of topological vector spaces is the following:

Theorem D.7. Let E be a vector space and N a collection of absorbing, balanced
and convex subsets of E. If we define

N = {ﬂf’zl(/l,-V,-) A > 0, Vie ‘ﬁ}

then N is a fundamental systems of neighbourhoods of zero for a unique locally
convex topology on E. Moreover, an equivalent fundamental system (in the sense
that it generates the same topology) is given by

N' ={AV: A >0, V=n U for some U; € N}.

We can also define locally convex spaces by means of seminorms.

Definition D.17. A seminorm on a vector space E is amap g : E — R™ such that
(a) g(Ax) =|A|g(x), forall A € F and x € E.
(b) g(x+y) < q(x)+qg(y), forall x,y € E.

If g is a seminorm, then the set
V={x: g(x)<1}

is balanced, absorbing and convex and so, from Theorem D.7, if (¢;); € I is a family
of seminorms, then the sets

Vi ime ={x1 qi(x) <eforl <k <n}, irel
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constitute a fundamental systems of neighbourhoods of 0 for a locally convex space.
Conversely, any locally convex space can be defined by the set of all continuous
seminorms. Hence, if E and F are locally convex spaces defined by families of
seminorms {p;}ic; and {g;} jes, then a linear map f : E — F is continuous if and
only if for any g, there exists a corresponding p; and some M such that

q;j(f(x)) <Mpi(x), forallx € E.

We next present some examples of locally convex spaces which are the most impor-
tant in distribution theory.

Example D.4. Let €2 be an open subset of R”. If K C €2 is compact, let Z(K ) denote
the space of functions in (a neighbourhood) of K and whose derivatives of all orders
exists and are continuous and which vanish outside K. We topologise Z(K) as the
locally convex space defined by the seminorms

9jx(f) = max|(9/9x) f(x)|, forall j € N".

Then define
2(Q2)=UxZ(K)

where the union is over all compact subsets of Q. We give Z(Q) the finest locally
convex topology for which the inclusion maps

D(K) — D(Q)

are all continuous. We call Z(£2) the space of all infinitely differentiable functions
with compact support on Q.

Example D.5. £(Q) denotes the space of functions which are infinitely differen-
tiable, but with not restriction on their supports, together with the same seminorms
as in Example D .4.

Example D.6. The space of rapidly decreasing functions is useful in defining the
Fourier transforms of distributions. A function f € &(R") is rapidly decreasing if,
forany j € N, k € Z and € > 0, there exists p > 0 such that

[(1+ [1x[1%)(9/9x)! fx)] < e.

Then . denotes the space of all rapidly decreasing functions with the system of
seminorms

qr,j(f) = max|(1 + lelI)(9/9x)7 f (x)].
Then .7 is a locally convex space and we have the continuous inclusions
72(Q)C&(Q), 2R") C¥ CERY

where each space is dense in the next.
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There are a variety of different topologies possible on a given topological vector
space E. The weak topologies have many useful properties which the stronger ones
do not have. For example, bounded sets are often relatively compact in a weak topol-
ogy. To define these topologies, consider the duality (-, -}z g+ between E and its dual
space E* and consider the two systems of seminorms

gy 1 x = (")

and

qx:y" = [(xy7)].
Then g+ is a seminorm on E for each y* € E* and g, is a seminorm on E* for
each x € E. Then the systems of seminorms {gy« : y* € E*} and {g. : x € E} de-
fine locally convex topologies on E and E* called the weak and weak™® topologies,
respectively. They are often denoted by o(E,E*) and o(E™*,E). Note that we can-
not use sequences in these spaces to determine conditions such as compactness -
we require directed sets. However, we can say that a sequence {x,} C E converges
weakly to x if and only if

liy{ll(xn,x*> = (x,x")

for all x* € E* (with a similar condition for weak™ convergence in E*). Also, it can
be shown that the unit sphere in a Hilbert space H is compact in the weak topology
(not, of course, in the norm topology, unless H is finite-dimensional).

Definition D.18. The dual space of 2(£2), denoted by 2'(€) is called the space
of distributions on Q. The space &'(Q) is the space of distributions with compact
support in £ and . is the space of tempered distributions.

Using the spaces of distributions, defined as dual spaces of function spaces, we
can use the duality and transposition (essentially generalized integration by parts)
to define operations such as differentiation, Fourier transform, etc. on distributions
in terms of their counterparts on the spaces of well-behaved functions 2(Q), £(£2)
and .. For example, to define differentiation, let T € 2'(Q) and let p € N" with
|p| = p1+---+ pn. Then we define the derivative (9 /dx)P of T to be the distribution
given by
((0/0x)T,0) = (~1)PI(T, (3 /9x)" )

for all ¢ € 2(Q). (The duality here is, of course, between 2’'(2) and 2(£2).) In a
similar way, we can define the Fourier transform F T of the distribution T by

(FT.9) = (T.79)

for all ¢ € .. This time, the duality is between .’ and .. The function ¢ used in
both these definitions is often called a test function.

Example D.7. The Dirac delta function d is actually a distribution defined by

(6,0) = 0(0),
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for any @ € Z(R"). Its derivative is given by
((9/9x)78,9) = (—1)"((9/9x)79)(0),
for all p € Z(R").

Example D.8. The Heaviside step function

1if x>0
U<x)_{0 if x<0

is, of course, not differentiable in the normal sense at 0. However, the associated
distribution (which we also denote U) given by

Ulo)= [ UWewdx= | p(xdx
belongs to 2’(IR). Then we have

((9/dx)U, ) = —=(U,d9/dx) = ¢(0) = (8, ¢)

and so

(9/9x)U = 8.

Example D.9. If f: 2 — R is any locally integrable function, then the associated
linear functional f : 2(Q) — R given by

fl9)=r.0)= [ fx)p(x)ax

is a distribution. In particular, if 1(x) = 1, for all x € R”, then

{Lo)= |  eWdx.

Hence we can calculate the Fourier transform of the delta function by

(78.9) = (6.79) = [ p(erp(-2ni(x.£))dx

= | @)dx={(1,9)
¢=0 R
ie.

Fo=1.

The next result is very useful in writing certain linear operators on function
spaces in terms of the kernels of integrals. It is known as Schwartz’ kernel
theorem.

Theorem D.8. Let X C R™ and Y C R" be open sets. Then the product X XY C
R™" is also open and we have the isomorphism



D.6 Sobolev Spaces 285

P'(X xY) = L(2(Y); 7' (X))

i.e. the space of distributions on X X Y is isomorphic (as a topological vector space)
to the space of continuous linear maps from (Y ) into 7'(X).

Thus if we have a continuous linear map L: 2(Y) — 2’(X), then we can associate
with it a distribution K € 2'(X x Y), such that

(K,oy) = (Ly, )
for all test functions @ € Z(X), v € Z(Y), where

oy : (x,y) €eR™ — o(x)y(y).

This is often written in the form
Ly)( = [Kyw)d.
Since we can regard L>(X x Y) as a subspace of 2'(X x Y), we have
LX(X xY) 2 oy (LX), LA(Y))

where #y(L*(X),L*(Y)) is the space of compact nuclear operators from L? (X) into
L2(Y)), i.e. operators of the form

Nf = Mlf, fi)gx
k
where {fi},({gx}) is a basis of L*>(X) (L*(Y)) and Y| A¢| < . Then we can write

(NNO) = [ Ny)f(dx

where f € L?>(X) and N(x,y) € L*(X x Y).

D.6 Sobolev Spaces

Sobolev spaces are important in the theory of partial differential equations and we
shall give a brief outline of them here. For more details see [6]. Note that

2(Q) CLP(Q) C 7'(Q)

for 1 < p < oo and so we can talk about distributions in L? ().
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Definition D.19. Define the space
HP™(Q) ={f € 7'(Q): (9/0x)*f € L7(Q), |of <m}

together with the norm

I/p
”f”p,m:{ > /Ql(a/3X)“f(X)l”} :

o[ <m

It can be shown that H”"(£2) is a Banach space and that H>"(£2) is a Hilbert space
with the inner product

Fglom= Y, [ (0/00%)(2/2x)%g(w)dx.

|O(\§m

We denote by H™ () (1 < p, < eo,m > 1) the closure of Z(£2) in H"™(£2) and
we put
HP Q) = (H ™ (2))"

where p’ = p/(p— 1), for 1 < p < . Then it can be shown that

H'™Q)={f€7(Q): f= Y (3/00)%a, s €L’(Q)}.

|O(\§m

Note that if Q = R" then H]"™ () = H""(£2). We can then define H* for arbitrary
real s.

Definition D.20. For any s € R we define the space

H ={fe 7' ®): (1+EP) ] e PR")}
where fdenotes the Fourier transform of f.
Example D.10. The Dirac delta function & is in H—"/>¢ for any £ > 0.

We mention, finally, the Sobolev embedding theorem which is useful for proving
regularity theorems for partial differential equations.

Theorem D.9. Suppose that 2 CR" is an open bounded set with sufficiently smooth
boundary (although this condition can be relaxed). Then:

(a) if m < k—n/p, we have HP(Q) C C™(Q)

(b)if1/q>1/p—k/nwithl <p<eo 1<g<oo k>1
then we have the embedding

H*P(Q) C L1(Q)

which is compact if p,q < oo.
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D.7 Partial Differential Equations

A linear partial differential operator of order m is an expression of the form

= 2 ag(x)D* = i { z aar-un(x)D‘]xl "'Dg’l}

ot <m k=0 Lo+ +op=k

where D; = d/dx;, oo € N" and a4 (x) is defined in a bounded open set 2 € R”. The
highest order term
z aq(x)D*

|ot|=m
is called the principal part and in a sense dominates the operator. We associate with
it the polynomial
pn(&x)= Y, aa(x)E”.
|ot|=m

If pu(&,x) # 0 for all non-zero & € R" and each fixed x, then we say that the dif-
ferential operator L is elliptic (at x). If the coefficients a, are real then m must be
even and so if we put m = 2¢g we say that the operator is (uniformly) strongly elliptic
in Q if

(—1)4R(pag(E,x)) > c|E[*, forall x € Q

for some constant ¢ > 0.
If the coefficients ay, are sufficiently differentiable, we can write the operator L
in ‘divergence form’

Lu= Y (~1)PIDP(aPY(x)D7u)
0<[Bl|7I<q

and so, integrating by parts, we define the bi-linear form B by

(vLuy» =Bvu)= Y (=D)PIDPv aP7(x)D"u),»
0<|Bl.71<q

forall u,v € 2(Q).

In order to prove the existence of solutions to elliptic partial differential equa-
tions, we can use Lemma D.4 in conjunction with Garding’s inequality given in the
next result.

Lemma D.6. If L is a strongly elliptic operator in €2 such that the coefficients aPv
are bounded in €2 and satisfy the inequality

aP7(x) = P (v)| < f(lx =), for x,y € Q2 and |B| = |y = 4,

where f(t) — 0" ast — 0T, then we have the inequality
R(B(u,u) > c1||ull3,, — callull3 o, for all u € Hy"(Q)

for some constants c¢; > 0 and c;.
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Now consider the typical Dirichlet problem for an elliptic operator L: this is to solve
the equations

g(/’;:gj ondQ,0<j<m—1

{ Lu=f inQ

for some functions f,g;, where v is the (outward pointing) normal to dQ. By mod-
ifying u we can show that, if each g; € C*"(9), then it is equivalent to studying
the problem

{Lu:f fel}(Q)

94=0 ondQ, 0<j<m-1"

By a solution of this system we mean an element « of Hg "(£2) such that

B((P,l/t) = <(P7f>L2
for all ¢ € Z(£2). We have

Theorem D.10. If L satisfies the conditions of Lemma D.6, then there exists a con-
stant ¢ such that, for all ¢ > c;, the Dirichlet problem for the operator L+ ¢ has a
unique solution for any f € L*(Q).

Proof. Consider the bi-linear form
By(u,v) = B(u,v) +c{u,v) 20
for all u,v, e Hg " (€2). Since L is associated with B, we have, by Garding’s inequal-

ity,
2 2
RB(u,u) = cilullz,, —callullzq)

for some constants ¢; > 0, c;. Hence,
RB1 (u,u) > e |[ull3,,
if ¢ > ¢;. Of course, Bj is associated with L + ¢. Now the linear form
¢ = (9. F)z(0) ¢ €H"(Q)
is continuous on Hy ™" (€2) and so by Lemma D.4 there exists u € H, " (€2) such that
B(o,u) = (@, f)2

holds, for each @ € Hy™"(£2). O
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The following abbreviations are usually used for the Sobolev spaces:
HN(Q) = Hy"(Q), H™(Q) = H*"(Q).
Now define a linear operator A with domain Z(A) = H>"(Q) ﬁHg Q) by
(Au)(x) = Lu(x), ue 2(A)

where L is the above partial differential operator. Then we have

Theorem D.11. Let Q be a bounded domain in R" with sufficiently smooth bound-
ary and let L be strongly elliptic in Q, with coefficients aq € C/(Q), where
Jj = max(0, || — m). Then the operator A associated with L as defined above is
a closed operator defined in L*(Q) with domain 9(A) = H*"(Q) ﬂHg’m(Q). Also,
the resolvent (A1 —A)~! : L2(Q) — L*(Q) exists for all A € C belonging to the
sector

1
{A: ST < arg (A+k)< ;ﬂ?,forsomek>0}

and we have
C

—1
(A1 =A) " 2u2(0)) < A|+1

Jfor some C > 0.

D.8 Semigroup Theory

When we try to solve parabolic problems such as that defined by the heat conduction
equation
Ip _ %

ot ox?

we can try to write the equation as an ordinary differential equation of the form
X =Ax

where A is an operator defined on some Hilbert space. The main problem is that
A is usually not bounded and so we cannot define the operator exp(Az) as in the
finite-dimensional case. However, we can define, in many cases, an operator which
has similar properties to the exponential. It is called a semigroup of operators and
we outline the main ideas next. We shall state the main results without proof since
they can be found in many standard texts (e.g. [7]).

Definition D.21. A (strongly continuous) semigroup of operators on a Banach space
X is an operator-valued function 7 : Rt — 2(X) such that:

(@) T(0) =1.

O T(+0n)=T(t)+T(n)

(c) lim, o T(¢t)x =x, forall x € X, i.e. T is strongly continuous at r = 0.
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Definition D.22. If T'(¢) is a strongly continuous semigroup of operators on a Ba-
nach space X then the limit

T —
Ax2 lim { (1) x}, forx € Z(A)
t—0+ 1

is called the infinitesimal generator of T (t).

It can be shown that A is a closed operator with dense domain in X. We have

Theorem D.12. If T'(¢) is a strongly continuous semigroup of operators on a Banach
space X with generator A, then

(a)T(t): 2(A) — Z(A)

(b) & (T(t)x) = A"T (t)x =T (t)A"x, for all x € Z(A") and t > 0.

Moreover we have similar boundedness properties to the finite-dimensional case.

Theorem D.13. Let T (t) be a strongly continuous semigroup of operators on a Ba-
nach space X. Then:

(a) |T(2)] is locally bounded on [0,).

(b) T (1) is strongly continuous in t.

(¢) @y = infi-q | log | T(1)]| = lim;.. ; log || 7(1)]] < .

(d) for all ® > wy there exists M(= M(®)) such that ||T(t)|| < Me® ,t > 0.

The resolvent operator of the generator of a semigroup has a simple representation.
In fact, if R(s) > o where ||T(1)]| < Me® thens € p(A) and

R(s;A)x = / e T (t)xdt, forall x € X.
0

The next result (the Hille-Yosida theorem) characterises the generators of semi-

groups.

Theorem D.14. In order that a closed linear operator A with dense domain in a
Banach space X generates a strongly continuous semigroup, it is necessary and
sufficient that there exist real numbers M, ® such that, for all real 6 > ®, 6 € p(A)
and

IR(c;A)"| <M(c—w)™, m>1.

Then we have
1T ()] < Me®.

We have seen above that, for any semigroup 7'(¢), we have T(r) : Z(A) — Z(A).
This means that we only obtain a solution of the equation

x=Ax, x(0)=x
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for xo € Z(A). There is an important class of semigroups, namely the analytic ones,
for which we have T(t) : X — Z(A), i.e. the semigroup has a smoothing property
on the initial data. Many parabolic systems have this property.

Definition D.23. Let A be a closed operator defined on a Banach space with
Z(A) =X, such that for some ¢ € (0,7/2) we have:
A
(@) Sprrp={A€C: |argA|<@+m/2} Cp(A)
() [|R(A:A)]| < ‘gl ifA€Sp, A #0

where C is a constant independent of A. Then A is called a sectorial operator.

Theorem D.15. If A is a sectorial operator, then A generates a strongly continuous
semigroup T (t) such that
(a) T (t) can be analytically continued into the sector

Sp={t€C: |argt| <@, 1#0}
(b) AT (t) and dT (t)/dt are bounded for eacht € Sy and

dT (1)

o " = AT (t)x, forallx € X

(c) for any € € (0, ), there exists C' (=C'(g)) such that

/

IT()) <, J1aT()]| < ©

< ‘t‘7fort€S(,,_8.

In many parabolic systems, we require fractional powers of operators. These are de-
fined in the following way:

Definition D.24. If A is a sectorial operator which generates a strongly continuous
semigroup 7' (7) and Ro(A) < 0, then for @ > 0 we define

S B
A _F(a)/ot 'T(t)dr

and if o > 0 we put

Then A% has the properties
(a) A% is closed and densely defined if o > 0.
(b) If & > B, then Z(A%) C 2(AP).
(c) A%AP = ABA® = A%+B on P(AY) where y = max(a., B, 0.+ ).
The importance of the semigroup approach is that, given an inhomogeneous system

x(t) =Ax(t)+ f(1), x(0)=x0 € X
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then the solution is given by

X(t) = T(t)xo + /0 "T(t—5)f(s)ds

for many types of functions such as locally Lipschitz ones.

D.9 The Contraction Mapping and Implicit Function Theorems

We finish this appendix by stating the contraction mapping theorem and using it to
give a simple proof of the implicit function theorem on Banach spaces.

Theorem D.16. (Banach) If (M,d) is a complete metric space and f: M — M is a
contraction mapping, so that there exists [t < 1 such that

d(f(x),f(v)) < ud(x,y), forall x,y € M,

then there exists a unique fixed point a of f in M, i.e.
fla)=a.

The implicit function theorem for Banach spaces can now be stated in the following
way.

Theorem D.17. Let X,Y and Z be Banach spaces and let U C X, V C Ybe open
subsets. Suppose that F : U XV — Z is a continuously differentiable (in the sense of
Fréchet) function on U x V. Let (xo,y0) € U X V and assume that F (xy,yo) = 0 and
that the partial derivative Fy(xo,y0) € B(X,Z) (it is essential that it is bounded)
and has continuous inverse.

Then there exists a neighbourhood U' x V' C U x 'V of (xo,y0) and a function
h: V' — U with h(yo) = xo such that

F(x,y) = 0 ifand only if x = h(y), for all (x,y) € U' x V'.

Moreover, h has the same level of differentiability as F.

Proof. Let A = (Fy(x0,y0))~" € %(Z,X) and define the operator
K(x,y) =x—AF(x,y).
Then K is continuously differentiable (the same number of times as F') with
K(x0,y0) = x0, Ki(x0,y0) =0

and
[Kx(x,y)]| <1

in a neighbourhood of (xg,yo), by continuity of K,. Now use the contraction map-
ping theorem. O
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